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Preface

Why This Book Had to Be Written
Every generation inherits a university shaped by the technologies of 

the one before it.
The medieval university was built around manuscripts and oral 

instruction. The Industrial Revolution gave rise to the modern research 
university. The computer transformed administration. The internet 
connected classrooms across continents. Cloud computing made 
education global. 

Each technological revolution changed not only the tools universities 
used, but also how they fulfilled their mission. Artificial intelligence (AI) 
represents the next transformation. Yet this book is not about using AI in 
higher education. It is about reimagining the university itself.

Much of today’s conversation focuses on isolated applications: AI 
tutors, automated grading, chatbots and agents, plagiarism detection, 
content generation, or research assistants. These innovations are 
important, but they are incremental improvements to an institutional 
model designed long before artificial intelligence existed.

Adding AI to a university is like adding electricity to a factory built for 
steam power. The technology helps, but it does not fundamentally 
redesign the system. An AI-native university begins with a different 
question: If we were designing a university today, knowing that artificial 
intelligence exists, what would we build?

This question changes everything. It changes how students learn, how 
faculty teach, how research is conducted, how decisions are made, how 
institutions are governed, and, overall, how universities fulfill their 
mission to society.

Being AI-native does not mean replacing professors with machines. It 
does not mean automating every decision. Nor does it mean chasing the 
latest technology trend. Instead, it means designing an institution in 
which human and artificial intelligence work together intentionally. 
Faculty become even more essential as mentors, scholars, and creators. 



10 | The AI-Native University

Students receive unprecedented levels of personalized support. 
Administrators gain intelligent partners that reduce complexity and 
improve decision-making. Researchers accelerate discovery while 
preserving academic rigor and integrity.

Throughout my career working with colleges and universities, I have 
had the privilege of witnessing both the extraordinary strengths of higher 
education and the immense challenges it faces. Institutions are being asked 
to educate more diverse learners, prepare graduates for rapidly evolving 
careers, expand access, improve outcomes, reduce costs, and innovate 
faster than ever before—all while operating under increasing financial and 
organizational pressure.

Artificial intelligence does not solve these challenges by itself. But it 
offers us the opportunity to redesign the institution in ways that were 
previously impossible.

This book proposes a blueprint for that redesign. It draws from years 
of collaboration with universities, technology leaders, faculty members, 
instructional designers, administrators, and students. It combines practical 
experience with an optimistic vision: that AI can strengthen, rather than 
diminish, the core values of higher education.

The university has endured for nearly a thousand years because it has 
continuously adapted to profound societal change. Artificial Intelligence is 
another such moment—not one to fear, but one to shape with wisdom, 
purpose, and courage.

The future of higher education will not be determined by artificial 
intelligence alone, but by the leaders who choose how to design 
institutions that use it wisely. This book is an invitation to those leaders. 
Not simply to adopt AI. But to build the AI-native university.
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C H A P T E R  1

The Next Great Transformation

"Every generation inherits the university it needs and leaves 
behind the university the next generation must reinvent"

Universities occupy a curious place in human history. Empires 
have risen and fallen. Nations have been born, divided, and 
reborn. Entire economic systems have emerged, flourished, 

and disappeared. Yet through nearly a thousand years of political upheaval, 
scientific revolution, industrialization, globalization, and technological 
change, one institution has remained remarkably resilient: the university.
 Its buildings have changed. Its disciplines have multiplied. Its 
students have become more diverse. Its methods of teaching have evolved. 
But its fundamental purpose has endured. Universities exist to cultivate 
knowledge, seek the truth, prepare citizens, advance discovery, and 
transmit civilization from one generation to the next. Few institutions can 
claim such continuity. Yet continuity should never be mistaken for 
permanence.

One of the great misconceptions about higher education is that 
universities survive by resisting change. History suggests the opposite. 
Universities have endured precisely because they have been willing—
sometimes reluctantly, often imperfectly—to reinvent themselves 
whenever society itself has been transformed.

The university that emerged in medieval Europe was not the 
university of the Enlightenment. The research institutions of the 
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nineteenth century would have been almost unrecognizable to scholars in 
Bologna or Paris. Likewise, today's global, digitally connected universities 
would appear extraordinary to the architects of the modern research 
university, little more than a century ago.

The university has always evolved. The question facing us today is not 
whether it will evolve again. The question is whether we recognize that 
another transformation has already begun.

The earliest universities emerged at a time when knowledge was 
scarce, and books were copied by hand. Libraries contained only a handful 
of manuscripts. Travel was slow, and communication was still slower. 
Learning depended almost entirely on proximity to those few individuals 
who possessed knowledge unavailable elsewhere.

The lecture format was not originally an educational preference, but a 
practical necessity. A professor would literally read aloud from a 
manuscript because few, if any, students possessed a copy of the text 
themselves. The lecture—the very word derives from the Latin lectura, "to 
read"—was born from scarcity.

Knowledge flowed in one direction: From professor to student, from 
master to apprentice, and from institution to society.

The medieval university reflected the world in which it existed. Its 
architecture, governance, curriculum, and pedagogy all emerged from a 
simple reality: knowledge was rare, precious, and difficult to reproduce. 
For centuries, this model served humanity extraordinarily well.

The next great transformation did not arrive because universities 
expanded their mission.

During the nineteenth century, inspired largely by the ideas of 
Wilhelm von Humboldt and the emerging German research university, 
higher education underwent one of the most profound changes in its 
history. Universities no longer saw themselves solely as institutions that 
preserved existing knowledge. They accepted the responsibility of creating 
new knowledge. And research became inseparable from teaching.

Laboratories joined libraries, and discovery became as important as 
instruction.

The professor ceased to be merely a transmitter of inherited wisdom 
and became an active participant in humanity's search for truth.
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This shift reshaped the identity of universities worldwide, 
strengthening them.

The twentieth century introduced another transformation: Computers 
entered universities, even long before they entered classrooms. Student 
records became digital, payroll systems were automated, libraries 
developed searchable catalogs, and email replaced interoffice mail.

Enterprise software connects finance, human resources, admissions, 
and academic administration.

The university became increasingly digital.

These changes improved efficiency, reduced administrative burden, 
and made institutions better able to serve growing numbers of students. 
Yet the educational model remained fundamentally the same, with 
professors still teaching courses organized around semesters and students 
still progressing through fixed curricula.

Departments continued operating much as they had for generations.
Technology improved the institution, but it did not fundamentally 

redesign it.
The internet would challenge that assumption. And for the first time, 

geography ceased to define the boundaries of education: Students could 
attend class from another continent.

Lectures became asynchronous, entire degree programs moved online, 
and universities reached populations they had never before been able to 
serve.

Online education represented far more than a new delivery method. It 
forced higher education to reconsider long-standing assumptions about 
access, flexibility, and the relationship between place and learning.

Even so, most online universities faithfully reproduced the structures 
of the traditional campus. Courses still followed semesters. Learning 
management systems became digital classrooms, and faculty continued 
organizing instruction in familiar ways.
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 Today, another transformation is unfolding

The printing press expanded access to knowledge. The research 
university expanded humanity's knowledge. Digital technology improved 
institutional operations, and the internet expanded educational access.

Artificial intelligence does something fundamentally different. It’s a 
technology capable of reasoning through information, generating ideas, 
synthesizing research, adapting explanations, supporting decision-
making, and collaborating with human beings across nearly every function 
of the institution.

AI is not simply another educational technology,  learning 
management system, administrative platform, or productivity tool. It’s not 
about what it automates, but about what it enables.

Universities have always organized themselves around the assumption 
that faculty can mentor only a few students. Advisors can meet with fewer 
learners, researchers can review only a limited amount of literature, and 
administrators can process only a limited number of tasks.

Artificial intelligence invites us to ask questions about institutional 
design that previous generations of university leaders never had the 
opportunity to consider.

What if every student could receive personalized guidance?
What if every professor had an intelligent research collaborator?
What if institutional knowledge never disappeared when employees 

retired?
What if administrative systems could reason instead of merely record?
What if the university itself could learn continuously from its own 

experience?
History reminds us that universities rarely change when technology 

appears: They change because society changes.
The printing press did not create universities. It transformed them. 

The laboratory did not conduct research. It accelerated it. The internet did 
not invent education; it expanded it. And artificial intelligence will follow 
the same pattern.

Its greatest impact will not come from replacing existing activities with 
faster ones but from allowing universities to imagine forms of teaching, 
learning, research, leadership, and institutional collaboration that were 
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previously impossible. It is a book about the next chapter in the long 
history of one of humanity's most remarkable institutions.

The university has reinvented itself before. And the question is: What 
kind of university do we now have the opportunity and the responsibility 
to build?
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C H A P T E R  2

Why Today's Model Is Breaking

"The greatest challenge facing higher education is not that 
universities have failed. It is that they have been remarkably 
successful in preparing students for a world that no longer 

exists"

Every generation of university leaders inherits a familiar 
responsibility. They are expected to preserve an institution older 
than their careers, their disciplines, and often the countries in 

which they serve. At the same time, they are asked to prepare students for 
an unpredictable future. 

For much of the twentieth century, that balance proved remarkably 
stable. Higher education expanded dramatically, fueled by economic 
growth, public investment, scientific discovery, and the widespread belief 
that a university education represented one of the surest paths to personal 
opportunity and civic contribution. New campuses opened. Research 
flourished. Student enrollment climbed. Entire regions transformed their 
economies around colleges and universities.

It was an extraordinary moment in history, shaped by demographic 
expansion, industrial growth, and unprecedented public confidence in 
universities. 

Many of the assumptions that guided institutional planning during 
that era such as steady enrollment growth, predictable career paths, stable 
professions, and a clear distinction between education and work are no 
longer reliable. 
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Structures built by universities to serve yesterday's world are now 
invalid.

This is why conversations about the future of higher education often 
become so polarized. One group argues that universities are broken. 
Another insists they have never been more important. Both observations 
contain elements of truth.

Universities are not broken because they have failed in their mission. 
In fact, institutions remain among humanity's greatest institutions for 
creating knowledge, educating citizens, and advancing society. 

The pressures confronting higher education come from 
interconnected signals showing that the environment surrounding the 
university has changed more rapidly than the institution itself.

 One of the most visible pressures is economic

For decades, universities have attempted to accomplish more while 
managing increasingly complex financial realities. Modern institutions are 
expected to maintain sophisticated research laboratories, advanced 
technology infrastructure, student support services, cybersecurity 
programs, compliance offices, athletic facilities, libraries, residence halls, 
and global partnerships. They are asked to invest in accessibility, mental 
health, sustainability, innovation, and workforce development while 
simultaneously controlling tuition and demonstrating measurable value.

These expectations reflect a current societal need

However, universities have produced institutions whose cost 
structures continue to grow even as many of their traditional revenue 
sources become less predictable.

Students and families understandably ask difficult questions about 
affordability and return on investment. Legislators scrutinize public 
funding. Philanthropic priorities evolve. Competition for research grants 
intensifies. Every budget cycle becomes an extremely challenging exercise.

Financial pressure is forcing university leaders to reconsider a question 
that previous generations rarely asked so directly: how can universities 
expand their impact without expanding complexity at the same pace?
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Enrollment presents a second challenge, one that is both demographic 
and cultural.

In many regions of the world, the number of traditional college-aged 
students is no longer growing as it once did. At the same time, prospective 
learners have more educational choices than at any previous moment in 
history. Universities now compete not only with one another but with 
online providers, professional certification programs, employer-
sponsored education, industry academies, and new models of lifelong 
learning.

Competition itself is not new. Universities have always competed for 
students, faculty, and resources.

 What has changed is the nature of the competition

Students increasingly evaluate institutions through the lens of 
flexibility, relevance, affordability, and personal experience. They expect 
education to adapt to their circumstances rather than requiring their lives 
to adapt entirely to institutional structures. Adult learners, working 
professionals, military veterans, international students, and career 
changers all bring different expectations to higher education. The notion 
of a single "traditional student" becomes less useful with each passing year.

This diversity should be viewed as one of higher education's greatest 
opportunities. Yet it also challenges institutions that were largely designed 
around a far more homogeneous student population.

Another pressure receives less public attention but shapes nearly every 
aspect of institutional life: Universities have become extraordinarily 
complex organizations.

Every generation has added new responsibilities without removing 
many old ones. New offices are established to address emerging needs. 
Additional regulations require additional oversight. New technologies 
require new support structures. New reporting requirements generate 
new administrative processes. Committees multiply. Policies accumulate. 
Systems expand.

Each decision makes sense on its own. But together, they create 
institutions that are increasingly difficult to navigate.



22 | The AI-Native University

Students experience this complexity when they move from one office 
to another seeking answers that should already be connected. Faculty 
encounter it when administrative responsibilities gradually consume time 
once devoted to teaching and scholarship. Staff experience it through 
duplicated processes, disconnected systems, and organizational silos that 
make collaboration unnecessarily difficult.

Complexity is accumulating quietly, year after year, until the 
institution begins spending more energy managing itself than advancing 
its mission.

Faculty have perhaps experienced this transformation more personally 
than anyone.

Most educators entered higher education because they wanted to 
teach, mentor, discover, and contribute to their disciplines. Few imagined 
that significant portions of their professional lives would be devoted to 
navigating administrative systems, documenting compliance activities, 
responding to ever-expanding communication demands, or managing 
technologies that often promise simplicity while introducing new layers of 
work.

However, modern universities require sophisticated administration 
because they serve far more students, conduct more research, and operate 
within far more complex legal and regulatory environments than ever 
before. 

The problem is not administration itself. The problem is the gradual 
displacement of the work that only faculty can do by work that almost 
anyone could do.

When professors spend less time mentoring students because they are 
occupied with repetitive administrative responsibilities, the university 
loses opportunities for intellectual relationships that have always defined 
higher education at its best.

 Students have changed as well.

Today's learners arrive on campus having grown up in a world of 
immediate access to information, personalized digital experiences, and 
continuous connectivity. They compare universities not only with other 
educational institutions but with every thoughtful digital experience they 
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encounter elsewhere in their lives. They expect communication to be 
timely, services to be coordinated, and support to be available when they 
need it rather than only when offices happen to be open.

 Students are asking universities to become more responsive to the 
realities of contemporary life. The challenge is that personalization has 
historically been expensive. Providing every student with sustained 
individual attention has always depended upon one scarce resource: 
human time.

These pressures—financial, demographic, organizational, cultural, and 
educational—point to an institution reaching the limits of a model that 
has served it well for generations. In an increasingly complex world, the 
question is whether universities can continue fulfilling that mission using 
structures designed for a different era.

This is where artificial intelligence enters the story, not as an 
existential threat or a miraculous solution, but as a catalyst to accelerate 
processes. 

AI has not caused rising costs, changed student expectations, increased 
administrative complexity, or driven demographic shifts. Those realities 
existed long before the arrival of generative AI.

 What AI changes is the range of possible responses.

For the first time, universities can begin imagining an institution 
capable of providing personalized support at scale, preserving institutional 
knowledge across generations of employees, reducing administrative 
friction without diminishing human relationships, and helping leaders 
make decisions informed by the institution's full intelligence. 

Whether those possibilities become reality depends not on the 
technology itself, but on the choices universities make.

Every great transformation in higher education has begun when 
institutions recognized that preserving their mission required changing 
their methods.

Our moment is no different. It means that before we can design the 
university of the future, we must first answer a more fundamental 
question. If the traditional model is under strain, what exactly should be 
replaced or improved?
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That is the question to which we now turn.
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C H A P T E R  3

What Is an AI-Native University?

"Every generation inherits a university shaped by the 
assumptions of the generation before it. The defining 

question for us is whether we have the imagination to design 
a university shaped by the possibilities of the next"

Every era gives rise to a particular kind of university. Historians 
often describe the medieval university, the research university, the 
land-grant university, or the online university as though they were 

distinct institutions. In reality, they represent successive chapters in the 
evolution of the same institution. Each emerged in response to profound 
changes in society. Each reflected new assumptions about knowledge, 
learning, and the role universities should play in public life. Almost none 
abandoned the university's essential mission. Each reinterpreted that 
mission for a different age.

The medieval university organized itself around the preservation of 
knowledge. The research university embraced discovery as a central 
purpose. The land-grant university expanded the institution's 
responsibility to economic and civic development. The digital and online 
university demonstrated that education could extend beyond the physical 
campus without sacrificing academic rigor.

Each transformation began with the same realization: the world had 
changed, and the university could no longer fulfill its mission using 
yesterday's assumptions.
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We now find ourselves at another such moment

Artificial intelligence is often discussed as though it were simply 
another educational technology, one more tool to be added to an already 
crowded landscape of learning management systems, collaboration 
platforms, analytics dashboards, and administrative software. That 
understanding is very limited as it encourages universities to ask how AI 
can improve existing practices rather than whether those practices 
themselves should be reconsidered.

Transformative technologies are designed to make entirely new 
institutional designs possible.

The printing press did not simply produce better manuscripts. It 
transformed the circulation of knowledge. The research laboratory did not 
merely improve teaching. It changed the university's purpose. The 
internet did not simply digitize classrooms. It redefined access to 
education. 

The significance of AI lies not in automating individual tasks but in 
transforming what universities can become.

Therefore, how should universities use artificial intelligence?
If we were founding a university today, fully aware that artificial 

intelligence exists, how would we design it?
Answers are difficult since we already keep many assumptions we 

rarely notice. More specifically, we assume that lectures must be organized 
around fixed schedules, that advising depends upon office hours, that 
administrative knowledge lives inside separate departments, that research 
is constrained by the amount of literature a scholar can personally review, 
and that personalization inevitably conflicts with institutional scale.

These assumptions have shaped universities for generations because 
they reflected practical realities.

Artificial intelligence changes those human limits.

An AI-native university is a university intentionally designed around 
the reality that intelligence—human and artificial—can now work 
together.

Many institutions today are becoming AI-enabled. They introduce 
chatbots to answer admissions questions, experiment with generative AI 
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in the classroom, automate administrative tasks, or assist faculty with 
course preparation. These initiatives may produce meaningful 
improvements, but they do not by themselves redefine the institution.

An AI-native university begins from a different premise. It assumes 
that artificial intelligence is not an external tool added to existing 
processes but a foundational institutional capability. Just as no modern 
university would design itself without electricity, computing, or the 
internet, the AI-native university does not design its teaching, research, 
operations, or governance as though artificial intelligence did not exist. 
The institution is conceived differently from the beginning.

An AI-native university is an institution intentionally designed around 
artificial intelligence as a foundational capability, integrating human 
expertise and intelligent systems across teaching, learning, research, 
operations, and leadership while remaining faithful to the enduring 
mission of higher education.

Several aspects of that definition are worth emphasizing

First, the defining characteristic is intentional design. AI-native is not 
a measure of how many intelligent systems an institution has deployed. It 
is a description of the principles upon which the institution itself is 
organized.

Second, artificial intelligence is described as a foundational capability 
rather than a replacement for human expertise. Universities exist because 
education, scholarship, and leadership are fundamentally human 
endeavors. Artificial intelligence expands those endeavors. It does not 
redefine their purpose.

Finally, the mission of the university remains unchanged. Institutions 
still educate students, advance knowledge, cultivate citizenship, and serve 
society. The transformation concerns how those purposes are fulfilled, not 
why they exist.

Every enduring institutional model rests upon a small number of 
guiding principles. These principles do not prescribe every decision. 
Rather, they provide a philosophy through which decisions are made. 

The first principle is that the institution must remain resolutely 
human-centered. Artificial intelligence exists to expand human capability, 
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not to diminish it. The faculty continues to mentor. Researchers continue 
to ask meaningful questions. Leaders continue to exercise judgment. 
Students continue to grow through challenge, curiosity, and community. 
Technology succeeds only when it enables these distinctly human 
activities to flourish.

The second principle is that intelligence should be designed into the 
institution rather than added after the fact. Historically, universities have 
adopted new technologies by adapting existing processes. The AI-native 
university begins with a different assumption. It asks how teaching, 
advising, research, administration, and governance would be designed if 
intelligent systems were available from the outset. This is not technology-
first thinking. It is design-first thinking.

A third principle recognizes that intelligence is increasingly 
collaborative. Universities have always depended upon collaboration 
among students, faculty, and staff. Artificial intelligence introduces a new 
form of collaboration. Specialized intelligent agents become partners in 
carrying out clearly defined responsibilities under human direction. Their 
purpose is not independence but cooperation.

Agents contribute speed, memory, and analytical capacity, while people 
contribute judgment, creativity, empathy, and accountability.

Personalization forms the fourth principle. One of the enduring 
limitations of higher education has been the tension between individual 
attention and institutional scale. Universities have long aspired to know 
every student personally, yet the practical realities of staffing and resources 
have often made that aspiration difficult to achieve. Artificial intelligence 
allows institutions to pursue personalization in ways that were previously 
unimaginable by expanding support.

The fifth principle concerns institutional intelligence. Universities 
have accumulated extraordinary quantities of information for decades. 
Student records, research outputs, financial systems, learning platforms, 
and administrative databases contain enormous amounts of institutional 
knowledge. Yet information alone does not produce understanding. The 
AI-native university seeks to transform information into knowledge, 
knowledge into insight, and insight into wiser decisions. Intelligence 
becomes an institutional capability rather than an individual possession.
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The sixth principle is governance. Intelligence without trust ultimately 
weakens institutions. Privacy, security, transparency, accountability, and 
ethical oversight are therefore not secondary considerations. They are 
foundational design requirements. An AI-native university cannot exist 
without public confidence in how intelligence is governed.

Finally, the institution must itself become capable of learning. 
Universities have always taught learning; they have not always practiced it 
institutionally. The AI-native university continuously reflects on its 
experience, improves its processes, and strengthens its capacity to fulfill its 
mission. It becomes not only a place where learning occurs but an 
organization that learns.

Taken together, these principles describe a new institutional 
philosophy

That philosophy does not suggest that every university will look the 
same. Just as research universities, liberal arts colleges, community 
colleges, technical institutes, and faith-based institutions each express 
higher education differently, AI-native universities will remain 
wonderfully diverse. Their missions, traditions, and cultures will continue 
to differ.

What they will share is an intentional design of an environment in 
which human intelligence and artificial intelligence work together in 
service of teaching, discovery, leadership, and the public good.

This may prove to be the most significant institutional transformation 
since the emergence of the modern research university. 

The chapters that follow explore what this means in practice. They ask 
how learning changes when every student has a mentor. How teaching 
changes when faculty are liberated from routine cognitive work. How 
research changes when discovery is augmented by intelligent systems. 
How administration changes when knowledge flows across the institution 
instead of remaining trapped within departments.

The AI-native university is not a prediction, but an invitation to 
imagine an institution designed around the possibilities of the future 
while remaining faithful to the enduring values that have defined the 
university for nearly a thousand years.
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C H A P T E R  4

Every Student Has a Personal AI Mentor

“The promise of the AI-native university becomes tangible 
not in the server room, the data center, or the president's 

office. It becomes tangible in the daily experience of a 
student”

For generations, universities have aspired to know every student 
personally. Prospectuses, strategic plans, accreditation reports, and 
commencement speeches all speak of  individualized attention, 

meaningful mentorship, and the transformation that occurs when a student 
is genuinely known by the institution. Yet every educator understands how 
difficult that aspiration has been to realize. 

As institutions grew larger and more complex, the number of students 
steadily outpaced the time faculty, advisors, and support staff could devote 
to each individual. The desire for personalized education remained 
constant, but the practical ability to provide it became increasingly 
constrained.

Universities built systems designed to support large populations while 
preserving opportunities for individual attention whenever possible. 
Advising appointments were scheduled during limited office hours. 
Tutoring centers operated according to staffing constraints. Faculty held 
office hours that often conflicted with students' work schedules or family 
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responsibilities. Student success initiatives focused their attention on 
those who appeared to need immediate intervention, knowing that many 
others would receive only occasional guidance.

This outcome emerged from a simple reality: human attention has 
always been finite.

Artificial intelligence changes that reality. It does not replace the 
faculty member, the advisor, or the tutor. It changes the amount of 
continuous support a university can provide through those human 
relationships. The result is not a university in which students interact 
primarily with machines. It is a university in which students arrive at 
every meaningful human interaction better prepared, better informed, 
and more confident than they would otherwise have been.

This distinction lies at the heart of the AI-native learning model

For centuries, the most effective form of education has been individual 
mentorship. Long before modern universities existed, learning took place 
through sustained relationships between experienced practitioners and 
developing learners. Apprentices worked alongside masters. Scholars 
studied under distinguished teachers. Young scientists joined research 
laboratories led by accomplished investigators. The relationship mattered 
because learning is not simply the acquisition of information. It is the 
gradual formation of judgment, confidence, habits of inquiry, and 
intellectual character.

Universities have always understood this. The difficulty has never been 
philosophical. It has been practical.

Imagine a professor responsible for two hundred students in a 
semester. Imagine an advisor supporting four hundred more. Imagine a 
tutoring center serving thousands of learners across dozens of disciplines. 
Even with extraordinary dedication, no institution can provide 
continuous personal guidance through human effort alone. Every 
conversation requires time. Every recommendation requires attention. 
Every relationship depends upon availability.

The AI-native university does not solve this problem by attempting to 
replace mentors with software. It solves this by surrounding every student 
with continuous academic support that bridges moments of human 
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mentorship. The personal AI mentor becomes an extension of the 
university's educational mission, not a substitute for the people who carry 
that mission forward.

To understand the significance of this shift, consider the experience of 
a first-year student during the opening weeks of the semester. The 
excitement of arriving on campus is often accompanied by uncertainty. 
New academic expectations, unfamiliar terminology, different teaching 
styles, changing social relationships, and increased personal responsibility 
combine to create one of the most significant transitions in a young 
person's life. Questions arise constantly, many of them too small to justify 
an appointment with a professor or advisor but important enough to 
influence confidence and persistence.

• How should I prepare for tomorrow's laboratory?
• I don't understand today's reading. Where should I begin?
• I received a disappointing grade. Is this normal?
• Which campus resource should I use?
• Am I falling behind?

Historically, students answered many of these questions alone. Some 
found help from classmates. Others waited until office hours. Many simply 
remained uncertain.

The AI-native university imagines a different experience

A student's mentor understands the courses in which that student is 
enrolled, the learning objectives associated with each class, previous 
conversations, demonstrated strengths, recurring misunderstandings, and 
the academic resources available throughout the institution. It remembers 
rather than begins every interaction from the beginning. It explains 
difficult concepts in different ways until understanding begins to emerge. 
It encourages students to ask better questions rather than merely 
supplying answers. Most importantly, it knows when the conversation 
should move beyond artificial intelligence and into a human relationship.

That final responsibility is perhaps the most important.
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A good mentor understands the limits of mentorship. Sometimes the 
appropriate response is not another explanation but an introduction: to a 
faculty member, an advisor, a librarian, a writing specialist, a counselor, or 
another student. The purpose of the AI mentor is not to become 
indispensable. Its purpose is to connect students more effectively with the 
university's human community.

In this sense, the mentor becomes less like a search engine and more 
like an experienced guide. It knows the institution, understands the 
learner, and helps the two find one another.

Personalized tutoring represents another profound consequence of 
this model. Students rarely struggle in identical ways. One student may 
understand a concept immediately after seeing a visual explanation. 
Another may require a practical example. A third may benefit from a 
historical analogy or a slower, more methodical progression through the 
material. Traditional classrooms have always attempted to accommodate 
these differences, but necessarily within the constraints of time and shared 
instruction.

An AI mentor can adapt continuously without altering the academic 
expectations established by the faculty member. The learning objectives 
remain the same. The path toward those objectives becomes more 
responsive. Students receive additional practice where needed, more 
challenging material when appropriate, and explanations suited to their 
own learning styles. Personalization is no longer reserved for a fortunate 
few. It becomes an institutional capability.

Equally important is the role such mentors can play in expanding 
educational accessibility. Universities have invested for decades in making 
education more accessible to students with diverse backgrounds, 
languages, and abilities. Artificial intelligence extends that commitment by 
allowing instructional materials to be presented in multiple forms while 
preserving academic rigor. Complex passages may be explained in simpler 
language without changing their meaning. Content may be translated, 
reorganized, summarized, or presented through alternative examples that 
make learning more approachable.

Education does not occur only during scheduled classes. 
Understanding develops gradually through reflection, practice, failure, 
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revision, conversation, and persistence. Students often need 
encouragement as much as explanation. They need to be reminded that 
confusion is a normal part of learning, that progress is rarely linear, and 
that difficult ideas often become meaningful only after sustained effort.

The AI-native university cannot guarantee that every student will 
succeed. No university can. What it can do is ensure that no student must 
navigate the journey entirely alone.

This understanding also changes the relationship between students 
and faculty. Some critics worry that widespread AI mentoring will 
diminish the importance of professors. The opposite is more likely. When 
students arrive better prepared, faculty spend less time repeating 
introductory explanations and more time engaging in the conversations 
that only experienced educators can lead. Office hours become 
opportunities for intellectual exploration rather than emergency 
remediation. Classroom discussion becomes richer because foundational 
questions have already been addressed. The presence of continuous 
support outside the classroom makes the time inside the classroom more 
valuable.

The best mentors, whether human or artificial, gradually make 
themselves less necessary. They help learners develop the confidence, 
habits, and intellectual discipline to think for themselves. In that respect, 
the AI mentor shares the same ultimate purpose as every great teacher 
who has ever stood before a classroom.

It exists not to replace human education, but to make human education 
more fully possible.
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C H A P T E R  5

The New Role of Faculty

"Every generation of educators has been shaped by the 
technologies available to them. The greatest educators, 

however, have never been defined by their tools. They have 
been defined by their ability to awaken curiosity, cultivate 
judgment, and inspire the next generation to think beyond 

what is already known"

Few questions provoke more anxiety in higher education today than 
the future of the professor.

Will artificial intelligence replace faculty? Will students learn 
primarily from intelligent systems? Will lectures disappear? Will 
universities eventually require fewer educators because machines can 
increasingly perform many of the tasks traditionally associated with 
teaching?

These questions dominate public discussion, yet they rest on a 
mistaken assumption. They assume that the central purpose of a professor 
is to transmit information. If that were true, universities would have 
become obsolete long before artificial intelligence appeared. The 
invention of the printing press, the widespread availability of libraries, the 
internet, and the countless digital resources now available to every student 
would each have rendered faculty unnecessary. They did not, because a 
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professor's work has never been limited to delivering information.
Knowledge is only the beginning of education

A university exists not simply to help students acquire facts, but to help 
them develop judgment. It introduces them to disciplines that teach them 
to think rigorously, evaluate competing ideas, construct persuasive 
arguments, recognize weak evidence, and approach uncertainty with 
intellectual humility. These habits cannot be downloaded. They emerge 
through sustained engagement with scholars who have devoted their lives 
to a field of study and who invite students into that community of inquiry.

Artificial intelligence does not diminish the importance of that work

For much of modern higher education, professors have divided their 
time between two very different kinds of responsibilities. Some require 
uniquely human capabilities: mentoring students, leading discussions, 
supervising research, designing meaningful learning experiences, 
exercising academic judgment, and contributing original scholarship. 
Others, while necessary, are largely administrative or repetitive: preparing 
routine instructional materials, organizing content, responding to 
frequently asked questions, formatting assessments, documenting 
outcomes, or summarizing information.

These responsibilities have gradually accumulated over decades. Each 
new expectation has been introduced with good intentions. Faculty are 
asked to document learning outcomes, demonstrate assessment practices, 
maintain digital course sites, respond to expanding communication 
demands, learn new instructional technologies, meet accreditation 
requirements, and navigate an increasingly complex institutional 
environment. These responsibilities do make sense. Together, however, 
they consume time that might otherwise be devoted to the activities that 
define the academic profession.

Artificial intelligence creates an opportunity to reconsider this balance

The question is not whether AI can perform certain academic tasks. 
Increasingly, it can. The more important question is what faculty should 
do with the time and intellectual energy that intelligent systems make 
available. That question shifts the conversation away from replacement 
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and toward renewal. Rather than asking whether professors remain 
necessary, we begin asking what aspects of professorial work deserve 
greater attention precisely because they cannot be delegated to machines.

The first of  these responsibilities is mentorship

Universities often celebrate mentoring as one of the defining 
characteristics of higher education, yet meaningful mentorship has always 
been constrained by time. A faculty member responsible for teaching, 
research, committee service, advising, and institutional responsibilities 
cannot realistically maintain deep relationships with every student. As 
enrollment has grown, many professors have found themselves 
responsible for increasingly larger classes while still attempting to provide 
the personal guidance that first drew them into academic life.

Artificial intelligence does not become the mentor. It creates the 
conditions that allow faculty to mentor more effectively. Students arrive at 
office hours having already worked through foundational questions with 
their personal learning assistants. Routine misunderstandings have often 
been identified before the meeting begins. Administrative questions have 
already been answered. The conversation therefore moves quickly beyond 
logistics and toward intellectual development.

Instead of explaining where an assignment can be found, a professor 
asks why a student reached a particular conclusion. Instead of repeating 
material already covered in class, they explore competing interpretations, 
encourage independent reasoning, or recommend new directions for 
inquiry. Office hours become conversations rather than troubleshooting 
sessions.

In many respects, this resembles the ideal that universities have always 
pursued. The difference is that technology now makes it possible to devote 
more of the professor's limited time to those interactions.

The second responsibility is design

Teaching has never consisted merely of presenting information. Every 
course represents a series of deliberate decisions about what students 
should learn, in what sequence they should encounter ideas, which 
questions deserve sustained attention, and what kinds of experiences are 
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most likely to deepen understanding. Faculty are not simply experts in 
subject matter. They are architects of learning.

Artificial intelligence expands the possibilities available to these 
educational architects. It can assist in generating examples, developing 
simulations, organizing instructional resources, creating multiple versions 
of practice activities, or adapting materials for different levels of 
preparation. Yet these capabilities do not eliminate the need for faculty 
judgment. On the contrary, they make it even more important.

Educational design requires decisions about purpose, coherence, 
intellectual rigor, and disciplinary values. These are not technical 
decisions. They are scholarly ones. Technology may offer possibilities; 
professors determine which of those possibilities deserve a place in the 
curriculum.

A third responsibility becomes increasingly important as information 
grows more abundant: coaching.

Excellent coaches do not perform on behalf of those they lead. They 
cultivate habits that enable others to perform well themselves. They 
observe carefully, identify weaknesses, encourage strengths, and know 
when to challenge, when to support, and when to step aside.

The same is true of  great teachers

Students frequently arrive believing that education consists of 
obtaining correct answers. Faculty understand that genuine education 
involves learning how to formulate better questions, tolerate ambiguity, 
revise assumptions, and persist through intellectual difficulty. Artificial 
intelligence can explain concepts repeatedly without fatigue. Faculty help 
students develop the resilience necessary to engage with difficult ideas 
long after a single course has ended.

The distinction matters because higher education is not preparing 
students merely for their first profession. It is preparing them for lives in 
which learning itself becomes a permanent responsibility. The professor 
therefore serves not simply as an instructor but as a coach in the practice 
of lifelong intellectual growth.
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Research likewise enters a new phase

Universities have long expected faculty to balance teaching with the 
creation of new knowledge. This expectation has produced extraordinary 
advances across nearly every field of human inquiry. Yet modern 
scholarship also requires navigating an ever-expanding body of literature, 
increasingly sophisticated analytical methods, complex funding 
requirements, interdisciplinary collaboration, and significant 
administrative responsibilities.

Artificial intelligence changes the mechanics of research without 
changing its purpose.

Researchers gain assistants capable of organizing literature, identifying 
patterns across large collections of publications, supporting data analysis, 
preparing preliminary drafts of routine documents, and managing many 
of the repetitive tasks associated with scholarly work. None of these 
activities replaces intellectual discovery. Instead, they create more space 
for the activities that have always distinguished great scholarship: asking 
significant questions, designing thoughtful investigations, interpreting 
evidence responsibly, and contributing original insight to the broader 
academic community.

If teaching becomes more relational and research becomes more 
exploratory, another dimension of faculty work grows in importance: 
community building.

Universities are communities before they are organizations. They 
bring together individuals from different disciplines, cultures, 
generations, and experiences in pursuit of shared intellectual goals. 
Faculty occupy a unique position within those communities. They 
welcome students into disciplines, model scholarly conversation, establish 
norms of respectful disagreement, and create environments in which ideas 
can be explored openly and rigorously.

These responsibilities become more valuable—not less—in an age of 
AI.

Students will increasingly have access to information wherever they 
are. What they cannot access independently is a genuine intellectual 
community. They cannot recreate the experience of participating in a 
seminar where disagreement is thoughtful rather than hostile, where 
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evidence matters more than opinion, and where experienced scholars 
demonstrate what responsible inquiry looks like in practice.

That community remains one of the university's greatest contributions 
to society.

Artificial intelligence cannot build it. But faculty can.
Seen from this perspective, the future professor is neither diminished 

nor displaced. The role becomes more focused. Activities that require 
routine cognitive effort increasingly receive intelligent support. Activities 
that require wisdom, creativity, ethical judgment, scholarly leadership, 
and human relationships become even more central to the profession.

This shift may initially feel uncomfortable because universities have 
organized faculty work in much the same way for generations. Yet history 
reminds us that the academic profession has never been static. Professors 
once lectured because books were scarce. They later became researchers 
because society required new knowledge. They embraced digital 
technologies because students inhabited an increasingly connected world.

Now they are called to something different once again. Not to compete 
with artificial intelligence. Not to surrender authority to it. But to reclaim 
those dimensions of the academic vocation that have always distinguished 
higher education at its best.

The AI-native university asks professors to become more fully what 
they have always been: mentors who cultivate people, designers who shape 
learning, coaches who develop independent thinkers, researchers who 
expand human understanding, and community builders who sustain the 
intellectual life of the university.

Artificial intelligence may well transform many aspects of higher 
education.

The professor, however, remains its defining presence—not because 
no technology can explain ideas, but because no technology can inspire 
another human being to devote a lifetime to pursuing them.
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C H A P T E R  6

Personalized Learning at Institutional Scale

"For centuries, universities have organized learning around 
the institution. The next generation of universities will 

organize learning around the learner"

If the previous chapter argued that artificial intelligence changes the 
role of the professor, the natural question becomes what this 
transformation means for the student. A university cannot redefine 

teaching without also redefining learning. Indeed, the two have always 
evolved together. Every significant change in higher education has altered 
not only how professors teach but also how students experience the 
pursuit of knowledge.

Students have traditionally progressed through the curriculum 
together. They attended the same lectures, completed the same 
assignments, sat for the same examinations, and advanced according to the 
same academic calendar. While faculty naturally adapted their teaching to 
the needs of different classes, the institution itself largely assumed that 
learning would proceed along a common pathway.

Universities understood long ago that students learn differently. 
Experienced faculty have always recognized that some learners grasp 
abstract concepts quickly while others benefit from examples drawn from 
practical experience. Some thrive on discussion; others on reflection. 
Some arrive with extensive preparation, while others begin their studies 
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carrying educational disadvantages that have accumulated over many 
years.

The challenge was responding to them consistently while educating 
hundreds, sometimes thousands, of students at the same time.

The modern university therefore offered a common educational 
experience while relying upon exceptional faculty, tutoring centers, 
advising offices, and student support services to provide additional 
assistance whenever possible. This model produced generations of 
successful graduates, yet it also left many students feeling that the 
institution expected them to adapt to its structures rather than the 
structures adapting to them.

But AI invites universities to reconsider that compromise

The phrase personalized learning has been used so frequently that it 
has lost precision. In some discussions, it refers to adaptive software. In 
others, it describes competency-based education or flexible curricula. 
Occasionally, it is used simply to mean that students receive more choices 
than they once did.

The vision presented in this book is considerably broader. 
Personalized learning is not a feature. It is an institutional philosophy.

It begins with the conviction that every student deserves an 
educational experience that recognizes both who they are and who they 
are capable of becoming. In parallel, universities maintain rigorous 
academic expectations while becoming more responsive in how they help 
students meet them.

Consider two students enrolled in the same introductory economics 
course. One enters the semester with a strong background in mathematics 
and quantitative reasoning. The other has excellent analytical instincts but 
limited experience working with formal models. Under traditional 
conditions, both students move through the course at the same pace. One 
may become bored while waiting for the class to become more complex. 
The other may quietly fall behind before anyone recognizes the difficulty.

An AI-native university approaches this situation differently. The 
course remains the same. The professor's learning objectives remain 
unchanged. The academic expectations remain equally rigorous. What 
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changes is the support surrounding each learner. The first student receives 
additional challenges that deepen understanding and encourage 
exploration beyond the required curriculum. The second receives 
alternative explanations, carefully sequenced practice, and timely guidance 
designed to strengthen conceptual understanding before misconceptions 
become lasting obstacles.

Both students are challenged, and both grow

Higher education has long organized progress around time. Students 
complete fifteen-week semesters, earn credit hours, and advance through 
carefully prescribed sequences of courses. These structures have served 
universities well by providing coherence, predictability, and 
administrative order. Yet educators have always known that learning itself 
rarely follows the calendar with such precision.

Some students master difficult concepts after a single explanation. 
Others require repeated engagement before confidence develops. Some 
discover a passion that leads them far beyond the syllabus. Others need 
additional opportunities to connect abstract ideas with practical 
experience.

Artificial intelligence allows institutions to pay greater attention to 
learning itself. Competency-based education, once difficult to implement 
at scale, becomes increasingly practical when universities have intelligent 
systems that track progress, identify misunderstandings, and document 
evidence of learning throughout a student's academic journey.

The emphasis gradually shifts from asking how long students have 
studied a subject to asking how deeply they have understood it.

Traditional assessment has often measured performance at isolated 
moments. Midterm examinations, final projects, and cumulative 
assessments provide valuable evidence of achievement, but they also 
capture learning at specific points in time. Students who struggle early 
may recover only after grades have already reflected their initial 
difficulties. Others perform well on examinations without developing 
lasting understanding.

Mastery assumes that meaningful education is not defined by isolated 
performances but by sustained understanding. Learning becomes an 
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iterative process in which students receive continuous opportunities to 
improve, refine, and deepen their thinking. Artificial intelligence supports 
this process by providing immediate feedback, identifying patterns of 
misunderstanding, and recommending additional experiences that 
strengthen long-term comprehension.

Faculty remain responsible for determining what mastery means 
within their disciplines. AI helps students move toward it. Continuous 
assessment emerges naturally.

The phrase should not be interpreted as continuous testing. 
Universities have little interest in creating environments in which 
students feel constantly evaluated. Rather, continuous assessment 
recognizes that every meaningful educational activity provides evidence of 
learning. Classroom discussions, laboratory work, writing assignments, 
collaborative projects, reflective journals, simulations, presentations, and 
research experiences all reveal different dimensions of intellectual growth.

When considered together, these experiences provide a far richer 
understanding of student development than any single examination could 
offer. Faculty gain earlier insight into emerging challenges. Students 
receive feedback while improvement is still possible. And the educational 
process becomes less dependent upon isolated high-stakes events and 
more reflective of learning as it actually occurs.

Perhaps the most profound consequence of personalization is that 
students begin following educational journeys that increasingly reflect 
their own aspirations.

Universities have traditionally organized education through relatively 
uniform pathways. Students in the same major often complete similar 
sequences of courses regardless of their particular interests or professional 
ambitions. Such coherence remains important; every discipline possesses 
foundational knowledge that students must master. Yet beyond those 
foundations lies enormous opportunity for individual exploration.

Artificial intelligence helps institutions connect students with research 
opportunities, interdisciplinary experiences, internships, community 
engagement, international learning, entrepreneurial projects, and 
specialized electives that align with their evolving interests. Educational 
pathways become more responsive without becoming less rigorous. 
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Students graduate not only having completed a curriculum but having 
pursued an intellectual journey that reflects both institutional expectations 
and personal purpose.

This transformation carries implications that extend beyond 
graduation.

For generations, universities have largely viewed education as a period 
of life bounded by admission and commencement. Students arrived, 
completed their degrees, and eventually became alumni. Although lifelong 
learning has long been part of the university's mission, institutional 
structures often treated graduation as the conclusion of the educational 
relationship.

The AI-native university begins to dissolve this boundary

Learning becomes continuous.
Graduates return throughout their careers to acquire new knowledge, 

develop new competencies, and explore new disciplines. Professional 
transitions, technological change, and evolving societal needs make 
lifelong education not an exception but an expectation. Universities 
become enduring intellectual partners rather than temporary providers of 
credentials.

Artificial intelligence makes such continuity practical by preserving 
educational context across decades rather than semesters. The institution 
remembers not merely what a learner studied, but how that individual has 
grown, what interests have emerged, and what future opportunities may 
prove meaningful.

In this sense, personalized learning extends far beyond the classroom, 
becoming a lifelong relationship between the university and the learner.

Some critics worry that personalization risks fragmenting the shared 
educational experience that has long defined higher education. This 
concern deserves careful consideration. Universities are communities as 
well as educational institutions. Students benefit enormously from 
learning alongside peers whose experiences differ from their own. Shared 
conversations, common readings, collaborative projects, and intellectual 
disagreement remain essential elements of university life. Personalization 
should therefore never become isolation.
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The purpose is not to place every student on a completely independent 
educational path. It is to ensure that each student receives the guidance 
necessary to participate more fully in the common intellectual life of the 
institution. Community and personalization are not competing values. 
Properly understood, they strengthen one another.

For the first time in the long history of higher education, universities 
possess the opportunity to pursue an aspiration that generations of 
educators have shared but rarely been able to realize fully: to know 
students not merely as members of a cohort, but as individual learners 
whose paths toward knowledge may differ while whose destination 
remains the same.

That aspiration has always been worthy of the university.
Artificial intelligence simply allows the institution to pursue it with a 

degree of consistency, scale, and care that previous generations could 
scarcely have imagined.
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C H A P T E R  7

Curriculum That Evolves

"The curriculum is the university's promise to its students. It 
expresses not only what the institution believes is worth 

knowing today, but what it believes will matter tomorrow"

Every university is, in many respects, defined by its curriculum. 
Long before students meet their professors or walk across campus, 
the curriculum reflects the institution's understanding of 

knowledge, its educational philosophy, and its aspirations for those it 
serves. It represents years, and often decades, of thoughtful deliberation by 
faculty who have asked difficult questions about what students should 
learn, in what sequence they should encounter ideas, and how individual 
courses contribute to a coherent education.

Curricula are therefore among the university's most valuable and 
enduring intellectual creations.

Universities revise courses, introduce new programs, retire outdated 
offerings, and periodically reconsider degree requirements, but these 
changes have traditionally occurred at a measured pace. Such caution has 
served higher education well. Academic disciplines are not meant to 
follow every passing trend, nor should universities redesign themselves in 
response to every technological innovation or short-term labor market 
fluctuation. 

The challenge facing universities today is not that their curricula have 
become obsolete. It is that the environment surrounding those curricula 
has become increasingly dynamic. Scientific discoveries accelerate. New 
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industries emerge within a few years rather than over generations. Entire 
professions evolve as digital technologies reshape the nature of work. 
Students entering university today will almost certainly work in 
occupations that do not yet exist or will repeatedly reinvent themselves 
throughout careers that span five or six decades.

In such a world, curriculum can no longer be understood as a 
document that is revised every several years and then left largely 
unchanged until the next review cycle. It must become something more 
adaptive while remaining faithful to the intellectual standards that 
distinguish higher education from short-term training.

The AI-native university therefore reimagines curriculum not as a 
static product but as a living system.

But educational foundations must become stable. Mathematics 
remains mathematics. Philosophy continues to ask enduring questions 
about justice, truth, and the human condition. Chemistry does not rewrite 
its fundamental principles because a new technology appears. Some forms 
of knowledge deserve careful preservation across generations.

What changes is the institution's ability to recognize where knowledge 
is expanding, where disciplines intersect, and where new opportunities 
for learning emerge. Artificial intelligence provides faculty with 
unprecedented visibility into these developments. It can synthesize 
emerging research, identify evolving professional competencies, analyze 
student learning patterns, and reveal relationships across disciplines that 
might otherwise remain difficult to detect. Scholars are provided with 
richer evidence as they exercise their academic judgment. And AI becomes 
an instrument that supports curricular reflection, not a mechanism that 
replaces it.

Imagine a faculty committee reviewing an undergraduate 
cybersecurity program. Traditionally, members might examine recent 
developments within their discipline, consult professional organizations, 
analyze employer feedback, and compare programs offered by peer 
institutions. Those activities remain essential. AI simply allows the 
committee to begin its work with a broader and more current 
understanding of the field. It can identify emerging research themes, 
summarize evolving regulatory frameworks, analyze industry trends, and 
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reveal connections with adjacent disciplines such as data science, public 
policy, psychology, or law.

Faculty still decide what students should learn. They simply make 
those decisions with a deeper understanding of how knowledge itself is 
changing. This capacity naturally encourages another transformation: the 
emergence of modular credentials.

For much of modern higher education, degrees have served as the 
primary expression of educational achievement. Bachelor's degrees, 
master's degrees, and doctorates remain among the most respected 
credentials in society because they signify sustained intellectual 
development within a coherent academic framework. Nothing about the 
AI-native university diminishes its importance.

At the same time, contemporary learners increasingly seek educational 
experiences that do not fit neatly within traditional degree structures. 
Working professionals pursue specialized knowledge while maintaining 
full-time employment. Alumni return to develop expertise in emerging 
fields. Employers seek evidence of specific competencies alongside broader 
academic preparation. Students often wish to explore interdisciplinary 
interests without immediately committing to an additional degree.

Universities have responded by creating certificates, microcredentials, 
executive education programs, and a wide range of specialized credentials. 
These initiatives represent important innovations, yet they often remain 
disconnected from one another. Learners accumulate experiences without 
always understanding how those experiences contribute to a larger 
educational journey.

An AI-native curriculum approaches modularity differently

Individual learning experiences become coherent building blocks 
rather than isolated achievements. A certificate in artificial intelligence 
ethics may contribute toward a broader graduate credential. Professional 
development completed several years after graduation may connect 
naturally with previous academic work. Learning becomes cumulative 
across a lifetime rather than confined within a single period of formal 
education.
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This idea gives rise to stackable learning

Education has traditionally been organized around relatively distinct 
stages. Students complete one credential before beginning another. 
Professional development often occurs outside the university altogether. 
Lifelong learning has frequently existed alongside degree education rather 
than within it.

The AI-native university dissolves these boundaries

Learning becomes a continuous process. A student may begin with an 
undergraduate degree, return years later for specialized study, complete 
executive education while advancing professionally, and eventually pursue 
graduate research informed by decades of practical experience. Each stage 
builds naturally upon those that preceded it.

Artificial intelligence makes such continuity possible by helping 
institutions preserve educational context over an entire lifetime rather 
than treating each enrollment as an independent event.

This continuity also reshapes the relationship between universities 
and industry.

Higher education has sometimes been criticized for responding too 
slowly to changing workforce needs. Employers seek graduates prepared 
for emerging professions while universities remain appropriately cautious 
about redesigning curricula around short-term economic trends. Both 
perspectives contain important truths.

Universities should not become vocational training centers that revise 
academic priorities every time the labor market changes. Their 
responsibility is broader than preparing students for their first job. They 
educate citizens capable of adapting throughout their lives of intellectual, 
professional, and civic contribution.

Nevertheless, institutions also have a responsibility to ensure that their 
graduates understand the world they are entering.

Artificial intelligence strengthens this responsibility by helping 
universities recognize long-term changes without becoming captive to 
temporary fashions. Faculty gain better visibility into evolving 
professions, emerging technologies, interdisciplinary opportunities, and 
societal challenges. 
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The purpose of higher education is not to chase industry. It is to 
prepare graduates who can lead it.

Perhaps the most significant consequence of an evolving curriculum is 
that it changes how universities understand their relationship with 
learning itself.

For centuries, institutions have understandably organized education 
around the degree. Students entered, completed prescribed programs, and 
graduated. Although universities continued serving alumni through 
professional development and continuing education, the degree remained 
the defining organizational unit.

The AI-native university places greater emphasis on the learner than 
on the credential.

Degrees remain vitally important, but they serve as milestones within 
a broader educational relationship rather than as its conclusion. Learners 
return repeatedly as disciplines evolve, careers change, and new 
opportunities emerge. Universities become enduring intellectual partners 
whose curricula continue to evolve alongside the lives of those they 
educate.

This perspective also transforms the meaning of curriculum, which is 
no longer simply a sequence of courses leading toward graduation. It 
becomes the intellectual architecture through which the university 
accompanies learners across an entire lifetime of inquiry.

Such a vision requires humility. No university, regardless of its history 
or reputation, can confidently predict the precise knowledge future 
generations will require. The pace of scientific discovery, technological 
innovation, and social change makes certainty impossible.

Universities can, however, cultivate something far more valuable than 
certainty. They can cultivate adaptability through an evolving curriculum 
that develops the intellectual habits necessary to continue learning over 
the long term. 

Curiosity, critical thinking, disciplined inquiry, ethical reasoning, and 
the capacity to integrate knowledge across disciplines become the 
enduring outcomes of an education designed for a changing world.

Artificial intelligence strengthens these capacities not by determining 
what should be taught, but by helping universities remain attentive to how 
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knowledge itself continues to evolve. The curriculum, then, becomes 
living.

It preserves the accumulated wisdom of the past while remaining open 
to the discoveries of the future. It honors the disciplines that have shaped 
civilization while recognizing that tomorrow's students will confront 
questions today's faculty cannot yet imagine. Most importantly, it reflects 
a university confident enough in its mission to allow its methods to evolve 
whenever doing so enables that mission to be fulfilled more faithfully.

The AI-native university redesigns its curriculum, understanding that 
education has always been an invitation into a lifelong conversation with 
knowledge. Every great university has understood that such a 
conversation must never cease to grow.
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PART III
THE AI-NATIVE CAMPUS
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C H A P T E R  8

Admissions Without Friction

"For most students, the admissions process is the first class 
they take at a university. Long before they meet a professor or 
enter a classroom, they begin learning what the institution 

values by the way the institution treats them"

Universities often speak about the student experience, and 
prospective students encounter those words in brochures, on 
websites, during campus tours, and throughout recruitment 

campaigns.
Institutions describe themselves as welcoming communities committed to 
supporting learners from the moment they first express interest through 
graduation and beyond. These aspirations are honest. Colleges and 
universities devote enormous effort to helping prospective students 
navigate one of the most significant decisions of their lives.

Yet the lived experience of admissions often tells a different story.
A student begins by searching for information across multiple 

websites. Program requirements appear in one location, tuition estimates 
in another, financial aid deadlines somewhere else. Questions accumulate. 
Which program is the right fit? What prior coursework will transfer? 
What scholarships are available? Is campus housing guaranteed? What 
happens after submitting the application? Each answer frequently leads to 
three additional questions, each requiring another webpage, another 
email, another office, or another phone call.
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For students with family members involved in higher education, these 
obstacles may seem manageable. For first-generation students, adult 
learners returning after years in the workforce, international applicants, 
or those navigating higher education without an established support 
network, it can become overwhelming. Every additional step introduces 
uncertainty; every unanswered question creates hesitation, and every 
delay increases the likelihood that a talented student will simply abandon 
the process or choose another institution.

Universities rarely lose students because of  a lack of  academic 
quality

Far more often, they lose students because friction quietly accumulates 
throughout the admissions journey.

Institutions often treat admissions as a sequence of administrative 
tasks: inquiries become applications, applications become decisions, 
decisions become enrollments. Yet from the student's perspective, 
admissions is something entirely different. It is the beginning of a 
relationship. It is the moment the university first demonstrates whether it 
understands the aspirations, concerns, and circumstances of the person 
considering entrusting years of life to its community.

In the AI-native university, admissions is not merely the process 
through which students enter the institution. It is the institution's first 
opportunity to educate, guide, and build trust.

This perspective changes almost the entire admission process

Historically, admissions offices have been organized around efficiency. 
They receive inquiries, process applications, evaluate credentials, 
communicate decisions, and manage enrollment targets. These 
responsibilities remain essential, particularly as universities serve 
increasingly diverse populations with increasingly complex educational 
backgrounds. 

However, a process may be well organized from the institution's 
perspective while remaining confusing to the student experiencing it for 
the first time.



Admissions Without Friction | 59

AI offers universities the opportunity to redesign admissions around 
the learner rather than around the process. The distinction is subtle but 
profound.

Imagine a prospective student exploring engineering programs late in 
the evening after returning from work. Rather than navigating dozens of 
disconnected pages, she begins a conversation. She explains her interests, 
previous education, career goals, financial concerns, and uncertainty about 
whether returning to university is realistic at this stage of life. The 
institution responds not by directing her toward generic information, but 
by helping her think through her options. It explains program differences, 
identifies potential transfer credit, recommends financial aid 
opportunities, introduces relevant faculty, and suggests conversations 
with current students who once faced similar decisions.

The technology behind these interactions generates a pleasant 
experience.

For the student, the university immediately feels different. It feels 
attentive. Responsive. Interested not simply in processing another 
application, but in understanding another person.

Recruitment consequently becomes less about persuasion and more 
about guidance.

For decades, universities have invested considerable effort in reaching 
prospective students through advertising campaigns, college fairs, campus 
visits, digital marketing, and community partnerships. These activities 
remain valuable because they introduce institutions to learners who might 
otherwise never discover them. Artificial intelligence does not replace 
these efforts. It deepens them.

Every conversation becomes an opportunity to understand rather than 
merely inform.

Students ask questions when they are ready rather than when offices 
happen to be open. Parents receive explanations tailored to their concerns. 
International applicants receive guidance that reflects their educational 
systems rather than assumptions based upon domestic admissions 
processes. Adult learners encounter examples relevant to careers, families, 
and previous educational experiences. Recruitment becomes increasingly 
personal because the institution can listen before it speaks.
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Listening has always been one of the most powerful forms of 
recruitment.

Universities have simply lacked the capacity to do it consistently at 
scale.

Advising also begins earlier than it traditionally has.
Admissions counseling has long focused on helping applicants 

understand institutional requirements. While this remains important, 
prospective students often need something deeper. They need help 
deciding whether a particular educational path aligns with their 
ambitions, talents, and circumstances. They need someone willing to 
explore possibilities rather than simply explain procedures.

Artificial intelligence allows institutions to extend this kind of 
exploratory advising to every prospective student. Questions about degree 
options naturally evolve into conversations about careers. Concerns about 
affordability become opportunities to discuss scholarships, payment plans, 
or alternative pathways. Uncertainty about academic preparation leads to 
recommendations for preparatory resources before the semester even 
begins.

The admissions process gradually shifts from evaluating students to 
preparing them.

Application review undergoes a similar transformation.
Universities rightly approach admissions decisions with great care. 

Every application represents years of academic work, personal aspiration, 
and family investment. Admissions professionals evaluate transcripts, 
essays, recommendations, extracurricular achievements, and many other 
forms of evidence in an effort to understand each applicant as completely 
as possible. Artificial intelligence should never replace this judgment.

Judgment remains the responsibility of experienced professionals who 
understand institutional mission, educational values, and the complexity 
of human potential.

Meanwhile, AI serves a different purpose. It organizes information, 
identifies missing documentation, summarizes extensive records, 
compares curricular requirements, and prepares materials so that 
admissions professionals spend less time searching for information and 



Admissions Without Friction | 61

more time evaluating applicants thoughtfully. In doing so, technology 
strengthens rather than diminishes the human dimension of admissions.

Communication likewise becomes continuous rather than episodic.
Many students disappear during the admissions process, not because 

they lose interest, but because they become uncertain. Deadlines pass 
unnoticed. Financial aid documentation remains incomplete. Questions 
arise after business hours. Small misunderstandings accumulate until 
students conclude that continuing the process is simply too complicated.

An AI-native admissions office quietly prevents many of these 
moments from becoming barriers. Students receive timely reminders, 
personalized explanations, and clear guidance before confusion develops 
into frustration. The institution appears remarkably attentive because it 
no longer waits for problems to become visible before offering assistance.

Perhaps the greatest institutional benefit of this approach lies in 
forecasting.

Every university makes decisions months before students arrive on 
campus. Faculty assignments, course schedules, residence hall planning, 
financial aid budgets, orientation programs, staffing levels, and countless 
operational decisions depend upon expectations about future enrollment. 
Historically, these projections have relied upon trends, demographic 
analysis, and professional experience. Those methods remain valuable, but 
they are necessarily limited by the complexity of modern enrollment 
behavior.

Artificial intelligence enables institutions to identify patterns that 
would otherwise be difficult to recognize. It identifies changing applicant 
behavior, emerging geographic trends, evolving program interests, and 
potential risks long before they become visible in traditional reports. 
Leaders gain richer insight into the future, not because AI predicts it with 
certainty, but because it helps them prepare for multiple possibilities with 
greater confidence.

The admissions office therefore becomes something quite different 
from the administrative gateway it has often been perceived to be.

It becomes the beginning of the university itself.
Students begin forming impressions of institutional culture long 

before they attend their first class. They discover whether the university 



62 | The AI-Native University

listens carefully, communicates clearly, respects their circumstances, and 
demonstrates genuine interest in their success. Every interaction 
contributes to trust. Every conversation establishes expectations. Every 
thoughtful response reinforces the idea that this institution understands 
not only what it teaches, but whom it serves.

The AI-native university recognizes that the student experience does 
not begin at orientation. It begins with the first question a prospective 
learner asks.
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Student Success Never Sleeps

"Students rarely leave a university because of a single event. 
More often, they leave because small moments of 

uncertainty, frustration, isolation, and discouragement 
accumulate until continuing no longer seems possible"

Universities and their students celebrate graduation. 
Commencement marks one of the most significant achievements 
in a person's life. Years of study, sacrifice, persistence, and 

intellectual growth culminate in a ceremony that recognizes academic 
accomplishment and personal transformation. Families celebrate. The 
faculty applauds. Communities take pride in the graduates they have 
helped prepare.

What commencement rarely reveals, however, are the countless 
moments that made graduation possible.

Every graduate carries a story composed of hundreds of decisions, 
setbacks, and recoveries. Such as, the student who almost withdrew after 
failing the first chemistry examination, the first-generation student who 
quietly struggled to understand financial aid requirements, or the 
international student adapting to a new culture while trying to succeed 
academically.

Even the adult learner who balanced coursework with full-time 
employment and family responsibilities, or the veteran navigating the 
transition from military service to university life.
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Behind every successful educational journey stands a network of 
people who recognized moments when guidance mattered. A professor 
who encouraged persistence after a disappointing semester. An advisor 
who noticed a student beginning to drift away. A tutor who helped 
transform confusion into confidence. A counselor who reminded 
someone that asking for help was itself a sign of strength.

Student success has always depended upon these moments

Universities have long invested in advising centers, tutoring programs, 
counseling services, student affairs professionals, retention initiatives, and 
countless other forms of academic and personal support. These efforts 
have changed lives. They continue to do so every day. Yet every institution 
also recognizes an unavoidable limitation. Human attention, however 
generous, remains finite. Advisors can meet only so many students in a 
day. Faculty cannot always recognize silent struggles developing outside 
the classroom. Student affairs professionals cannot anticipate every 
challenge before it becomes visible.

The result is that universities often respond to difficulties after they 
have already become serious. Situations such as when a student receives an 
academic warning, an important deadline is missed, financial aid 
documentation remains incomplete, or attendance begins to decline.

By the time these signals appear, opportunities for earlier intervention 
have often passed.

Artificial intelligence introduces the possibility of a different approach, 
since it is capable of noticing warning patterns, extending the university's 
ability to recognize when human support may be needed.

AI can make student success less reactive and more anticipatory.

Consider the experience of  academic advising

Traditionally, advising appointments occur at predictable moments 
within the academic calendar. Students meet advisors before registration, 
during periods of academic difficulty, or when significant decisions must 
be made about majors, internships, graduation, or career planning. These 
conversations remain among the most valuable relationships within 
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higher education because they combine institutional knowledge with 
genuine concern for individual students.

Yet advising has always faced a paradox: the students who most need 
guidance are not always the ones who seek it.

Many struggle quietly. Some believe their difficulties are temporary. 
Others hesitate to ask for help because they fear appearing unprepared or 
incapable. Still others simply become overwhelmed by competing 
responsibilities and postpone conversations until challenges have become 
crises.

Artificial intelligence allows advising to become more continuous 
without becoming more intrusive.

Rather than waiting for scheduled appointments, intelligent systems 
quietly observe the educational journey. They recognize when students 
repeatedly encounter difficulty with particular concepts, postpone 
important administrative tasks, disengage from learning activities, or 
deviate from patterns that previously characterized their work. These 
observations do not produce conclusions. They generate opportunities.

An advisor can receive thoughtful context before the conversation 
with the student begins, resulting in a deeper interaction.

Financial aid presents another example.
Few aspects of university life generate more anxiety than questions 

about affordability. Tuition, scholarships, grants, loans, payment plans, 
employment opportunities, and changing personal circumstances 
combine to create extraordinary complexity. Even highly organized 
students can become confused by documentation requirements, renewal 
deadlines, or unfamiliar terminology.

Historically, universities have responded by providing detailed 
websites, financial aid counselors, workshops, and communication 
campaigns. These resources remain indispensable. Nevertheless, many 
students continue experiencing financial uncertainty not because 
assistance is unavailable but because understanding arrives too late.

The AI-native university seeks to reduce this uncertainty through 
continuous guidance. Students receive reminders before important 
deadlines rather than after they have passed. Complex policies are 
explained in language appropriate to individual circumstances. Questions 
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are answered immediately rather than accumulating until office hours. 
Financial aid professionals continue to exercise judgment and make 
decisions, but students navigate the process with greater confidence 
because information arrives when it is most useful.

The same philosophy extends to student well-being

Higher education has become increasingly aware that academic success 
cannot be separated from physical, emotional, and psychological health. 
Students carry responsibilities that extend far beyond the classroom. 
Employment, family obligations, financial pressures, loneliness, anxiety, 
illness, and personal loss all shape the educational experience in ways that 
transcripts can never fully capture.

Artificial intelligence must approach these realities with great humility, 
with the goal of helping students find support. It cannot counsel, diagnose, 
or replace trained professionals. Its role is far more modest and therefore 
far more appropriate.

When a learner expresses persistent stress, uncertainty, or 
discouragement, intelligent systems can recommend relevant campus 
resources, encourage conversations with qualified professionals, explain 
available services, and reduce the hesitation that often prevents students 
from asking for help. In doing so, AI becomes not a provider of care but a 
guide toward care.

Technology just helps people to receive human compassion sooner. 
Intervention, viewed in this broader sense, becomes one of the defining 
characteristics of the AI-native university. Artificial intelligence simply 
allows universities to extend that attention more consistently across larger 
communities without diminishing personal relationships.

When a faculty member receives timely insight that a student may 
benefit from additional encouragement, the relationship remains entirely 
human. When an advisor learns that a student has quietly completed every 
graduation requirement except one overlooked administrative step, the 
conversation remains entirely human. When a counselor receives an 
earlier referral because a student accepted encouragement to seek support, 
the care remains entirely human. Artificial intelligence prepares the 
moment. People transform it.
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Perhaps nowhere is this more evident than in graduation planning.
For many students, completing a degree involves navigating an 

astonishingly complex landscape of prerequisites, electives, institutional 
requirements, internships, transfer credits, experiential learning 
opportunities, financial considerations, and career planning. Universities 
have developed sophisticated degree audit systems to assist with this 
process, yet students often continue to discover unexpected obstacles late 
in their academic journey.

An AI-native university approaches graduation planning as an 
ongoing conversation rather than a final administrative review. Students 
understand their progress continuously. Alternative pathways are 
identified before scheduling conflicts emerge. Career aspirations remain 
connected to academic decisions throughout the educational journey 
rather than only during the final semester.

Graduation becomes less about completing requirements and more 
about fulfilling purpose.

Seen in its entirety, the student success model of the AI-native 
university rests upon a remarkably simple conviction: Students flourish 
when universities notice them, not only when they fail, ask for help, or 
administrative systems generate alerts. But throughout the ordinary 
rhythm of university life.

Artificial intelligence gives universities a new capacity to do precisely 
that. It does not eliminate uncertainty, struggle, or failure. These remain 
indispensable parts of intellectual growth. What it changes is the 
institution's ability to accompany students through those experiences with 
greater attentiveness, greater continuity, and greater care.

Student success, then, becomes something larger than retention. 
Retention is measured by whether students remain enrolled. Student 
success is measured by whether students become who they are capable of 
becoming.

The AI-native university knows that students need an institution 
when hope sometimes fades after office hours end or classrooms close. AI 
can facilitate the next conversation that changes a student's life.
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The Autonomous University

"The history of the university is, in many respects, the history 
of expanding human capability. Artificial intelligence does 
not alter that mission. It alters the institution's capacity to 

fulfill it"

A university is a complex organism. It is not built around a single 
product or service, unlike most organizations. It teaches students, 
advances research, supports communities, preserves culture, 

manages extensive physical infrastructure, administers sophisticated 
financial operations, recruits talent from around the world, develops 
future leaders, and produces knowledge that often shapes society for 
generations. Few institutions attempt to accomplish so much while 
serving so many different constituencies.

This complexity is one of higher education's greatest strengths. It is 
also one of its greatest challenges.

Over the past several decades, universities have invested enormous 
resources in managing that complexity. Student information systems, 
learning management systems, customer relationship management 
software, enterprise resource planning platforms, financial applications, 
human resource platforms, research administration tools, and 
cybersecurity infrastructure have all become essential components of the 
modern university. Collectively, they transformed institutions from 
paper-based organizations into highly digital enterprises capable of 
operating at extraordinary scale.
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Yet something important remained unchanged: People performed the 
work.

Information moved between departments through software, but 
decisions, coordination, interpretation, and institutional judgment 
remained overwhelmingly dependent upon human effort. The digital 
university became increasingly efficient without fundamentally changing 
how work itself was organized. 

AI introduces a different possibility. Rather than simply recording 
institutional activity, intelligent systems begin participating in it. They 
answer questions, organize knowledge, coordinate processes, identify 
patterns, recommend actions, and support decisions across nearly every 
administrative function. This development does not eliminate the 
importance of human expertise. It changes the relationship between 
human expertise and institutional capability.

The result is what this book describes as the autonomous university. 
The word autonomous does not mean an institution governed by 
machines or operated without people. Universities are communities of 
scholars, students, professionals, and leaders whose responsibilities 
require judgment, ethical reasoning, and accountability. Those 
responsibilities cannot be delegated to algorithms. Autonomy, in this 
context, refers instead to the ability of intelligent systems to perform 
clearly defined responsibilities independently while remaining 
accountable to human oversight.

Modern aviation provides a useful analogy. Commercial aircraft rely 
extensively upon automated systems capable of managing navigation, 
monitoring performance, and responding to changing conditions. These 
systems have made aviation remarkably safe, yet no serious observer 
concludes that pilots have become unnecessary. Automation changed the 
nature of their work. It did not eliminate it. Pilots now devote less 
attention to routine operations and more attention to supervision, 
judgment, coordination, and decision-making. The same pattern is 
beginning to emerge within higher education.

Universities have traditionally expanded their capacity by adding 
people. As responsibilities increased, new offices were established, 
additional staff were hired, and specialized expertise was distributed 
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across an increasingly sophisticated organizational structure. This 
approach produced institutions capable of extraordinary achievements, 
but it also created new layers of coordination. Every additional 
department required communication with other departments. Every new 
system generated additional administrative processes. 

Every organizational improvement introduced new complexity 
elsewhere.

Artificial intelligence offers another way of expanding institutional 
capacity. Instead of adding only people, universities are beginning to add 
intelligent capabilities.

Admissions professionals are supported by systems that organize 
applications, answer routine inquiries, and prepare applicant information 
before human review begins. Registrars receive assistance managing 
degree audits, prerequisite analysis, transcript processing, and scheduling. 
Financial offices gain tools capable of identifying anomalies, supporting 
forecasting, and organizing complex reporting requirements. Human 
resources departments streamline onboarding, policy guidance, and 
professional development. Information technology teams increasingly 
rely upon intelligent systems to monitor infrastructure, strengthen 
cybersecurity, coordinate integrations, and resolve routine support 
requests. In every case, the objective remains remarkably consistent.

Artificial intelligence assumes routine cognitive work so that people 
can devote greater attention to work requiring human judgment.

This transformation becomes significant because universities rarely 
operate in isolation. Admissions decisions influence enrollment planning. 
Enrollment affects course scheduling. Course scheduling influences 
faculty workload. Faculty workload shapes budget planning. Budget 
decisions affect hiring. Hiring influences research capacity and student 
services. Every office depends upon information generated elsewhere 
within the institution.

Historically, these relationships have required substantial coordination 
because institutional knowledge remained distributed across separate 
systems and specialized offices. The autonomous university begins 
reducing this friction.
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Consider a prospective student who accepts an offer of admission. 
Traditionally, that single decision initiates a cascade of independent 
administrative processes. Student records are created. Financial aid is 
confirmed. Orientation materials are prepared. Housing assignments 
begin. Technology accounts are provisioned. Academic advising is 
scheduled. Course registration eventually follows. Each office performs its 
responsibilities well, yet much of the coordination occurs through 
separate systems and repeated exchanges of information.

Within an autonomous university, many of these routine transitions 
occur as part of an integrated institutional workflow. Intelligent systems 
coordinate activities across departments while ensuring that appropriate 
human review occurs wherever institutional policy requires it. The 
student experiences one university rather than a sequence of disconnected 
administrative offices.

The same principle extends throughout campus operations. Facilities 
departments increasingly shift from reactive to predictive maintenance 
because intelligent systems detect equipment patterns before failures 
occur. Finance offices gain stronger forecasting because institutional 
information is continuously synthesized rather than periodically 
assembled. Compliance professionals receive earlier visibility into 
emerging regulatory issues. Marketing teams communicate more 
effectively because institutional knowledge about prospective students, 
alumni, and community partners becomes more coherent.

Perhaps the most significant transformation, however, concerns the 
experience of the people who work within the university. Faculty spend 
less time navigating administrative processes and more time teaching and 
conducting research. Staff devotes less attention to repetitive 
documentation and more attention to solving complex institutional 
problems. Administrators spend less time gathering information and 
more time interpreting it. Leaders spend less time requesting reports and 
more time discussing strategy. The institution gradually shifts from 
managing processes to advancing its mission.

Universities exist to educate, discover, preserve knowledge, and serve 
society. Administrative excellence matters because it enables those larger 
purposes. Every hour saved through thoughtful use of intelligent systems 
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becomes an hour that can be invested in students, scholarship, faculty 
development, community engagement, or institutional innovation. The 
autonomous university therefore represents something far more 
significant than administrative modernization. It reflects a new 
philosophy of institutional work.

Routine responsibilities increasingly become shared between people 
and intelligent systems. Human expertise moves toward activities that 
require interpretation, creativity, empathy, ethical judgment, and 
leadership. Institutional knowledge flows more naturally across 
organizational boundaries. Departments remain distinct because their 
expertise remains distinct, yet they become more connected because 
intelligence itself becomes increasingly shared. The university becomes 
autonomous by removing unnecessary friction from the work that people 
perform together.

Seen in this light, the autonomous university is neither a technological 
fantasy nor an administrative ambition. It is the natural evolution of an 
institution that has always sought to devote its greatest resources to the 
activities that matter most. Artificial intelligence simply offers universities 
an opportunity to accomplish that objective with greater coherence than 
ever before. 

The significance of this transformation becomes even clearer when 
viewed from the perspective of the people who make the university 
possible. Faculty, staff, students, and intelligent systems increasingly work 
together as one interconnected community, each contributing distinct 
capabilities toward a shared mission. Understanding that the new 
workforce is the subject of the next chapter.
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The AI Workforce

"Every great technological revolution has changed the nature 
of work. Artificial intelligence is the first to introduce an 

entirely new kind of coworker"

For centuries, universities have been communities of people. Faculty 
have carried forward the intellectual traditions of their disciplines 
through teaching and scholarship. Staff have created the conditions 

that allow institutions to function, often performing work that remains 
largely invisible to those outside the university but without which no 
campus could operate. Students have entered these communities as 
learners and, over time, have become contributors to the institution's 
knowledge and culture.

The AI-native university introduces a new participant into 
institutional life: the AI coworker. Unlike previous technologies, which 
served primarily as tools, intelligent systems increasingly perform defined 
responsibilities alongside human colleagues. They organize information, 
coordinate workflows, assist with analysis, support communication, 
monitor institutional processes, and contribute specialized expertise 
wherever such assistance strengthens the university's work.

The distinction between a tool and a coworker is significant

A calculator performs a calculation when instructed. A database stores 
information until someone retrieves it. A spreadsheet organizes numbers 
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according to formulas that people create. These technologies remain 
passive until directed by human beings.

An AI coworker behaves differently. It can observe patterns, recognize 
context, retrieve institutional knowledge, prepare recommendations, 
coordinate routine activities, and complete well-defined responsibilities 
with a degree of independence that previous technologies never possessed. 
It does not replace institutional leadership or human judgment, but it also 
does not passively wait for every individual instruction. It contributes 
continuously within clearly established boundaries. Recognizing this 
distinction allows universities to think differently about work itself.

For generations, institutional capacity has been measured largely by 
the number of people available to perform necessary responsibilities. As 
universities grew, they hired additional faculty, advisors, researchers, 
administrators, librarians, technology professionals, financial specialists, 
communications staff, and countless others whose expertise enabled them 
to expand their missions. This pattern will continue. Universities will 
always require talented people.

What changes is that every one of those people increasingly works 
alongside intelligent systems capable of extending individual capacity. The 
faculty member no longer prepares every instructional resource on their 
own. The advisor no longer spends most of the appointment reviewing 
information that could have been organized beforehand. The researcher 
no longer begins every literature review with an empty page. The financial 
analyst no longer compiles reports manually before meaningful analysis 
can begin. The communications professional no longer starts every 
campaign from scratch. Across the institution, routine cognitive work 
becomes increasingly shared.

This transformation should not be understood as a reduction in human 
work, but as a redistribution of human attention.

The activities that define higher education have always depended upon 
uniquely human qualities. Faculty mentor students through moments of 
uncertainty. Researchers formulate questions that no existing theory can 
answer. Advisors help students reconcile personal aspirations with 
academic opportunities. Presidents lead institutions through periods of 
social and technological change. None of these responsibilities can be 
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reduced to the execution of a process. They require judgment, experience, 
empathy, creativity, and moral responsibility.

Artificial intelligence cannot supply these qualities. What it can do is 
reduce the amount of time spent on work that does not require them. In 
doing so, it allows universities to invest more deeply in the activities that 
define their mission.

This perspective changes how institutions should prepare every 
member of their workforce.

Faculty development can no longer focus exclusively on disciplinary 
expertise and pedagogy. Professors must also learn how to collaborate 
effectively with intelligent systems, understanding their capabilities and 
limitations. The goal is the thoughtful integration of AI into teaching, 
scholarship, and academic leadership while preserving the values that 
distinguish university education.

Staff experience a similar transformation. Many administrative 
professionals understandably view artificial intelligence with uncertainty. 
Questions about automation often become questions about employment. 
Such concerns deserve honest attention because technological change has 
always reshaped the nature of work. The history of universities, however, 
suggests a more encouraging interpretation.

Administrative responsibilities have expanded continuously for 
decades as institutions have become more complex. Compliance 
requirements have multiplied. Student services have broadened. 
Technology infrastructures have grown increasingly sophisticated. 
Expectations for communication, accessibility, assessment, and 
accountability continue to rise. Universities rarely suffer from a shortage 
of meaningful work. They lack the time to perform that work 
thoughtfully.

Artificial intelligence offers staff an opportunity to devote less energy 
to repetitive administrative tasks and more energy to solving institutional 
problems that require experience and professional judgment. Admissions 
counselors spend more time helping students make important educational 
decisions. Human resource professionals devote greater attention to 
organizational culture and employee development. Financial specialists 
focus increasingly on planning rather than data preparation. Technology 



80 | The AI-Native University

professionals become architects of institutional intelligence rather than 
simply maintainers of technical infrastructure.

Students, too, become members of this evolving workforce. This 
observation may seem unusual because students are often described 
primarily as recipients of educational services. Yet universities have always 
depended upon students as active participants in the intellectual life of the 
institution. They conduct research, contribute to laboratories, support 
teaching, lead organizations, build entrepreneurial ventures, and 
participate in the governance of campus communities. Artificial 
intelligence expands these opportunities by allowing students to 
undertake increasingly sophisticated work earlier in their educational 
journeys.

Rather than replacing student effort, AI changes the level at which 
students begin contributing. Learners spend less time searching for 
information and more time evaluating it. They devote less energy to 
routine tasks and more to analysis, creativity, experimentation, and 
original thought. The university becomes not merely a place where 
students consume knowledge but a place where they contribute 
meaningfully to its creation.

The emergence of AI coworkers also changes leadership itself. 
Presidents, provosts, deans, department chairs, and administrative leaders 
increasingly guide organizations composed of both human professionals 
and intelligent systems. Their responsibility extends beyond managing 
people. They must design environments in which human judgment and 
artificial intelligence complement one another responsibly. Decisions 
about governance, accountability, professional development, 
organizational culture, and ethical oversight become inseparable from 
decisions about technology. Leadership therefore evolves from 
supervising work to designing systems within which work is performed. 
This may prove to be one of the defining management challenges of the 
coming decades.

Organizations have long been described in terms of their people, their 
structures, and their processes. The AI-native university introduces a 
fourth dimension: intelligent institutional capability. Human expertise 
remains at the center of the institution, but it is increasingly amplified by 
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a digital workforce that operates continuously, preserves institutional 
memory, coordinates routine responsibilities, and extends the reach of 
every academic and administrative function.

The university of the future will not be distinguished by the number of 
intelligent systems it deploys but by the quality of collaboration between 
people and those systems. Institutions that view artificial intelligence as a 
substitute for human expertise will almost certainly diminish the very 
qualities that make universities valuable. Institutions that treat intelligent 
systems as thoughtful collaborators, designed to strengthen rather than 
replace human capability, will discover entirely new possibilities for 
teaching, research, leadership, and service.

Seen in this light, the phrase AI workforce does not describe a 
workforce composed of machines. It describes a university in which 
human beings gain a new category of colleagues. The faculty member 
gains an academic partner capable of organizing information and 
supporting scholarship. The advisor gains an assistant who prepares every 
conversation. The researcher gains a collaborator who accelerates 
exploration. The administrator gains continuous operational support. The 
president gains institutional intelligence that informs leadership without 
replacing it.

The university itself gains something it has never possessed before: an 
additional workforce whose purpose is not to substitute for human 
expertise but to multiply its impact. Universities need not only intelligent 
people and intelligent agents. They need a coherent architecture that 
allows both to work together effectively. It is to that architecture—the AI 
Operating System—that we now turn.
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AI-Augmented Scholarship

"The university exists for two great purposes: to educate those 
who seek knowledge and to expand the boundaries of 

knowledge itself. Artificial intelligence transforms both 
missions, but it may transform the second more profoundly 

than the first"

Teaching is the activity most people associate with universities. 
Students attend lectures, participate in seminars, complete 
laboratory exercises, and graduate with degrees that prepare them 

for professional and civic life. Yet universities have always been more than 
educational institutions. They are also places where humanity attempts to 
answer questions that have never before been answered.
 Every major scientific breakthrough, every significant 
advancement in medicine, engineering, economics, philosophy, literature, 
public policy, and countless other disciplines rests upon the work of 
scholars who dedicated themselves not merely to transmitting existing 
knowledge but to creating new knowledge. Universities preserve 
civilization by educating students. They advance civilization by extending 
the frontier of human understanding. This dual mission has shaped higher 
education for nearly two centuries.

When the modern research university emerged in the nineteenth 
century, it fundamentally changed the institution's identity. Faculty were 
no longer expected to teach only. They were expected to investigate, 
discover, challenge accepted assumptions, and contribute original 
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scholarship to their disciplines. Research laboratories became as 
important as classrooms. Academic journals became as central to 
university life as textbooks. The university accepted responsibility not 
only for preparing students to understand the world, but also for helping 
humanity understand the world more deeply. And AI enters this tradition 
at a remarkable moment.

Never before have researchers possessed access to so much 
information. Every day, thousands of scientific papers, technical reports, 
datasets, books, policy analyses, and conference proceedings become 
available across virtually every discipline. Interdisciplinary research has 
become increasingly important precisely because many of the most 
pressing challenges facing society refuse to remain within traditional 
academic boundaries. Climate change cannot be understood through 
environmental science alone. Public health requires medicine, sociology, 
economics, data science, psychology, and public policy. Artificial 
intelligence itself draws upon computer science, mathematics, philosophy, 
linguistics, neuroscience, ethics, and law.

The expansion of knowledge has become one of scholarship's greatest 
achievements.

It has also become one of its greatest challenges. No individual 
researcher, regardless of experience or dedication, can fully absorb 
everything published even within a highly specialized field. Literature 
reviews that once required weeks may now require months. 
Interdisciplinary collaboration demands familiarity with bodies of 
knowledge that continue expanding faster than any individual can 
reasonably master. Researchers increasingly devote significant time to 
organizing information before generating new ideas.

Artificial intelligence changes this landscape, not because it replaces 
scholarship, but because it changes the relationship between scholars and 
knowledgeitself.

Research has never been simply the accumulation of information. 
Libraries have always contained more knowledge than any one scholar 
could read. The defining characteristic of scholarship has instead been the 
ability to ask meaningful questions, identify important problems, evaluate 
evidence critically, and construct explanations that deepen human 
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understanding. These activities require imagination as much as 
information. They require judgment as much as analysis. They require 
intellectual courage as much as technical competence.

Artificial intelligence possesses none of these qualities. It does, 
however, possess an extraordinary capacity to organize, retrieve, compare, 
summarize, synthesize, and analyze information across bodies of 
knowledge that would overwhelm even the most accomplished 
researcher. When properly employed, these capabilities alter not the 
purpose of scholarship but the conditions under which scholarship is 
conducted.

Consider the traditional literature review

For generations, researchers have begun new investigations by 
carefully examining existing scholarship. This process serves several 
essential purposes. It prevents unnecessary duplication, identifies 
unresolved questions, situates new work within ongoing academic 
conversations, and ensures that discoveries build upon rather than ignore 
previous contributions. The literature review has therefore been one of 
the defining practices of serious scholarship. It has also become 
increasingly difficult.

Thousands of relevant publications may exist across multiple 
disciplines, each employing different methodologies, theoretical 
perspectives, and terminology. Researchers spend enormous amounts of 
time locating, organizing, categorizing, and summarizing information 
before the real intellectual work begins.

Artificial intelligence dramatically accelerates these preparatory 
activities. It identifies relevant publications, compares competing theories, 
recognizes recurring themes, highlights methodological differences, and 
reveals relationships that might otherwise remain hidden across 
disciplinary boundaries. The scholar begins the investigation with a 
broader and more coherent understanding of existing knowledge than 
previous generations could reasonably obtain.

Artificial intelligence can reveal patterns, but it cannot determine their 
significance. Yet the decisive insight still belongs to the researcher.
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Modern scholarship increasingly depends upon connecting ideas that 
originated within different disciplines. Economists collaborate with 
neuroscientists. Engineers work alongside ethicists. Historians engage 
with computer scientists. Universities have long encouraged 
interdisciplinary work because reality itself refuses to divide neatly along 
departmental lines.

Artificial intelligence strengthens these collaborations by making 
intellectual connections easier to recognize. It allows researchers to 
explore relationships across disciplines without requiring years of 
preliminary exploration before meaningful conversations can even begin. 
Questions emerge more quickly because relevant knowledge becomes 
more accessible.

Data analysis has undergone a similar transformation. Scientific 
research now produces volumes of information unimaginable only a 
generation ago. Genomic sequencing, satellite imagery, sensor networks, 
learning analytics, climate models, economic forecasting, and countless 
other fields generate datasets whose scale often exceeds traditional 
analytical methods. Artificial intelligence provides researchers with new 
ways to identify patterns, test hypotheses, construct models, and visualize 
complex relationships. These capabilities increase the pace of 
investigation.

Indeed, they make rigorous reasoning even more important. As 
computational capacity grows, scholars become increasingly responsible 
for ensuring that interpretation remains thoughtful, transparent, and 
intellectually honest. Artificial intelligence can identify correlations that 
deserve attention. Researchers determine whether those correlations 
contribute to genuine understanding.

Even grant writing, often viewed as an administrative obligation 
rather than a scholarly activity, changes in meaningful ways within the AI-
native university.

Preparing competitive proposals requires researchers to synthesize 
existing literature, articulate the significance of proposed investigations, 
design appropriate methodologies, develop realistic budgets, coordinate 
multidisciplinary teams, and satisfy increasingly detailed agency 
requirements. Much of this work demands careful organization rather 
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than original discovery. Artificial intelligence supports these activities by 
reducing the administrative effort of communicating scholarly ideas, 
allowing investigators to devote more time to refining the ideas 
themselves.

AI democratizes aspects of scholarship that have historically depended 
upon institutional scale. Researchers working at smaller universities gain 
access to forms of analytical support once available primarily through large 
research teams. Junior faculty receive assistance navigating extensive 
bodies of literature that previously required years of accumulated 
familiarity. Graduate students begin engaging more quickly with 
sophisticated research questions because the mechanics of organizing 
information become less burdensome.

• The result is not the disappearance of expertise.
• It is the expansion of opportunity.
• Such opportunities, however, bring corresponding responsibilities.

Universities must evaluate AI based on whether it enhances the quality 
of scholarship rather than merely increasing its speed. Transparency, 
reproducibility, intellectual honesty, careful attribution, and critical 
evaluation remain the defining characteristics of serious academic inquiry. 
Technology changes the tools of scholarship. It does not alter its standards. 
In many respects, this is the defining lesson of the research university 
itself.

Every generation of scholars has adopted new instruments that 
expanded humanity's ability to observe, measure, analyze, and understand 
the world. The telescope transformed astronomy. The microscope 
transformed biology. High-performance computing transformed physics. 
Artificial intelligence now joins this lineage of intellectual instruments. Its 
significance lies not in replacing the scholar but in expanding the scholar's 
capacity to discover.

The university has always existed because humanity believed that 
knowledge deserved to grow. Artificial intelligence does not change that 
belief. It offers universities an opportunity to pursue it more ambitiously 
than any previous generation could have imagined.
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If teaching becomes more personal and administration becomes more 
intelligent, scholarship becomes more expansive. Researchers ask larger 
questions because they are no longer constrained by many of the 
mechanical limitations that previously shaped academic work. Discovery 
accelerates not because machines become curious, but because curious 
human beings gain new ways of exploring the unknown.

That transformation extends beyond individual scholars. As research 
itself becomes increasingly interconnected, the university begins to 
acquire a new institutional capability. 

Understanding that transformation requires looking beyond 
individual researchers toward the intelligence of the institution itself is the 
subject of the next chapter.
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Institutional Intelligence

"Universities have always sought to cultivate intelligence 
within their students. The next great challenge is cultivating 

intelligence within the institution itself"

Every university generates knowledge. Faculty produce 
scholarships. Students create projects, dissertations, performances, 
and research. Administrators develop strategic plans, accreditation 

reports, policies, and operational analyses. Every day, thousands of 
decisions are made across classrooms, laboratories, offices, residence halls, 
libraries, and administrative departments. 

Collectively, these activities produce an extraordinary body of 
institutional knowledge. Yet remarkably little of that knowledge becomes 
institutional intelligence.

Most universities possess abundant information. They maintain 
sophisticated student information systems, learning management 
platforms, financial databases, research administration systems, human 
resource records, advancement software, and countless other digital 
repositories. Leadership teams receive dashboards containing enrollment 
trends, budget forecasts, graduation rates, research expenditures, 
fundraising performance, and operational metrics. Every department 
generates reports. Every committee reviews evidence. Every strategic 
initiative produces documentation. Information has never been scarce.

During the past several decades, institutions invested heavily in 
collecting, organizing, and reporting data. The expectation was that better 
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information would produce better decisions. Accurate reporting would 
improve planning. Comprehensive dashboards would allow leaders to 
understand increasingly complex institutions.

Expectations were fulfilled, and today universities know far more 
about themselves than they did a generation ago.

However, enrollment has declined. Faculty workload has increased. 
Student retention has improved in one college but not another.

Universities have long aspired to become data-informed institutions. 
And the AI-native university plays a huge role, having become an 
institution capable of learning from itself.

Today, presidents, provosts, faculty, governing boards, and 
administrative professionals continue to exercise judgment, weigh 
competing priorities, and make decisions in accordance with institutional 
mission and values.

The university has the capacity to transform its accumulated 
knowledge into meaningful understanding that supports better decisions.

Every university already possesses the raw materials. Historical 
enrollment patterns. Academic performance. Research activity. Faculty 
expertise. Budget information. Student engagement. Alumni outcomes. 
Community partnerships. Policy histories. Strategic plans. Operational 
experience.

The challenge has never been collecting these resources, but 
connecting them. AI-driven Institutional intelligence arises as a powerful 
concept.

For generations, universities organized knowledge according to 
administrative boundaries. Admissions maintained one perspective. 
Academic affairs maintained another. Student affairs developed its own 
understanding. Finance, human resources, research administration, 
libraries, and information technology each possessed valuable 
institutional insight, yet much of that insight remained confined within 
departmental structures.

The AI-native university preserves specialization while allowing 
institutional knowledge to become increasingly interconnected.

In many universities, a decision made in one area rarely affects only 
that area. 
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But enrollment influences budgeting. Budgeting shapes hiring. Hiring 
affects course availability. Course availability influences student 
progression. Student progression affects graduation. Graduation shapes 
alumni engagement. Alumni engagement influences philanthropy.

Every significant institutional decision creates consequences that 
extend well beyond the office in which it originated.

Institutional intelligence recognizes these relationships and helps 
leaders understand not simply individual indicators but the patterns 
connecting them.

This capability becomes especially valuable in strategic planning

Universities have always planned for uncertain futures. Leaders 
consider demographic trends, economic conditions, research 
opportunities, workforce demands, technological developments, and 
countless other variables when determining institutional priorities. Such 
planning has traditionally relied upon historical evidence, professional 
judgment, and informed projection.

Artificial intelligence enriches this process by enabling institutions to 
explore alternative futures more systematically than ever before.

What happens if undergraduate enrollment declines while graduate 
enrollment grows? What if a new interdisciplinary research initiative 
receives substantial external funding? How would changes in 
international student mobility affect institutional finances? What 
investments produce the greatest long-term educational benefit?

Rather than offering predictions presented as certainty, institutional 
intelligence allows leaders to examine multiple possibilities 
simultaneously. Different assumptions generate different scenarios. 
Potential consequences become visible before decisions are implemented.

But this capacity for simulation does not replace leadership. It 
strengthens it.

The same principle applies to decision support. Leadership within 
higher education has always depended upon conversation. Presidents meet 
with provosts. Deans consult faculty. Committees deliberate. Governing 
boards evaluate strategic alternatives. Universities are rightly cautious 
because their decisions often shape generations of students and scholars.
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Artificial intelligence allows them to make conversations more 
informed.

Imagine a president preparing for a meeting concerning the future of 
undergraduate enrollment. Rather than reviewing dozens of separate 
reports, institutional intelligence presents a coherent understanding of the 
issue. Historical trends, demographic projections, financial implications, 
student success data, workforce needs, and previous institutional decisions 
are synthesized into a unified analysis. The president begins the discussion 
with greater clarity because it has assembled the institutional knowledge 
necessary for thoughtful leadership.

Universities constantly decide where to invest limited resources. Every 
additional faculty position, research initiative, scholarship program, 
technology investment, or capital project represents both an opportunity 
and a tradeoff. These decisions require balancing immediate needs against 
long-term priorities while remaining faithful to the institutional mission.

Institutional intelligence helps leaders understand the broader 
consequences of those choices. It identifies opportunities for cross-
departmental coordination, reveals patterns that might otherwise remain 
hidden, and supports more thoughtful stewardship of financial, 
intellectual, and human resources.

Artificial intelligence offers the possibility of preserving institutional 
understanding in ways previously impossible. Policies remain linked to 
the circumstances that produced them. Successful initiatives become 
easier to replicate. Unsuccessful initiatives become easier to understand.

An institution that continuously learns from its own experience 
gradually becomes wiser. It repeats fewer mistakes. It recognizes emerging 
opportunities more quickly. It responds to change with greater confidence 
because its decisions draw upon accumulated understanding rather than 
isolated information.

This idea returns us to one of the central themes of this book. The AI-
native university is defined by how intelligence is organized.

Students receive more personalized support because knowledge 
becomes connected. Faculty teach more effectively because understanding 
becomes richer. Researchers discover more because information becomes 
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more accessible. Leaders govern more wisely because institutional 
learning becomes continuous.

Universities will ultimately distinguish themselves by the wisdom with 
which they integrate intelligence into their mission. Some institutions will 
use AI primarily to automate existing processes. Others will employ it to 
strengthen institutional understanding, deepen collaboration, and 
improve the quality of decision-making across every level of the 
university.

AI will help them understand themselves more deeply. Knowledge, 
intelligence, and thoughtful leadership must ultimately be translated into 
institutional design. Universities need an architecture capable of 
connecting people, processes, knowledge, and intelligent systems into a 
coherent whole.

Building that architecture is the work of the next part of this book.
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The AI Operating System

"Universities have spent centuries organizing people. The 
next great challenge is organizing intelligence"

Every institution must have an AI operating system. Every 
organization possesses a set of structures, processes, relationships, 
and rules that determine how work is performed. Decisions follow 

established pathways. Information moves through established channels. 
Responsibilities are distributed across departments. People understand 
where authority lies, how collaboration occurs, and what happens when 
action is required. Most universities have gradually developed these non-
AI-driven operating systems. 

They were not designed all at once. They evolved over decades, 
sometimes centuries, as new responsibilities emerged and new offices 
were created. Admissions was established because universities needed a 
systematic way of selecting students. Registrars appeared because 
academic records required careful stewardship. Financial offices expanded 
as institutions became more complex. Libraries evolved into sophisticated 
centers of information management. Information technology 
departments emerged as digital systems became essential to university life. 
Each addition solved a genuine problem.

Collectively, however, they produced institutions whose intelligence 
became increasingly distributed. Knowledge accumulated across 
departments, systems, committees, documents, and individual experience. 
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Every office understood a portion of the university exceptionally well. Few 
possessed a comprehensive understanding of the institution as a whole.

The digital transformation of higher education improved this situation 
without fundamentally changing it.

Universities connected systems, digitized records, integrated 
databases, and modernized communication. Information became easier to 
store, retrieve, and exchange. Yet much of the institution’s knowledge 
remained fragmented. Data flowed more efficiently than before, but 
understanding continued to depend largely upon people connecting ideas 
across organizational boundaries.

Artificial intelligence changes this relationship by allowing 
institutional knowledge to become increasingly interconnected.

That possibility requires something universities have never previously 
possessed: An AI Operating System.

The phrase should not be understood as referring to a particular 
software platform. Nor does it describe a commercial product that can 
simply be purchased and installed. The AI Operating System is as an 
institutional architecture. It provides the environment within which 
intelligent systems, people, knowledge, and organizational processes work 
together as parts of a coherent whole.

Every AI-native university will build this architecture differently. But 
principles will remain consistent.

Universities are extraordinary creators of  knowledge

Every semester generates new course materials, research findings, 
committee recommendations, policy revisions, accreditation reports, 
strategic plans, financial analyses, student projects, and administrative 
decisions. Faculty devote entire careers to advancing understanding 
within their disciplines. Staff accumulate practical wisdom through years 
of solving institutional problems. Leaders make decisions whose 
consequences shape campuses for decades. And much of this knowledge 
remains surprisingly difficult to access.

Some of it exists within formal systems. Some reside inside documents 
that few people know how to locate. Much of it lives only in the 
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experience of individuals who eventually retire, change institutions, or 
assume different responsibilities.

Institutional memory seeks to preserve that understanding

It connects decisions with their context. It links policies to the 
conversations that produced them. It allows future leaders to understand 
what happened and why particular choices were made.

Knowledge must also become connected. Modern universities operate 
through dozens, sometimes hundreds, of information systems. Student 
records, learning management platforms, financial applications, research 
databases, human resource systems, identity services, library resources, 
customer relationship management platforms, and many other 
technologies each contribute valuable information.

The AI Operating System does not replace these systems. It gives them 
a common language.

Rather than treating information as isolated records stored within 
separate applications, the institution begins to understand relationships. 
Courses connect naturally with programs. Programs connect with 
learning outcomes. Learning outcomes connect with assessment. Faculty 
connect with research. Students connect with advising. Policies connect 
with operational decisions. Information becomes knowledge because it 
acquires context. It’s a huge shift.

Organizations struggle because their wealth of data remains 
disconnected. The AI Operating System, therefore, becomes a knowledge 
system before it becomes a technology system.

Once institutional knowledge is connected, a new possibility emerges 
as intelligent agents can begin working together.

Throughout this book, we have discussed specialized agents 
supporting admissions, advising, teaching, research, finance, human 
resources, and countless other university functions. Considered 
individually, each agent performs a defined responsibility. Collectively, 
however, they require coordination. Universities cannot become 
intelligent if every agent operates independently, unaware of what others 
are doing or of the broader institutional context in which decisions are 
made. The AI Operating System provides that coordination.
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It determines how agents communicate, when information should be 
shared, what actions require human approval, and which institutional 
policies govern every interaction. It allows specialized intelligence to 
become institutional intelligence.

This orchestration distinguishes an ecosystem from a collection of 
disconnected applications.

Universities are custodians of extraordinarily sensitive information. 
Student records, research data, personnel files, financial information, 
intellectual property, and countless other forms of institutional knowledge 
require careful protection. Artificial intelligence cannot become trusted 
unless it operates within clearly defined boundaries.

An AI Operating System, therefore, begins with identity rather than 
capability. It understands not only what information exists, but who 
should legitimately use it and under what circumstances. Trust becomes an 
architectural principle. 

Every university performs thousands of recurring activities every day. 
Applications move through review. Research proposals receive approvals. 
Financial transactions require authorization. Academic policies are 
interpreted. Student questions become advising conversations. Faculty 
prepare courses. Staff coordinates services across departments. The AI 
Operating System allows knowledge itself to move more intelligently.

Automation, in this sense, is not the objective. The goal is thoughtful 
coordination and integration. Interoperability completes the architecture.

Universities have always excelled at bringing people together around 
shared intellectual purposes. The next stage of their evolution requires 
bringing together knowledge, systems, workflows, and intelligent 
capabilities with the same degree of intentionality. The institution 
becomes more understandable to itself. Information flows more naturally. 
Decisions become better informed. Collaboration becomes less dependent 
upon organizational boundaries.

Most importantly, the university develops the capacity for continuous 
learning.

With its custom-deployed AI Operating System, the university 
gradually acquires something that previous generations could only 
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approximate: Institutional wisdom. It is the foundation upon which the 
AI-native university is built.

The next step is understanding what this architecture makes possible. 
Once the operating system is in place, universities can begin designing an 
ecosystem of specialized agents that collaborate across the institution, 
extending human capabilities in ways that no isolated application could 
ever achieve.

That ecosystem is the subject of the next chapter.



106 | The AI-Native University



Designing an AI Agent Ecosystem | 107

C H A P T E R  1 5

Designing an AI Agent Ecosystem

"Universities have long organized expertise into colleges, 
schools, departments, and administrative offices. The AI-
native university organizes intelligence in much the same 
way: not as one universal system, but as an ecosystem of 

specialized collaborators working toward a common 
mission"

One of the earliest misconceptions around AI was that a single 
intelligent assistant could solve nearly every institutional 
problem. Universities experimented with chatbots capable of 

answering admissions questions, helping students locate campus 
resources, or responding to frequently asked administrative inquiries. 
These early systems demonstrated genuine value. They improved 
responsiveness, reduced routine workload, and introduced many 
institutions to the practical possibilities of conversational AI.

As universities began exploring broader applications, however, an 
important limitation became apparent: Universities are not simple 
organizations.

They are among the most intellectually diverse institutions in society. 
Admissions professionals evaluate prospective students. Faculty design 
curricula and conduct research. Advisors guide academic journeys. 
Financial specialists steward institutional resources. Librarians preserve 
and organize knowledge. Researchers pursue questions whose answers 
may not emerge for years. Information technology professionals maintain 
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increasingly sophisticated digital ecosystems. Presidents and governing 
boards make decisions that shape the institution for generations.

Each of these responsibilities requires different knowledge, priorities, 
language, and forms of judgment. Expecting a single artificial intelligence 
system to master all of them is like expecting one person to perform every 
role at the university.

The AI-native institution, rather than attempting to create one 
universal intelligence, develops an ecosystem of specialized agents. Each is 
designed for a clearly defined purpose. Each develops deep expertise 
within a particular institutional domain. Each operates within carefully 
established permissions and governance. Most importantly, each 
collaborates with both human colleagues and other intelligent agents 
rather than functioning in isolation. The emphasis on collaboration is 
crucial.

Universities have never derived their strength from isolated expertise. 
They have prospered because specialists from different disciplines learn to 
work together. The chemist collaborates with the physician. The 
economist works alongside the political scientist. The historian enriches 
the philosopher's perspective. Higher education has always depended 
upon intellectual communities rather than isolated experts. The same 
principle applies to artificial intelligence.

The value of an admissions agent does not lie solely in its 
understanding of admissions. It lies equally in its ability to work 
intelligently with advising, financial aid, enrollment management, student 
success, and academic affairs. Every significant institutional process 
crosses organizational boundaries. Intelligent agents must therefore do the 
same.

Academic affairs illustrates this principle well. The work of academic 
leadership extends far beyond course scheduling or curriculum 
management. Deans, department chairs, faculty committees, assessment 
coordinators, accreditation teams, and instructional designers all 
contribute to the intellectual life of the institution. They continuously 
evaluate programs, revise curricula, monitor educational quality, support 
faculty, and ensure that the university remains faithful to its academic 
mission.
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Specialized academic agents strengthen these responsibilities rather 
than replacing them. Curriculum agents monitor developments across 
disciplines and organize relevant evidence for faculty review. Assessment 
agents help synthesize learning outcomes while preserving faculty 
authority over educational standards. Accreditation agents organize 
documentation that previously required months of manual preparation. 
Scheduling agents identify conflicts and recommend alternatives while 
leaving final decisions to academic leadership. Each performs a different 
function, and together, they support a coherent academic enterprise.

Admissions forms another essential component of the ecosystem. 
Earlier in this book, we argued that admissions should be understood not 
merely as an administrative process but as the beginning of the student's 
relationship with the university. An AI agent ecosystem extends this 
philosophy by recognizing that prospective students require different 
forms of guidance at different points in time. Recruitment agents 
introduce programs and the institutional mission. Admissions advisors 
help applicants understand academic pathways. Transfer specialists 
evaluate previous coursework. Financial guidance agents explain 
scholarship opportunities and aid processes. Enrollment agents coordinate 
the transition from applicant to student.

These agents do cooperate, with each contributing its expertise while 
maintaining awareness of the broader educational journey.

Student success demonstrates perhaps even more clearly why 
collaboration matters. Faculty contribute through teaching and 
mentorship. Advisors provide academic guidance. Counseling centers 
support well-being. Financial aid offices remove economic barriers. 
Career services prepare students for professional life. Student affairs 
professionals foster community and belonging.

A tutoring agent identifies recurring academic challenges. An advising 
agent helps students understand degree progress. A financial guidance 
agent anticipates scholarship deadlines. A career planning agent connects 
coursework with emerging professional opportunities. A wellness routing 
agent recommends appropriate campus resources when students express 
concerns beyond the academic sphere. Each agent understands its own 
responsibility, and none attempts to replace the others.
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Faculty likewise benefit from an ecosystem rather than a single 
assistant. Teaching, scholarship, service, and institutional leadership 
represent distinct aspects of academic life. Professors, therefore, require 
different forms of support depending upon the work before them. A 
teaching agent assists with instructional preparation. A learning design 
agent suggests active learning strategies. A research assistant organizes 
literature and supports scholarly inquiry. An accessibility agent helps 
ensure that instructional materials serve all learners. Administrative 
agents assist with documentation, reporting, and routine institutional 
responsibilities.

None of these systems teaches the course. The professor remains 
responsible for every academic decision. The ecosystem simply expands 
the professor's capacity to devote attention where it matters most.

Research follows a similar pattern. Modern scholarship increasingly 
depends upon collaboration across disciplines, institutions, and 
methodologies. Artificial intelligence naturally reflects this environment. 
Literature agents organize existing scholarship. Data agents assist with 
analysis and visualization. Grant development agents coordinate proposal 
preparation. Compliance agents help researchers navigate ethical and 
regulatory requirements. Publication agents support dissemination while 
preserving scholarly integrity. Each contributes to the research enterprise.

The administrative divisions of the university also become 
participants within this ecosystem.

Finance agents assist with forecasting, reporting, procurement, and 
budget analysis. 

Human resource agents support recruitment, onboarding, policy 
guidance, and professional development. 

Information technology agents monitor infrastructure, coordinate 
integrations, strengthen cybersecurity, and support institutional 
intelligence. 

Marketing and communications agents help personalize engagement 
with prospective students, alumni, donors, and community partners. 

Advancement agents assist development professionals by organizing 
institutional knowledge and preparing meaningful donor engagement, 
while leaving relationship-building entirely in human hands.
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Even executive leadership becomes part of this collaborative 
environment.

Presidents, provosts, chief financial officers, chief information officers, 
and governing boards make decisions whose consequences extend across 
the institution. Their work requires a comprehensive understanding of 
the university rather than deep specialization in a single department. 

Executive agents, therefore, serve a different purpose from operational 
agents. They synthesize institutional knowledge, prepare strategic 
analyses, model alternative scenarios, identify emerging risks, and retrieve 
relevant institutional memory. They help leaders understand the 
institution more completely without assuming responsibility for the 
decisions themselves.

The true power of the AI-native university does not emerge from 
admissions, advising, finance, or research considered separately. It 
emerges from the relationships among them. Imagine a student changing 
majors midway through an academic program. That decision influences 
degree planning, financial aid, course scheduling, faculty advising, career 
planning, and ultimately graduation. Within a traditional institution, 
these offices coordinate through considerable human effort. 

Within an AI agent ecosystem, specialized agents share relevant 
information in accordance with clearly defined governance policies while 
maintaining appropriate human oversight.

The student experiences one university rather than many separate 
departments.

Universities should resist the temptation to create agents simply 
because artificial intelligence makes them possible. Every intelligent agent 
should exist for a clearly articulated educational or institutional purpose. 
Responsibilities must be carefully defined. Boundaries must be explicit. 
Governance must remain visible. Collaboration should always be 
preferred over duplication.

The objective is not to build the largest ecosystem. It is to build the 
most coherent one.

The universities that succeed will not necessarily deploy more agents 
than their peers. They will design relationships among those agents more 
thoughtfully. Intelligence will flow naturally across the institution without 
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compromising accountability, privacy, or academic values. Faculty, staff, 
and students will experience technology not as a collection of disconnected 
applications but as a coordinated extension of the university's mission.

This vision brings us to an important realization. The AI-native 
university is no longer defined by individual intelligent systems. It is 
defined by an institutional ecology in which human expertise and 
specialized artificial intelligence reinforce one another continuously. 
Every participant contributes something different. Every participant 
depends upon the others. Together they create a university that is more 
responsive, more connected, and more capable of fulfilling its educational 
mission than any previous institutional model. Such an ecosystem, 
however, can exist only if it is governed wisely.

Intelligence without trust ultimately weakens institutions rather than 
strengthening them. As universities become increasingly dependent upon 
artificial intelligence, questions of governance, ethics, transparency, 
privacy, and accountability move from the margins of institutional life to 
its very center.

Those questions form the subject of the next chapter.
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Governance, Ethics, and Trust

"The greatest challenge facing the AI-native university is not 
building intelligent systems. It is ensuring that those systems 

remain worthy of the trust upon which every university 
ultimately depends"

Governments enact laws. Hospitals care for patients. Courts 
administer justice. Businesses create products. Universities 
perform a different kind of public service. They occupy a unique 

position in society.
Universities preserve knowledge, educate future generations, 

challenge accepted ideas, cultivate informed citizens, and create the 
conditions through which societies continue learning about themselves. 

Every one of these responsibilities depends upon a resource more 
valuable than financial capital, technological sophistication, or 
institutional reputation. It depends upon trust. Trust has always been the 
university's most valuable asset.

Parents entrust universities with the education of their children. 
Students entrust them with years of their lives and often significant 
financial sacrifice. Faculty entrust institutions with the freedom to pursue 
difficult questions. Governments, philanthropic organizations, research 
sponsors, and communities all place confidence in universities because 
they believe these institutions will exercise knowledge responsibly.

Artificial intelligence does not change that reality. But it has to be 
implemented correctly, as innovation without trust rarely endures.
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Throughout this book, we have explored the extraordinary 
possibilities that AI creates for teaching, research, student success, 
administration, and institutional leadership. AI has the potential to 
reshape higher education as profoundly as the research university 
reshaped it during the nineteenth century. The AI-native university 
therefore begins with governance.

Many organizations approach artificial intelligence by first asking what 
the technology can do and only later considering how it should be 
managed. Universities should reverse that order. Before deciding where 
AI should be deployed, they must first establish the principles that 
determine where it should not. Before asking what intelligent systems are 
capable of, one must ask which responsibilities should always remain 
unmistakably human. Governance provides the answers to those 
questions.

Properly understood, governance is not an obstacle to innovation. It is 
the framework that allows innovation to occur responsibly. Universities 
have always governed teaching through academic standards, research 
through ethical review, and institutional leadership through shared 
systems of accountability. Artificial intelligence deserves no less 
thoughtful an approach.

Meaningful institutional responsibility must always remain human.
Artificial intelligence may be recommended. It may organize 

information, identify patterns, summarize evidence, or simulate possible 
outcomes. It may even become remarkably persuasive in presenting 
alternative courses of action. Yet the authority to make decisions affecting 
admissions, academic standards, employment, research integrity, student 
discipline, institutional strategy, and the welfare of the university 
community must continue to reside with people. This principle is not 
rooted in technological limitation. It is rooted in moral responsibility.

Universities are communities governed by judgment rather than 
calculation alone. Academic decisions involve values as well as evidence. 
Leadership requires as much wisdom as information. Responsibility 
cannot be delegated to software because responsibility ultimately belongs 
to those who serve the institution and the society that created it. Human 
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oversight therefore becomes the first principle of AI governance. Privacy 
follows naturally.

Few organizations possess information as sensitive as that entrusted to 
universities. Academic records, research data, financial information, 
health documentation, employment records, intellectual property, donor 
relationships, and countless other forms of knowledge flow continuously 
through institutional systems. Much of this information concerns 
individuals at particularly formative moments of their lives. Students 
experiment intellectually, change directions, struggle, succeed, and mature 
within environments that depend upon confidentiality. Artificial 
intelligence must deepen this obligation.

Every intelligent system introduced into the university should begin 
with a simple question: what information is genuinely necessary to 
accomplish its purpose? Collecting data merely because it might someday 
prove useful reflects a philosophy fundamentally at odds with the values of 
higher education. Universities should seek understanding without 
pursuing unnecessary surveillance. They should preserve institutional 
memory while respecting individual dignity. Privacy is not simply a legal 
requirement. It is an expression of respect for the people whose trust 
sustains the institution.

Security represents another dimension of that trust. As universities 
become increasingly intelligent, they also become increasingly 
interconnected. Information moves more freely across systems. Intelligent 
agents coordinate work that previously occurred within isolated 
departments. Institutional knowledge becomes more accessible because 
accessibility itself strengthens learning and decision-making. This new 
capability must never come at the expense of security.

The AI-native university should therefore regard cybersecurity not as 
a technical discipline operating quietly within the information technology 
division but as a shared institutional responsibility. Every intelligent 
system must authenticate identity, respect permissions, protect sensitive 
information, and preserve the integrity of institutional knowledge. 
Security should become so deeply embedded within the architecture that 
most members of the university rarely notice it. Like the foundations 
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beneath a historic campus building, its success is measured by quiet 
reliability rather than visible attention.

Academic integrity presents a different challenge. Universities have 
long understood that scholarship depends upon honesty. Students learn 
not merely to produce correct answers but to acknowledge sources, 
construct original arguments, evaluate evidence carefully, and contribute 
responsibly to intellectual conversations that began long before they 
entered the classroom. Researchers similarly depend on transparency, 
reproducibility, and rigorous attribution for new discoveries to become 
part of humanity's shared understanding. Artificial intelligence 
complicates these traditions without invalidating them.

The appropriate question is not whether AI should be permitted 
within education. It already exists, and students will continue using it 
throughout their professional lives. The more meaningful question 
concerns how universities teach responsible collaboration with intelligent 
systems while preserving the habits of mind that define educated people.

Students should understand when AI assists learning and when it 
undermines it. Faculty should establish expectations that encourage 
intellectual growth rather than mechanical completion of assignments. 
Researchers should remain transparent about the role intelligent systems 
play within scholarly work. Universities must educate graduates capable of 
working ethically with artificial intelligence, as it will increasingly define 
responsible professional practice across nearly every discipline. Integrity 
and transparency strengthen every one of these responsibilities.

One of the greatest dangers associated with complex technologies is 
that they become difficult to understand. Students deserve to know when 
artificial intelligence contributes meaningfully to important institutional 
processes. Faculty should understand the principles guiding systems that 
support teaching and assessment. Staff should know how 
recommendations are generated. Leaders should understand the 
assumptions underlying strategic analyses before allowing those analyses 
to influence institutional decisions.

Transparency does not require that every member of the university 
become an expert in machine learning. It requires that important 
institutional decisions remain understandable.
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Intelligent systems learn from data. And data reflects human history. 
Human history contains inequities, exclusions, and assumptions that 
deserve continued examination. 

Universities have always challenged inherited ideas through 
scholarship. They should approach artificial intelligence with the same 
intellectual discipline. Rather than assuming intelligent systems are 
objective, institutions should continuously examine how 
recommendations are generated, who benefits from particular decisions, 
and whether unintended patterns emerge over time. Bias mitigation is an 
ongoing scholarly responsibility.

Universities are uniquely qualified to undertake this work because 
critical inquiry has always defined their purpose. Responsible AI policies 
bring these principles together.

Every institution requires clear expectations concerning approved 
technologies, acceptable uses, data stewardship, disclosure, oversight, 
accountability, and continuous evaluation. Policies should evolve as 
technologies evolve, but they should remain grounded in stable 
institutional values rather than temporary technological fashions. 
Governance succeeds when members of the university understand not 
merely the rules but the principles from which those rules arise.

Ethics is often presented as a constraint on innovation, as though 
institutions must choose between technological leadership and 
responsible practice. History suggests the opposite. Universities have 
remained among society's most trusted institutions precisely because they 
have consistently insisted that intellectual progress and ethical 
responsibility belong together. The same principle should guide artificial 
intelligence.

The AI-native university should aspire not simply to become the most 
technologically advanced institution, but the most trustworthy.

When trust becomes the organizing principle, every technological 
decision begins serving a larger purpose. Privacy protects dignity. Security 
protects confidence. Transparency protects accountability. Human 
oversight protects responsibility. Academic integrity protects scholarship. 
Governance protects the mission. Artificial intelligence then becomes a 
capability serving it.
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The institutions that flourish in the decades ahead will almost certainly 
deploy increasingly sophisticated forms of artificial intelligence. Yet 
history is unlikely to remember them for the elegance of their algorithms 
or the scale of their technological infrastructure. They will be remembered 
for whether they succeeded in demonstrating that intelligence and 
integrity can advance together.

The university has always existed because society believed knowledge 
should serve humanity rather than dominate it. The AI-native university 
inherits exactly that responsibility. It will be building institutions 
intelligent enough to remain worthy of trust.

The final challenge, however, lies beyond architecture, ecosystems, and 
governance. Universities must ultimately transform themselves not 
through technology but through leadership. No institution becomes AI-
native because software changes. Institutions become AI-native because 
people decide to lead them there. That is the work of the next chapter in 
this book.
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Leading Institutional Transformation

"Technology can accelerate institutional change, but it can 
never substitute for institutional leadership. Universities 

become AI-native not because artificial intelligence 
advances, but because people choose to lead differently"

Every university transformation begins with an uncomfortable 
realization: The institution that served one generation 
exceptionally well may no longer be sufficient for the next.

Universities are among the oldest organizations. Their traditions, 
governance structures, academic cultures, and intellectual values have 
been refined across centuries rather than years. Stability is one of their 
defining virtues. It allows universities to preserve knowledge, protect 
academic freedom, and resist the passing fashions that regularly reshape 
politics, business, and public opinion. Yet the very characteristics that 
make universities resilient can also make transformation difficult.

Meaningful institutional change asks faculty, staff, students, and 
leaders to reconsider assumptions that have guided their work for decades. 
Questions that once appeared settled suddenly become open again. 
Established practices are examined. Organizational structures evolve. New 
capabilities emerge while familiar routines gradually disappear. Even 
when these changes promise significant benefits, they inevitably generate 
uncertainty.

The challenge facing university leaders today is therefore not primarily 
technological. It is organizational.
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Artificial intelligence has already demonstrated extraordinary 
capabilities. Every month brings new applications, improved models, and 
increasingly sophisticated forms of institutional support. The technology 
will continue advancing regardless of what any individual university 
chooses to do. Leadership cannot be outsourced to technological progress. 
Every institution must decide how it wishes to respond.

Some will treat artificial intelligence as another software initiative. 
Others will recognize that it represents something much larger: an 
opportunity to rethink how the university fulfills its mission. The 
difference between those two responses will shape higher education for 
decades.

Successful transformation always begins with purpose. Universities 
should never adopt artificial intelligence because other institutions have 
done so, because technology companies encourage it, or because public 
enthusiasm makes inaction appear risky. Such motivations rarely produce 
lasting institutional change. Universities exist for purposes far more 
significant than technological relevance. They educate students, cultivate 
knowledge, strengthen communities, and prepare citizens capable of 
thoughtful participation in society. 

Every AI initiative should therefore begin by asking how it advances 
one or more of these enduring responsibilities. Does it improve learning? 
Does it strengthen research? Does it help faculty devote more attention to 
teaching and scholarship? Does it support student success? Does it enable 
wiser stewardship of institutional resources? Does it deepen the 
university's service to society?

When these questions remain at the center of institutional decision-
making, technology becomes an instrument rather than an objective.

Managing change within universities has always required a distinctive 
kind of patience. Unlike many organizations, universities govern 
themselves through conversation. Faculty committees examine proposals 
carefully. Academic senates deliberate. Departments discuss implications. 
Governing boards weigh long-term consequences. Students contribute 
perspectives shaped by their educational experience. Administrators 
balance competing institutional priorities while preserving the traditions 
that give universities their identity.
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From outside higher education, these processes can appear slow. From 
within, they serve an important function. They remind the institution that 
enduring decisions deserve careful reflection. Artificial intelligence should 
not bypass this tradition. It should strengthen it.

The universities most likely to succeed will be those that impose 
technological change most thoughtfully. Faculty deserve opportunities to 
question assumptions, evaluate evidence, and shape institutional 
direction. Staff should participate in redesigning the workflows they 
understand best. Students should contribute perspectives on how 
technology influences learning and campus life. Leaders should encourage 
conversation rather than merely announcing conclusions.

Faculty preparation deserves particular attention because professors 
occupy a unique position within the university. They shape curriculum, 
guide scholarship, mentor students, and preserve the intellectual standards 
upon which higher education depends. No institution can become AI-
native without the confidence and active participation of its faculty.

Reimagining teaching requires something deeper. Faculty need 
opportunities to explore how artificial intelligence changes assessment, 
course design, mentoring, scholarship, and student engagement. They 
need time to experiment without fear of failure. They need thoughtful 
conversations with colleagues who are asking similar questions. They 
need institutional encouragement to innovate while preserving academic 
rigor. They need reassurance that technology exists to strengthen rather 
than diminish their vocation.

When faculty recognize that artificial intelligence allows them to 
devote more attention to the aspects of teaching they value most, 
resistance often gives way to curiosity.

Staff preparation follows a similar pattern. Administrative 
professionals have borne much of the operational complexity that 
universities have accumulated over the past several decades. Many entered 
higher education because they wished to support students, faculty, and the 
institutional mission. Over time, however, routine administrative work 
expanded alongside increasing regulatory, technological, and reporting 
requirements.
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Artificial intelligence provides an opportunity to reverse that trend. 
The objective is not to reduce the importance of staff. It is intended to 
reduce repetitive work that prevents staff from contributing at the highest 
level of their expertise.

Admissions counselors become relationship builders. Academic 
advisors become mentors. Financial professionals become strategic 
analysts. Human resource specialists become architects of organizational 
culture. Technology professionals become designers of institutional 
intelligence. Every role evolves toward activities requiring greater 
judgment, creativity, and collaboration.

Students must also be prepared for this new institutional environment. 
Artificial intelligence will accompany today's learners throughout their 
professional lives. Universities therefore carry a responsibility extending 
far beyond teaching students how particular systems operate. They must 
help students understand how to work responsibly with intelligent 
technologies, evaluate information critically, recognize the limits of 
automated reasoning, and preserve intellectual integrity in environments 
increasingly shaped by AI.

AI literacy becomes part of educated citizenship. Graduates should 
leave the university not merely as competent users of intelligent systems 
but as thoughtful participants in a society where those systems influence 
nearly every profession and institution.

Creating institutional buy-in ultimately depends upon trust.
People resist change because they do not yet understand where change 

is leading or whether their own contributions will continue to matter. 
Universities therefore succeed when leaders communicate openly about 
both opportunities and uncertainties. They acknowledge legitimate 
concerns rather than dismissing them. They explain not only what will 
change but what will remain constant: The mission remains. Academic 
freedom remains. Faculty judgment remains. Scholarship remains. The 
community remains. Students remain.

Transformation should also proceed through experience rather than 
proclamation. Universities learn best by doing.

Pilot programs allow faculty to experiment with new pedagogical 
approaches. Small-scale administrative initiatives reveal practical 
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challenges before institution-wide implementation. Cross-functional 
teams discover new forms of collaboration. Successful innovations spread 
because community members have seen their value rather than simply 
heard promises of future benefits.

This gradual approach reflects one of higher education's greatest 
strengths. Universities have always advanced through disciplined inquiry. 
Institutional transformation deserves the same intellectual seriousness 
that universities apply to research itself.

The final responsibility belongs to leadership. Every generation of 
university leaders inherits challenges that previous generations could 
scarcely have imagined. Some expanded educational opportunities 
following periods of social change. Others built the modern research 
university, navigated the digital revolution, or extended education 
through online learning. Today's leaders inherit a different responsibility. 
They must determine what kind of institution higher education will 
become in the age of artificial intelligence.

The future cannot be predicted with precision. Universities will 
experiment. Some initiatives will succeed brilliantly. Others will reveal 
unexpected limitations. New technologies will emerge. Educational 
priorities will continue evolving. The institution itself will keep learning.

The task of leadership is therefore not to possess perfect foresight. It is 
to cultivate the confidence, humility, and courage required to guide an 
institution through continual change while remaining faithful to enduring 
purpose.

Seen in this light, becoming an AI-native university is not a 
technological destination. It is a leadership journey.

The institutions that succeed will not necessarily be those with the 
largest technology budgets or the earliest access to emerging innovations. 
They will be those whose leaders understand that meaningful 
transformation begins with people, grows through shared purpose, and 
endures because the university never loses sight of why it exists.

Artificial intelligence may provide extraordinary new capabilities. 
Leadership determines whether those capabilities ultimately strengthen or 
weaken the institution.
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With that realization, we are ready to leave the language of strategy 
and implementation behind. The final part of this book asks a different 
question altogether. Instead of considering how universities change, it 
invites us to imagine what such a university actually feels like once the 
transformation has taken place.

It is time to spend a day inside the institution of the future.
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A Day in the Life of an AI-Native University

"The most successful technologies eventually disappear from 
view. Electricity transformed the university, yet few people 

think about electricity while attending class. Artificial 
intelligence will have truly matured when students stop 

noticing it and begin noticing instead how much more fully 
the university serves them"

At first glance, nothing about the campus appears unusual. The 
stone buildings still stand where they have for generations. 
Students cross the central quad carrying backpacks and coffee 

cups. Faculty greet one another on the way to morning classes. 
Groundskeepers prepare the campus for another busy day. The library 
opens its doors before sunrise, just as it has for decades. A delivery truck 
unloads supplies behind the student center as the first visitors begin to 
arrive for a conference hosted by the College of Engineering.

There are no humanoid robots welcoming students. No glowing 
screens announcing that the university has entered a new technological 
age. No visible reminder that artificial intelligence has become woven into 
the institution's daily life. The university still looks like a university. That 
is precisely the point. Technology has not become the center of the 
institution. People remain in the center.

Artificial intelligence has quietly settled into the background, much as 
electricity, wireless networks, and the internet once did. It supports, 
connects, remembers, recommends, and coordinates without demanding 
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constant attention. The institution feels more responsive, more personal, 
and more coherent, yet remarkably familiar. The transformation is 
profound, but it is almost invisible.

To understand what has changed, let’s follow six people through a 
single ordinary day.

Maya

Maya is a sophomore studying environmental engineering.
She wakes before seven and glances at the university application on her 

phone, not because she expects instructions for the day, but because it has 
become a trusted companion throughout her education. Overnight, her 
academic mentor reviewed the schedule for the coming week, recognized 
that today's laboratory builds upon concepts she struggled with during the 
previous assignment, and suggested a brief review before class. The 
recommendation is not generic. It reflects her own learning history, the 
pace at which she tends to master new concepts, and the teaching 
approach that has consistently helped her understand difficult material.

During breakfast, she spends fifteen minutes working through the 
review. The mentor asks questions rather than simply providing answers. 
When Maya reaches an incorrect conclusion, it offers a different 
explanation and encourages her to try again. It remembers where she has 
struggled before, but it never makes her feel defined by those struggles.

As she walks toward the engineering building, another message 
appears. Registration opens next week, and one of the courses she planned 
to take conflicts with the laboratory section required for a research 
opportunity she expressed interest in months earlier. Rather than 
presenting a problem, the system offers three possible pathways, each 
explaining the academic consequences and recommending that she discuss 
the alternatives with her advisor.

By the time Maya arrives for class, she has not been directed through 
the morning. She has been prepared for it.

Throughout the day, she rarely thinks about artificial intelligence. 
What she notices instead is that the university seems unusually attentive. 
Questions are answered before uncertainty grows. Opportunities appear 
before deadlines pass. Small obstacles disappear before they become 
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sources of frustration. The technology remains largely invisible. The 
support does not.

Professor Elena Rivera

Professor Rivera has taught history for nearly twenty years.
When she began her career, preparing a lecture often required hours 

of gathering materials, revising slides, answering routine student emails, 
and organizing readings across multiple systems. She enjoyed teaching, 
but increasingly found herself spending more time managing courses than 
engaging students.

Her mornings look different now. Before arriving on campus, she 
reviews a concise summary prepared overnight by her teaching support 
agent. It identifies several themes emerging from student reflections, 
highlights concepts that generated confusion during the previous class, 
and suggests a recent historical archive that connects remarkably well with 
today's discussion of democratic institutions.

Professor Rivera reads the summary carefully. She accepts some 
recommendations and ignores others. She adds ideas that arise from 
decades of experience studying political thought and teaching 
undergraduates. Nothing is adopted automatically. Everything remains 
subject to scholarly judgment.

When class begins, students have already completed personalized 
preparation with their own learning mentors. Routine questions have 
largely been resolved before they enter the room. Professor Rivera 
therefore spends little time reviewing factual material. Instead, she 
introduces a difficult question.

"What responsibilities accompany freedom of expression in a 
democratic society?"

The discussion quickly becomes animated. Students disagree 
respectfully, cite historical evidence, challenge assumptions, and 
reconsider their own arguments. Professor Rivera moves easily among the 
groups, asking questions that push conversations further than students 
would likely have gone on their own.
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This is the part of teaching she loves most. Artificial intelligence did 
not create it. It simply removed enough routine work to make more of it 
possible.

Marcus

Marcus serves as an academic advisor.
His calendar is full, yet the pace of his work feels fundamentally 

different from what it was only a few years earlier.
Before his first appointment begins, the advising system has already 

assembled a comprehensive picture of the student's academic progress. 
Degree requirements, completed coursework, financial aid considerations, 
internship opportunities, and previous advising conversations have been 
organized into a clear narrative. Marcus does not spend the opening 
fifteen minutes gathering information because the information has already 
been thoughtfully prepared.

The student arrives uncertain about changing majors. Instead of 
opening a catalog and calculating credits by hand, Marcus begins with a 
different question.

"Tell me what has changed."
The conversation that follows is not primarily administrative. It is 

about purpose, interests, strengths, and long-term aspirations. Together 
they review several academic pathways generated by the system, discussing 
not only graduation requirements but also research opportunities, 
professional possibilities, and personal goals.

When the meeting concludes, the student leaves with a revised 
academic plan. Marcus leaves with the satisfaction of having spent nearly 
the entire appointment doing the work that first drew him into advising. 
He helped another person make sense of an important decision.

Dr. Samuel Chen

Across campus, Dr. Chen begins another day in his environmental 
research laboratory.

His team studies coastal resilience, combining engineering, climate 
science, economics, and public policy to understand how communities 
might adapt to rising sea levels. The work is deeply interdisciplinary, 
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requiring constant engagement with scholarship from fields far beyond his 
original training.

Earlier that morning, his research assistant agent had completed a 
review of hundreds of newly published articles, identifying several studies 
directly relevant to the team's current project. One paper from an 
oceanography journal suggests an analytical approach that had not yet 
been considered. Another reveals data collected by researchers in another 
country that may strengthen the team's current model.

Dr. Chen reads both papers carefully. The agent has not discovered 
anything on his behalf. It has just shortened the distance between curiosity 
and discovery.

Later in the afternoon, his graduate students gather around a large 
display comparing several climate simulations. The system has identified 
an unexpected pattern within the data. No one knows what it means.

That uncertainty is precisely what excites the room. Artificial 
intelligence has brought the researchers to the edge of a new question. 
Human inquiry must carry them the rest of the way.

The Chief Information Officer

The Chief Information Officer (CIO) begins her day not by responding 
to technical emergencies but by reviewing the overnight health of the 
institution's digital ecosystem.

Routine issues have already been resolved. Systems remain secure. 
Integrations completed successfully. Infrastructure agents detected 
unusual activity from an external network and isolated it before it affected 
university operations. A scheduled update was automatically postponed 
because it would have conflicted with an important admissions event 
occurring later that morning. The report is remarkably brief. Technology 
is functioning as intended.

That allows the CIO to spend the remainder of the day thinking not 
about systems but about the institution itself.

She meets with the provost to discuss expanding AI literacy across 
several academic programs. Later, she joins a working group exploring 
new research support agents for graduate students. During the afternoon, 
she reviews governance proposals concerning institutional memory and 
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data stewardship. Her responsibilities increasingly resemble those of an 
architect rather than a technician. She is helping design the intelligence of 
the institution.

The President

As the day draws to a close, the university president prepares for 
tomorrow's meeting with the Board of Trustees.

In years past, this preparation required collecting reports from dozens 
of offices, reviewing separate dashboards, requesting updates from 
multiple vice presidents, and synthesizing hundreds of pages of 
institutional information into a coherent understanding of where the 
university stood.

Today, the process begins differently. The president asks a simple 
question.

"What are the three most significant opportunities and the three 
greatest risks facing the university over the next five years?"

The executive intelligence system does not provide answers in the 
sense that a person would. It assembles evidence. It retrieves relevant 
historical decisions, summarizes enrollment trends, identifies emerging 
demographic changes, analyzes financial scenarios, highlights recent 
growth in research, and models several strategic alternatives. The 
president studies the material carefully. Questions emerge. Additional 
analyses are requested. Several assumptions are challenged.

Tomorrow, those ideas will be debated by thoughtful human beings 
whose responsibility is to govern the institution wisely. Artificial 
intelligence has prepared the conversation. Leadership remains 
unmistakably human.

As evening settles over campus, classes conclude, laboratories quiet, 
and students begin gathering in residence halls, libraries, and coffee shops 
to prepare for another day. The university does not stop functioning. 
Admissions continues answering questions from prospective students in 
different time zones. Learning mentors help students review tomorrow's 
material. Research agents organize newly published scholarships. 
Operational systems prepare classrooms, monitor facilities, and 
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coordinate thousands of routine activities that allow the institution to 
function smoothly when morning arrives again.

None of this feels extraordinary to the people who inhabit the 
university. That is perhaps the clearest sign that the transformation has 
succeeded.

Artificial intelligence has not become the defining feature of the 
institution. Learning remains the defining feature. Scholarship remains 
the defining feature. Community remains the defining feature. Leadership 
remains the defining feature. Artificial intelligence has simply made each 
of them stronger.

The university still fulfills the same mission it has pursued for 
centuries: educating students, advancing knowledge, and serving society. 
What has changed is not the purpose of the institution but its capacity to 
pursue that purpose with greater attentiveness, coherence, and humanity 
than previous generations could reasonably have imagined.

The AI-native university is not a university where technology takes 
center stage. It is a university where people do.
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The Roadmap

"Every enduring institution has been built twice: first in the 
imagination of its leaders, and then through the patient 

work of implementation"

After imagining the university of the future, it is tempting to ask a 
simple question. How long will it take.

Transformations of great institutions do not occur according 
to fixed timetables. They unfold gradually, unevenly, and often 
unpredictably. Different parts of an institution move at different speeds. 
Some innovations spread rapidly because they solve obvious problems. 
Others require years of experimentation before becoming accepted 
practice. Leadership changes. Financial conditions shift. New technologies 
emerge while earlier ones mature. The university evolves not through a 
single moment of reinvention but through a succession of thoughtful 
decisions that gradually reshape the institution from within.

Artificial intelligence will follow this same pattern. No university will 
wake one morning and discover that it has become AI-native.

The transformation will occur through hundreds of conversations, 
thousands of individual decisions, and years of institutional learning. 
Some campuses will move more quickly than others. Research universities 
may progress differently from community colleges. Small liberal arts 
institutions may identify opportunities that large public universities 
cannot pursue immediately. National policies, funding models, 
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institutional missions, and local cultures will all influence the pace of 
change.

There will be no universal timetable. There can, however, be a 
coherent pathway.

The roadmap presented in this chapter should not be understood as a 
rigid implementation plan. Universities rarely change in perfectly 
sequential ways. Each stage requires different forms of leadership, 
governance, organizational development, technological capability, and 
cultural readiness. Each reflects a different relationship between the 
university and artificial intelligence. The journey begins with the AI-
enabled university.

Most institutions today already find themselves somewhere within this 
first stage. Faculty experiment with generative AI in their teaching. 
Students explore new learning tools. Researchers are beginning to 
incorporate intelligent systems into aspects of scholarship. Administrative 
offices test conversational assistants or workflow automation. Committees 
discuss policy. Information technology departments evaluate security and 
privacy implications. Innovation emerges throughout the institution, but 
it remains largely local. This phase is characterized by exploration, and 
curiosity exceeds coordination. 

Different departments pursue different initiatives according to their 
own priorities. Individual faculty members discover creative applications. 
Staff identifies opportunities to reduce administrative burden. Leadership 
begins by recognizing that artificial intelligence is no longer a speculative 
technology but an institutional reality.

These experiments are valuable because they allow universities to learn 
without prematurely imposing comprehensive institutional structures. 
Faculty gain confidence. Staff develop practical experience. Students begin 
understanding both the opportunities and limitations of AI. Institutional 
conversations become more informed because they are grounded in lived 
experience rather than abstract speculation.

Eventually, universities discover that isolated innovation creates new 
challenges of its own. Different departments adopt incompatible practices. 
Students encounter inconsistent expectations from one course to another. 
Questions concerning governance, privacy, accessibility, procurement, 
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and institutional strategy become increasingly difficult to answer through 
local decision-making alone.

At this point, the institution begins moving toward the second stage

The AI-integrated university recognizes that experimentation must 
give way to coordination. Artificial intelligence gradually becomes part of 
institutional strategy rather than a collection of independent initiatives. 
Leadership develops shared priorities. Faculty development expands 
beyond early adopters. Administrative systems are beginning to connect 
intelligent capabilities with existing institutional infrastructure. 
Governance becomes more formal, and decisions concerning AI 
increasingly reflect university-wide values rather than departmental 
preferences.

Integration represents a significant step because it requires universities 
to think institutionally. The question becomes, How should the institution 
use AI coherently?

During this stage, organizational change becomes as important as 
technological progress. Professional development expands. Policies 
mature. Information technology increasingly focuses upon 
interoperability rather than individual applications. Data governance 
becomes more sophisticated. Faculty and staff begin redesigning 
workflows instead of simply adding AI to existing processes.

Many universities may remain within this stage for years. Some will 
choose to do so intentionally. Others will gradually recognize that 
integration, while valuable, still leaves an important challenge unresolved. 
The institution itself has not yet become intelligent.

The third stage, the AI-orchestrated university, addresses this 
challenge.

Earlier chapters introduced the idea that universities are ecosystems 
rather than collections of isolated offices. Admissions influences advising. 
Advising shapes student success. Student success affects enrollment, 
financial planning, and academic strategy. Research informs curriculum. 
Finance supports every institutional priority. Every department depends 
upon countless others.
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Artificial intelligence begins transforming the university most 
profoundly when these relationships themselves become intelligent. 
Specialized agents collaborate across institutional boundaries. 
Information flows securely through shared knowledge systems. 
Institutional memory becomes available where it is needed rather than 
remaining trapped within separate offices. Administrative workflows 
become coordinated rather than merely automated. Decision support 
reflects the university as an interconnected whole rather than as a 
collection of independent systems.

This stage requires a more sophisticated technical architecture, but its 
greatest challenge remains organizational rather than technological. 
Universities must redesign how work itself is coordinated.

Leaders begin thinking less about software and more about 
institutional capability. Faculty, staff, and intelligent systems increasingly 
operate as collaborative communities rather than separate participants in 
institutional life.

The AI-native university does not represent the completion of a 
technology project. It represents the emergence of a new institutional 
model.

Artificial intelligence is no longer perceived as an innovation initiative 
because it has become part of the ordinary life of the university. Students 
assume continuous academic support. Faculty naturally collaborate with 
intelligent systems while retaining complete authority over teaching and 
scholarship. Research is strengthened by AI without being defined by it. 
Administrative departments operate through coordinated ecosystems. 
Leaders govern with the benefit of institutional intelligence while 
remaining fully accountable for every significant decision.

Most importantly, the university continues to improve. Every 
interaction contributes to institutional memory. Learning becomes the 
defining characteristic of the institution itself.

Higher education has always adapted because society itself continues 
changing. The AI-native university remains faithful to that tradition. 

Seen in this light, the roadmap is less a sequence of technological 
milestones than a progression of institutional maturity.
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• The AI-enabled university learns to experiment.
• The AI-integrated university learns to coordinate.
• The AI-orchestrated university learns to collaborate.
• The AI-native university learns continuously.

Each stage builds naturally upon the previous one. Each prepares the 
institution for what follows. And the journey therefore demands patience.

Universities should resist the temptation to rush toward the language 
of transformation before they have established the foundations necessary 
to sustain it. Building trust requires time. Developing governance requires 
careful conversation. Faculty deserve opportunities to shape institutional 
direction. Students should experience AI as an extension of educational 
purpose rather than as a technological disruption. Staff require confidence 
that intelligent systems strengthen rather than diminish their professional 
contributions.

Institutions that skip these stages may move quickly for a time. But 
they rarely move wisely.

The most successful universities will not be those that deploy artificial 
intelligence most aggressively. They will be those who most thoughtfully 
integrate technological innovation with institutional mission. Their 
progress will be measured not by the number of intelligent systems they 
adopt but by the degree to which those systems strengthen teaching, 
research, leadership, and service to society.

Every university will travel this roadmap differently. Some will 
advance rapidly. Others will proceed cautiously. The defining question is 
not how quickly an institution moves. It is whether each step brings the 
university closer to becoming more personal, more intelligent, more 
resilient, and more faithful to the mission it has pursued for centuries.

The destination, ultimately, is not artificial intelligence. The 
destination is a better university.

The final chapter of this book explores what that destination ultimately 
represents—not simply an institution transformed by technology, but an 
institution that has rediscovered its greatest strength: its ability to learn 
continuously in service of humanity.
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C H A P T E R  2 0

Building the Institution That Learns

"The true measure of a university is not the knowledge it 
possesses, but its capacity to continue learning"

Every generation believes it is living through an extraordinary 
moment in history. In many cases, that belief proves exaggerated. 
Technologies emerge with great excitement only to disappear 

quietly a few years later. Educational fashions rise and fall. New 
management philosophies promise to solve longstanding institutional 
problems before gradually yielding to the next generation of ideas. 

Universities have seen all of this before. Their remarkable longevity 
has been built, in part, upon a healthy skepticism toward claims that every 
new development requires a fundamental reinvention of higher 
education. And that skepticism has often served the university well. It has 
protected scholarship from passing trends. It has defended academic 
freedom against political pressure. It has preserved disciplines whose 
importance was not always immediately visible. Universities have learned 
that wisdom requires patience as much as innovation.

AI, if designed thoughtfully, will help the university fulfill its mission 
more faithfully. Because it expands the university's capacity to pursue that 
purpose.

Throughout these chapters, we have explored many dimensions of that 
possibility. We have considered how students might receive more 
continuous support, how faculty might devote more time to mentorship 
and scholarship, how curricula might evolve more intelligently, how 
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research might accelerate, how administrative complexity might diminish, 
and how institutional knowledge might become a shared resource rather 
than remaining scattered across departments and systems.

Learning has always been the defining activity of the university. 
Students learn. Faculty continue learning throughout their scholarly 
careers. Researchers expand humanity's understanding of the world. 
Entire disciplines evolve through continuous inquiry.  The university 
itself can learn.

Knowledge, however, has remained fragmented. Successful 
innovations have sometimes disappeared when their champions retired or 
accepted positions elsewhere. Departments solved similar problems 
independently because institutional memory rarely connected one 
experience to another. Strategic plans were written, implemented, 
archived, and eventually replaced without always becoming part of the 
university's long-term understanding of itself.

Artificial intelligence creates the possibility of something 
fundamentally different. For the first time, universities can begin 
preserving not only information but institutional learning itself.

Every successful advising strategy becomes part of organizational 
memory. Every curricular innovation informs future curriculum design. 
Every research collaboration reveals new opportunities for 
interdisciplinary work. Every administrative improvement contributes to 
a growing understanding of how the institution functions at its best. 
Learning becomes cumulative, and the institution becomes better at 
remembering, connecting, and applying what it has already learned.

This transformation extends well beyond operational efficiency. A 
university that learns continuously becomes more capable of expanding 
educational opportunity. It recognizes barriers to student success earlier 
and responds more thoughtfully. It discovers more effective approaches to 
teaching because it systematically reflects upon educational experience 
rather than relying solely upon tradition. It strengthens research by 
allowing knowledge to flow more naturally across disciplines. It becomes 
more resilient because leadership can draw upon institutional memory 
rather than beginning every strategic conversation from the beginning.
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For nearly a thousand years, universities have helped civilization 
preserve and expand knowledge. They have educated leaders, advanced 
science, cultivated culture, and challenged accepted assumptions. Few 
institutions have contributed more profoundly to human progress.

Throughout the history of technological innovation, public debate has 
often been framed as a contest between people and machines. Every major 
technological advance has produced predictions that human labor would 
become unnecessary, that expertise would be replaced by automation, or 
that institutions would eventually surrender responsibility to increasingly 
sophisticated technologies. But the history of higher education tells a 
different story.

The printing press did not replace scholars. It expanded scholarship. 
The research laboratory did not replace teaching. It transformed teaching. 
The internet did not replace universities. It expanded their reach. 
Artificial intelligence belongs within this same historical tradition. Its 
greatest contribution will not be performing work instead of people. Its 
greatest contribution will be allowing people to devote more of their lives 
to work that only human beings can perform.

Faculty will spend more time inspiring students and less time 
managing routine administration. Researchers will spend more time 
asking meaningful questions and less time organizing information. 
Advisors will spend more time understanding students and less time 
searching for records. Leaders will spend more time shaping the future 
and less time assembling reports. Students themselves will spend more 
time thinking critically and less time navigating unnecessary institutional 
complexity.

That, ultimately, is the promise of  the AI-native university

AI promises attention to students who deserve to be known personally. 
Attention to faculty whose greatest contributions extend far beyond the 
classroom. Attention to researchers whose discoveries shape the future. 
Attention to communities that depend upon universities for leadership, 
innovation, and hope. Attention to the institution itself as it continually 
seeks to become wiser.
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The medieval scholars who established Europe's first universities could 
not have imagined global research networks. The architects of the 
nineteenth-century research university could not have imagined online 
learning. Those who pioneered digital campuses could scarcely have 
anticipated the advent of artificial intelligence. Innovators built their 
institutions for the future.

The choices universities make during the coming decades will shape 
not only how students learn but how societies create knowledge, prepare 
leaders, confront global challenges, and preserve democratic life. The 
university is an institution that has repeatedly found new ways to fulfill an 
ancient mission and now stands before another opportunity to reinvent 
itself—not by abandoning its history, but by extending it. The AI-native 
university is the next chapter of the traditional institution.

It preserves the values that have sustained higher education across 
centuries while embracing new capabilities that allow those values to 
flourish in a changing world. It understands that technology is meaningful 
only when it serves people, that intelligence is valuable only when guided 
by wisdom, and that innovation matters only when it strengthens the 
institution's enduring commitment to truth, learning, discovery, and 
human dignity.

The question is: How can artificial intelligence help us become the 
university our mission has always called us to be?

The future of the university will not be determined by artificial 
intelligence but by the imagination, courage, wisdom, and generosity of 
the people who choose how to use that technology.

As every generation before us has discovered, the university is never 
finished. Its greatest achievement has always been its willingness to 
continue becoming what the future requires while remaining faithful to 
what humanity needs. That is the promise of the AI-native university.
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Framework of the seven pillars of an 
AI-Native University

A practical roadmap universities can use to assess and 
transform their own institutions

AI-Native Teaching — Personalized, adaptive learning supported by 
AI tutors and faculty copilots.
AI-Native Students — Every learner has persistent AI mentors 
throughout their academic journey.
AI-Native Faculty — Professors focus on teaching, mentoring, and 
scholarship while AI automates routine work.
AI-Native Operations — Admissions, advising, financial aid, HR, 
and IT are coordinated by specialized AI agents.
AI-Native Research — AI accelerates discovery, collaboration, and 
knowledge creation.
AI-Native Governance — Policies, ethics, security, and human 
oversight are built into every AI system.
AI-Native Infrastructure — An institutional AI operating system 
connects data, workflows, knowledge, and autonomous agents.
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Appendix A
AI-Native University Maturity Model

Universities’ transformation into AI-native will occur gradually, as 
different parts of the university develop new capabilities. A research 
division may advance quickly because faculty are already using artificial 
intelligence in scholarship, while administrative departments remain 
cautious. Student services may develop sophisticated AI-supported 
advising before academic governance has established consistent 
expectations for classroom use. One college may redesign learning around 
intelligent support while another remains focused on early 
experimentation.

Complex institutions rarely transform uniformly, and universities are 
among the most complex organizations in society. Their missions, 
traditions, governance structures, academic disciplines, and communities 
vary widely.

The AI-Native University Maturity Model is designed to provide 
institutional leaders with that understanding along with a common 
language for evaluating current capabilities, identifying gaps, establishing 
priorities, and determining what must be developed before the university 
proceeds to a more advanced stage. 

The model is organized around the four phases introduced in Chapter 
19:

1. AI-Enabled University
2. AI-Integrated University
3. AI-Orchestrated University
4. AI-Native University

Each phase is evaluated across six dimensions that together describe 
institutional maturity:



154 | The AI-Native University

1. Strategy and Leadership
2. Teaching and Learning
3. Research and Scholarship
4. Operations and Workforce
5. Technology and Institutional Knowledge
6. Governance, Ethics, and Trust

The maturity model should be used as a framework for institutional 
reflection rather than as a mechanical scorecard. The objective is not to 
assign a single label to the university, but to understand the quality and 
coherence of its progress.

Phase 1: The AI-Enabled University

The AI-enabled university has begun experimenting with artificial 
intelligence but has not yet developed a coordinated institutional 
approach. Adoption is typically local and driven by individual faculty 
members, researchers, administrative teams, or technology leaders who 
recognize practical opportunities within their areas of responsibility.

Innovation is visible, but fragmented. Some faculty incorporate 
generative AI into course preparation or student assignments, while 
others prohibit its use entirely. Researchers experiment with literature 
review, coding, or data analysis tools. Administrative offices test 
conversational assistants, drafting tools, or workflow automation. 
Students encounter inconsistent expectations depending upon the course, 
department, or service with which they interact.

This stage is valuable because it creates institutional learning. Early 
adopters discover useful applications, identify risks, and develop practical 
experience that can inform future strategy. The danger lies not in 
experimentation itself, but in allowing experimentation to remain 
permanently disconnected from common institutional direction.

Strategy and Leadership

At this stage, senior leaders recognize that AI will affect higher 
education, but institutional strategy remains in its early stages. 
Discussions may be led by a temporary task force, technology committee, 
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faculty working group, or innovation office. Leadership conversations 
focus upon understanding the technology, managing immediate risks, and 
identifying potential use cases.

The university has not yet defined a clear institution-wide vision for 
AI. Responsibility may be distributed informally, and investment decisions 
may occur independently across departments. Progress is evident when 
leaders begin to connect AI to institutional priorities rather than treating 
it as a technology trend.

Teaching and Learning

Faculty experimentation defines the educational environment. 
Individual instructors use AI to develop course materials, generate 
examples, redesign assignments, support feedback, or explore new forms 
of student engagement. Professional development may be available, but 
participation is generally voluntary and concentrated among early 
adopters.

Students often receive inconsistent guidance. One faculty member may 
encourage responsible AI use, another may prohibit it, and a third may not 
address it at all. Academic integrity policies may be under revision, and 
institutional expectations remain broad.

Research and Scholarship

Researchers are beginning to use AI for literature discovery, coding, 
data analysis, translation, proposal preparation, and other aspects of 
scholarly work. Adoption is largely investigator-led. Institutional 
guidance concerning attribution, authorship, research data, 
reproducibility, intellectual property, and disclosure may remain 
incomplete.

Researchers often rely upon external consumer tools because approved 
institutional alternatives have not yet been established.

Operations and Workforce

Administrative use focuses primarily upon individual productivity. 
Staff may use AI to draft communications, summarize documents, 
organize information, or respond to routine inquiries. Selected 
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departments may pilot conversational assistants or process automation, 
but workflows themselves remain largely unchanged.

Professional development for staff is limited, and questions concerning 
changing roles, accountability, and workforce implications may not yet 
have been addressed systematically.

Technology and Institutional Knowledge

Most AI activity occurs through standalone tools with limited 
integration into institutional systems. Identity management, permissions, 
data governance, interoperability, and centralized monitoring remain 
underdeveloped. Different departments may purchase or use separate 
technologies without common standards.

The institution may possess many AI tools yet lack a shared AI 
infrastructure.

Governance, Ethics, and Trust

Initial governance focuses upon immediate concerns such as 
confidential information, acceptable use, academic integrity, procurement, 
and approved tools. Policies tend to describe what users should avoid 
rather than articulating a broader institutional philosophy for responsible 
AI.

Governance is usually advisory rather than operational. Decisions may 
still be made locally without consistent risk classification or formal review.

Indicators of Readiness for Phase 2

An AI-enabled university is prepared to move toward integration 
when experimentation has generated sufficient knowledge to support 
coordinated institutional direction. Typical indicators include:

• Senior leadership has articulated why AI matters to the university’s 
mission.

• Faculty and staff champions have emerged across multiple areas.
• Early pilots have demonstrated educational, research, or operational 

value.



| 157

• Basic guidance concerning privacy, security, and academic integrity 
exists.

• The institution recognizes that disconnected experimentation will 
not scale responsibly.

• Leadership is prepared to establish a common strategy, governance, 
investment, and evaluation.

Phase 2: The AI-Integrated University

The AI-integrated university moves from local experimentation 
toward intentional institutional adoption. Artificial intelligence is 
integrated into strategic planning, professional development, selected core 
workflows, and the university’s technology environment. 

The defining characteristic of this stage is that AI is no longer 
something individuals merely choose to use. It becomes something the 
institution formally supports, governs, and integrates into selected areas 
of academic and administrative work.

The principal challenge is ensuring that integration does not simply 
place AI inside outdated processes. The university must begin asking 
whether those processes themselves should be redesigned.

Strategy and Leadership

Artificial intelligence becomes part of institutional strategy. Leaders 
identify a limited number of priorities directly connected to the mission, 
such as improving student support, strengthening teaching, accelerating 
research, reducing administrative burden, expanding access, or 
developing lifelong learning.

Executive sponsorship is established, and responsibility becomes 
clearer. Budgeting, procurement, risk management, and evaluation 
increasingly reflect common institutional direction. AI is understood as a 
university-wide issue rather than solely an information technology 
initiative.

Teaching and Learning

Faculty development becomes systematic and available across the 
institution. Programs address not only how to use AI tools, but also how 
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to rethink pedagogy, assessment, course design, student mentoring, and 
academic integrity.

Academic units begin developing discipline-specific expectations. AI 
literacy is incorporated into selected programs or general education 
requirements. Students learn how to evaluate generated content, verify 
sources, understand model limitations, protect privacy, and use intelligent 
systems responsibly within their fields.

Selected courses and programs integrate AI-supported tutoring, 
adaptive resources, accessibility assistance, or formative feedback while 
preserving faculty control over curriculum and academic standards.

Research and Scholarship

The university establishes clearer expectations for AI-assisted 
scholarship. Guidance addresses disclosure, attribution, authorship, 
intellectual property, data protection, reproducibility, and responsible use 
in grant development or publication.

Research support offices provide approved tools, training, and secure 
environments. AI use is beginning to shift from informal individual 
experimentation toward institutionally supported scholarly practice.

Operations and Workforce

Administrative departments begin redesigning selected workflows 
around intelligent support. Admissions, advising, financial aid, finance, 
human resources, communications, and IT support may incorporate AI 
into established processes.

Staff receive role-specific professional development. Leaders begin 
considering how responsibilities will evolve as routine cognitive work 
becomes increasingly automated or assisted. Success is measured not only 
through efficiency but also through service quality, employee experience, 
student outcomes, and the redirection of human attention toward higher-
value work.

Technology and Institutional Knowledge

The university begins integrating AI with existing institutional 
platforms through secure interfaces, identity management, role-based 
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access, and approved services. Reliance upon unmanaged consumer tools 
decreases for sensitive institutional work.

Knowledge systems become more organized. Documents, policies, 
procedures, and institutional resources are curated to enable intelligent 
systems to retrieve reliable information. Technical leaders begin 
establishing the foundations for institutional memory.

Governance, Ethics, and Trust

Formal governance structures are established, with representation 
from academic affairs, faculty, students, IT, research, legal, privacy, 
accessibility, security, and administration. Use cases are assessed based on 
risk, and high-impact applications require more rigorous review and 
human oversight.

Policies become more precise. Procedures are created for approving 
vendors, reporting errors, monitoring performance, reviewing outcomes, 
and responding to unintended consequences. Governance begins shaping 
procurement and implementation rather than reacting afterward.

Indicators of Readiness for Phase 3

An AI-integrated university is ready to move toward orchestration 
when it possesses enough institutional discipline to connect intelligent 
capabilities across departments. Typical indicators include:

• AI strategy is linked to institutional priorities and supported by exec-
utive leadership.

• Faculty, staff, and student development programs operate at a mean-
ingful scale.

• Approved AI services integrate securely with major institutional 
platforms.

• Governance includes defined authority, risk classification, and 
review procedures.

• Multiple departments have redesigned workflows and demonstrated 
measurable value.

• Data, identity, permissions, and knowledge foundations are suffi-
ciently reliable to support cross-functional collaboration.
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• Leaders recognize that greater value will come from connecting 
intelligent capabilities rather than merely expanding the number of 
tools.

Phase 3: The AI-Orchestrated University

The AI-orchestrated university connects specialized capabilities across 
institutional boundaries. Artificial intelligence no longer operates 
primarily within individual departments. Agents, knowledge systems, 
workflows, and human teams begin functioning as parts of a coordinated 
institutional ecosystem.

This stage represents a significant organizational transition. 
Universities have historically designed systems and responsibilities 
around departmental structures. Orchestration requires institutions to 
design experiences around the learner, researcher, employee, or strategic 
objective instead.

The central question is no longer whether each department has access 
to AI, but whether the university can coordinate intelligence coherently, 
securely, and responsibly across the institution.

Strategy and Leadership

Leadership begins treating AI as institutional infrastructure rather 
than a portfolio of innovation projects. Executive teams establish shared 
priorities for agent orchestration, workflow redesign, institutional 
memory, and decision intelligence.

Investment increasingly supports common platforms and capabilities 
rather than separate departmental solutions. Leaders are beginning to 
reconsider organizational structures, decision rights, accountability, and 
the relationship between human and digital work.

Teaching and Learning

Students experience increasingly coordinated support across courses 
and services. Personal mentors, advising systems, tutoring resources, 
accessibility services, degree planning, and career guidance share 
appropriate context within institutional permissions.
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Faculty gain integrated support for teaching, research, and 
administration while retaining academic authority. Educational insights 
can be shared responsibly across relevant systems rather than remain 
confined to individual courses or platforms.

Research and Scholarship

Research support becomes more connected. Literature review, data 
services, grant development, compliance, research administration, 
publication, and interdisciplinary collaboration operate as parts of a 
coordinated environment.

Institutional knowledge connects faculty expertise, facilities, funding 
opportunities, research outputs, and partnership possibilities. The 
university begins learning from its research activity as a whole rather than 
treating each project as an isolated effort.

Operations and Workforce

Specialized agents coordinate work across admissions, registrar 
functions, finance, human resources, student services, IT, legal, 
compliance, marketing, advancement, and facilities. Routine processes 
move through governed workflows, while human intervention is 
concentrated at points requiring judgment, exception handling, or 
accountability.

Staff roles increasingly emphasize interpretation, relationships, 
strategy, creativity, and service design. The institution begins managing a 
combined human and digital workforce.

Technology and Institutional Knowledge

The university develops or adopts the central components of an AI 
Operating System. These include institutional memory, governed 
knowledge systems, role-based identity and permissions, agent 
orchestration, workflow automation, interoperability, monitoring, and 
evaluation.

Existing enterprise systems remain authoritative sources of data, while 
institutional knowledge becomes accessible through a shared intelligence 
layer. Agent activity is logged, reviewed, and measured.
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Governance, Ethics, and Trust
Governance becomes embedded within the architecture. Policies are 

translated into permissions, approval requirements, escalation rules, audit 
trails, and continuous monitoring. High-impact decisions remain subject 
to meaningful human oversight.

The university continuously evaluates accuracy, bias, privacy, 
cybersecurity, accessibility, explainability, and educational impact, rather 
than only during initial approval.

Indicators of Readiness for Phase 4
An AI-orchestrated university is prepared to become AI-native when 

intelligent collaboration has become reliable, trusted, and deeply aligned 
with mission. Typical indicators include:

• Cross-functional agent workflows operate securely across major 
institutional domains.

• Institutional memory and knowledge systems are trusted sources for 
people and agents.

• Faculty, staff, students, and leaders understand their responsibilities 
within human-AI collaboration.

• Governance is enforced through both policy and technical architec-
ture.

• Executive leadership uses institutional intelligence for planning and 
decision support.

• Measurable improvements appear in learning, research, service, 
employee capacity, or institutional resilience.

• AI is no longer perceived as a separate innovation program but as 
part of the ordinary work of the university.

Phase 4: The AI-Native University

The AI-native university has redesigned itself around the assumption 
that human expertise and artificial intelligence will work together across 
the institution. AI is no longer an external tool, a special initiative, or a 
collection of isolated applications. It has become a foundational 
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institutional capability embedded within teaching, learning, research, 
operations, governance, and leadership.

Technology becomes less visible because intelligent support has 
become part of the normal institutional environment. Students receive 
continuous, personalized guidance. Faculty work with integrated teaching 
and research support while preserving academic authority. Staff 
collaborate with specialized agents that reduce repetitive work and expand 
professional capacity. Leaders govern with a richer understanding of 
institutional history, conditions, risks, and possibilities.

The defining characteristic of this stage is not the ubiquity of AI. It is 
the maturity with which intelligence has been organized around an 
institutional mission.

Strategy and Leadership

Institutional strategy assumes the presence of intelligent systems, just 
as contemporary strategy assumes the presence of digital infrastructure 
and the internet. Leaders evaluate major initiatives according to how 
human expertise, institutional knowledge, and artificial intelligence 
should work together.

Progress is measured through mission outcomes rather than 
technology adoption. Leadership remains accountable for ensuring that AI 
strengthens access, learning, scholarship, trust, service, and long-term 
resilience.

Teaching and Learning

Personalization becomes an ordinary institutional capability rather 
than a special intervention. Every student can receive continuous learning 
support, while education remains grounded in faculty mentorship, 
intellectual community, disciplined inquiry, and shared academic 
standards.

Curricula evolve through faculty leadership informed by emerging 
knowledge and institutional evidence. Assessment increasingly 
emphasizes mastery, authentic performance, judgment, creativity, and 
responsible use of intelligent systems.
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Research and Scholarship

AI-augmented scholarship becomes standard across disciplines while 
transparency, attribution, reproducibility, and research integrity remain 
deeply embedded. Researchers gain access to sophisticated intellectual 
support regardless of department or institutional scale.

The university becomes better equipped to recognize interdisciplinary 
opportunities, preserve research knowledge, translate discovery into 
impact, and extend the reach of scholarship.

Operations and Workforce

The human-AI workforce model becomes an established 
organizational reality. Faculty, staff, students, and AI coworkers 
contribute different capabilities to the institutional mission. Routine 
processes occur with minimal friction, while people devote greater 
attention to judgment, mentorship, relationships, creativity, discovery, 
strategy, and leadership.

Departments remain important centers of expertise, but institutional 
experiences are designed across boundaries. Students and employees 
experience one coherent university rather than a collection of 
disconnected systems and offices.

Technology and Institutional Knowledge

The AI Operating System functions as a trusted institutional platform. 
Knowledge, identity, permissions, workflows, agents, and enterprise 
systems operate within a coherent architecture. Interoperability allows the 
institution to evolve without becoming dependent upon a single model, 
platform, or vendor.

Institutional memory becomes cumulative. The university preserves 
what it learns, connects knowledge across generations, and improves 
continuously.

Governance, Ethics, and Trust

Responsible AI becomes part of institutional culture. Governance is 
integrated into academic policy, research practice, procurement, 
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cybersecurity, leadership, professional development, and technical 
architecture.

Students, faculty, staff, and external partners understand how AI is 
used and where human accountability resides. Trust is treated not as a 
communications objective but as an institutional condition that must be 
continually earned.

Evidence of AI-Native Maturity

No institution becomes permanently or completely AI-native. The 
fourth phase is not a final destination at which transformation ends. It 
represents a mature capacity for continuous adaptation.

Evidence of that maturity includes:

• AI supports every major institutional mission without displacing 
human accountability.

• Personalized learning and student support operate at institutional 
scale.

• Faculty and researchers experience meaningful expansion of aca-
demic capacity.

• Human and digital workforces collaborate through established orga-
nizational practices.

• Institutional intelligence supports leadership without substituting 
for judgment.

• Governance, privacy, security, transparency, and ethics are inte-
grated into everyday operations.

• Technology is coherent enough to recede into the background of 
institutional life.

• The university learns continuously from its own experience.

The Maturity Matrix

The following matrix provides a concise summary of the four phases 
across the six dimensions. It is intended to support institutional discussion 
rather than produce a simplistic score.  
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Applying the Model

Dimension AI-Enabled AI-Integrated AI-
Orchestrated AI-Native

Strategy and 
Leadership

Local experi-
mentation and 
emerging exec-
utive awareness

Institution-
wide strategy, 
sponsorship, 
and prioritized 
use cases

Shared infra-
structure and 
organizational 
redesign

AI is assumed 
as a founda-
tional institu-
tional capabil-
ity

Teaching and 
Learning

Faculty pilots 
and inconsis-
tent student 
guidance

Scaled develop-
ment, AI liter-
acy, and se-
lected integra-
tions

Coordinated 
learning, advis-
ing, and sup-
port ecosys-
tems

Personalized 
learning and 
human men-
torship at insti-
tutional scale

Research and 
Scholarship

Investigator-led 
use of external 
tools

Approved plat-
forms, guid-
ance, and 
shared support

Connected re-
search agents, 
knowledge, 
compliance, 
and data ser-
vices

AI-augmented 
scholarship 
embedded 
across disci-
plines

Operations and 
Workforce

Individual pro-
ductivity im-
provements

Departmental 
workflow re-
design and staff 
preparation

Cross-
functional 
agents and co-
ordinated hu-
man-AI work

Mature hu-
man-AI work-
force organized 
around mission

Technology 
and Knowledge

Standalone 
tools and lim-
ited integration

Secure plat-
forms, identity, 
APIs, and 
emerging 
knowledge sys-
tems

AI Operating 
System, institu-
tional memory, 
and orchestra-
tion

Coherent, in-
teroperable, 
continuously 
learning insti-
tutional plat-
form

Governance 
and Trust

Basic accept-
able-use guid-
ance

Formal gover-
nance, risk re-
view, and ap-
proved tools

Embedded per-
missions, over-
sight, audit, 
and monitor-
ing

Responsible AI 
integrated into 
institutional 
culture and op-
erations
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The maturity model is most useful when evaluated by a cross-
functional group rather than by a single office. Presidents, provosts, faculty 
leaders, students, researchers, CIOs, legal counsel, student success 
professionals, and administrative leaders will often perceive the 
institution differently. Those differences are valuable because they reveal 
gaps between formal strategy and lived experience.

A university may discover that teaching and research are already 
operating at the integrated stage while governance remains enabled and 
technology remains fragmented. Another institution may possess 
sophisticated technical infrastructure but limited faculty participation or 
student trust. Such findings should not be compressed into a single 
institutional score. They should guide priorities.

Institutions should also distinguish between aspiration and evidence. 
A strategic plan may describe AI-native ambitions, but maturity must be 
evaluated through observable practice. Are faculty and staff development 
programs operating at scale? Are permissions technically enforced? Can 
agents collaborate across departments? Do students understand how AI 
affects their educational experience? Are outcomes being measured? Is 
institutional knowledge sufficiently reliable to support intelligent systems?

The model should be revisited regularly because both artificial 
intelligence and institutional practice will continue evolving. Its purpose 
is not to freeze the definition of an AI-native university. It provides a 
stable framework through which institutions can evaluate a changing 
environment while remaining focused upon enduring educational 
purposes.

The most useful question is therefore not whether a university has 
reached the fourth phase. It is whether the institution understands its 
present stage, recognizes what must be strengthened, and is prepared to 
move responsibly toward the next.

The AI-native university will not be built by those who move fastest. 
It will be built by institutions that understand why they are changing and 
develop each new capability with enough discipline that technology, trust, 
mission, and human purpose advance together.
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Appendix B
Institutional Readiness Assessment

An institution may possess ambitious goals, strong technical 
capabilities, or isolated examples of innovation without being prepared to 
undertake broad transformation. Conversely, a university at an early stage 
of AI adoption may be well positioned to advance because its mission is 
clear, its leadership is aligned, its governance is credible, and its 
community is prepared to learn.

Readiness asks whether the university possesses the leadership, trust, 
knowledge, infrastructure, professional capacity, and organizational 
discipline required to move from experimentation toward sustained 
institutional change. It also helps leaders distinguish between 
opportunities that can be pursued immediately and those that require 
additional preparation.

1. The assessment is organized around eight areas of readiness:
2. Mission and Strategic Purpose
3. Leadership and Institutional Alignment
4. Faculty Readiness
5. Staff and Workforce Readiness
6. Student Readiness
7. Data, Technology, and Institutional Knowledge
8. Governance, Ethics, and Risk
9. Capacity for Implementation and Continuous Learning

Each area includes a series of statements that institutional teams can 
evaluate using a four-point scale:

1. Not Yet Established: The condition is absent, informal, or  
 under stood only by a small number of individuals.
2. Emerging: Initial work has begun, but practices remain   
 inconsistent or limited in reach.
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3. Established: The condition is operating across meaningful  
 parts of the institution and is supported by defined   
 responsibility.
4. Institutionally Ready: The condition is mature, broadly under 
 stood, measured, and capable of supporting expanded AI  
 adoption.

The numerical score is useful only as a starting point. A president may 
believe strategic direction is clear while faculty perceive uncertainty. 
Technology leaders may consider infrastructure ready while operational 
teams identify unresolved workflow challenges. Students may experience 
institutional policy differently from the way it is described in official 
documents.

For that reason, the readiness assessment should be completed by a 
cross-functional group rather than by a single executive or department. 
The group should include academic leadership, faculty, students, staff, 
research representatives, technology leaders, privacy and security 
professionals, legal or compliance counsel, accessibility experts, and 
individuals responsible for student services and institutional operations.

1. Mission and Strategic Purpose

Artificial intelligence should enter the university through mission 
rather than novelty. The strongest institutions can explain why artificial 
intelligence matters without referring first to efficiency, competition, or 
technological inevitability. They connect AI to questions the university 
already considers important: how to improve learning, expand access, 
support faculty, strengthen research, serve more diverse learners, reduce 
unnecessary complexity, and build institutional resilience.

Evaluate the following statements:

Readiness Assessment
1. The institution has articulated why artificial intelligence mat 
 ters to its mission. Score: ___ / 4
2. Proposed AI initiatives are evaluated according to educational,  
 research, service, or strategic value. Score: ___ / 4
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3. Leadership has identified a limited number of institutional pri 
 orities rather than pursuing unrelated use cases. Score: ___ / 4
4. AI strategy is connected to the university’s broader strategic  
 plan. Score: ___ / 4
5. The institution distinguishes between technology adoption  
 and institutional transformation. Score: ___ / 4
6. Success is defined through human and institutional outcomes  
 rather than the number of AI tools deployed. Score: ___ / 4
7. The university has identified activities that should not be dele 
 gated to artificial intelligence. Score: ___ / 4
8. Institutional leaders can explain what should remain constant  
 as AI-related practices evolve. Score: ___ / 4

`Interpreting This Area
A low score in this area suggests that AI activity is being shaped 

primarily by vendor offerings, local enthusiasm, competitive pressure, or 
fear of falling behind. Such institutions should resist broad expansion until 
they can explain what problems they are attempting to solve and why 
those problems matter to mission.

A high score indicates that the university has developed a shared sense 
of purpose strong enough to guide difficult choices. This does not require 
agreement on every implementation decision. It requires sufficient clarity 
that proposed initiatives can be evaluated against common institutional 
priorities. 

2. Leadership and Institutional Alignment

AI transformation crosses traditional organizational boundaries. 
Teaching involves faculty and academic leadership. Student success 
involves advising, student affairs, financial aid, faculty, and technology. 
Research requires coordination among scholars, libraries, compliance 
offices, data services, and external partners. Administrative 
transformation affects nearly every department.

 No single office can lead this work independently. The president and 
governing board provide direction and accountability. The provost 
protects the integrity of teaching, curriculum, and scholarship. The CIO 
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or equivalent technology leader develops the institutional architecture. 
Faculty governance shapes academic policy. Operational leaders redesign 
services. Students contribute direct knowledge of the educational 
experience. Readiness depends upon alignment among these groups.

Evaluate the following statements:
Readiness Assessment

1. Senior executive leadership has established visible sponsorship  
 for responsible AI transformation. Score: ___ / 4
2. The governing board understands the strategic opportunities  
 and institutional risks associated with AI. Score: ___ / 4
3. The president, provost, CIO, and other relevant executives  
 share a common understanding of  institutional direction.  
 Score: ___ / 4
4. Academic leadership and faculty governance participate mean 
 ingfully in AI-related decisions. Score: ___ / 4
5. Responsibility for strategy, technology, governance, imple 
 mentation, and evaluation is clearly assigned. Score: ___ / 4
6. Cross-functional teams can make decisions without excessive  
 duplication or unclear authority. Score: ___ / 4
7. Institutional leaders communicate consistently about AI op 
 portunities, limitations, and expectations. Score: ___ / 4
8. Budgeting and resource allocation reflect stated AI priorities.  
 Score: ___ / 4
9. Leaders model responsible use rather than asking others to  
 adopt practices they do not understand. Score: ___ / 4
10. The institution has a credible mechanism for resolving dis 
 agreements among academic, operational, technical, and legal  
 perspectives. Score: ___ / 4

Interpreting This Area
A low score often reveals that AI is being treated primarily as an IT 

project or that multiple groups are working independently without shared 
responsibility. The institution may generate promising pilots, but broad 
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transformation will remain fragile because decisions lack durable 
ownership.

A high score does not mean that leadership speaks with one voice on 
every question. Universities benefit from disagreement and shared 
governance. It means that the university knows who is responsible for 
which decisions and possesses a trusted process for reaching conclusions. 

3. Faculty Readiness

Faculty readiness is not measured by the percentage of professors using 
generative AI. Adoption alone reveals little about educational quality, 
disciplinary appropriateness, or institutional trust. Faculty are ready when 
they possess sufficient understanding, time, support, and authority to 
determine how AI should influence teaching and scholarship within their 
disciplines.

Some faculty will become early adopters. Others will proceed 
cautiously. Both perspectives can contribute to a stronger institutional 
strategy. Enthusiasm without academic judgment produces shallow 
innovation, while skepticism without experimentation may prevent the 
university from understanding important new possibilities. Readiness 
requires an environment in which faculty can investigate AI seriously 
rather than merely respond to it. 

Evaluate the following statements:

1. Faculty understand the principal capabilities and limitations of  
 contemporary AI systems. 
2. Professional development addresses pedagogy, assessment, re 
 search, ethics, and disciplinary practice rather than tool opera 
 tion alone. 
3. Faculty have time and institutional support to experiment  
 thoughtfully. 
4. Academic units have developed or are developing discipline- 
 specific expectations for AI use. 
5. Faculty retain clear authority over curriculum, assessment,  
 academic standards, and instructional judgment. 
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6. The university provides approved and secure AI services for  
 academic work. 
7. Faculty can access instructional design, library, accessibility,  
 and technical support when redesigning courses. 
8. Promotion, workload, recognition, or innovation programs  
 acknowledge meaningful faculty contributions to AI-related  
 teaching and scholarship. 
9. Faculty concerns about academic freedom, intellectual prop 
 erty, workload, and professional identity are addressed openly. 
10. Effective practices can be shared across departments without  
 imposing a single pedagogical model. 
11. The institution has mechanisms for evaluating whether AI im 
 proves learning rather than merely increasing activity.

Interpreting This Area

A low score may coexist with high levels of informal AI use. Faculty 
and students may already be experimenting, but without sufficient 
guidance, support, or common expectations. Institutions in this position 
should prioritize academic leadership and professional development 
before investing heavily in large-scale learning applications.

A high score indicates that faculty are being treated as designers of the 
AI-native learning environment rather than as end users of a technology 
chosen elsewhere. This condition is essential because no institutional 
strategy can succeed if it is disconnected from the people responsible for 
the academic mission. 

4. Staff and Workforce Readiness

Staff members often experience AI transformation through the 
possibility of automation. Their questions are therefore practical and 
personal. Which responsibilities will change? What new skills will be 
required? Will professional judgment continue to matter? Will technology 
reduce workload or simply create additional expectations?

Universities should answer these questions honestly. Reassurance 
without evidence will not build trust, and technical training alone will not 
prepare employees for changing roles. Staff readiness depends upon 
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whether people understand the purpose of transformation and have 
meaningful opportunities to shape how their own work is redesigned.

Evaluate the following statements:
Readiness Assessment

1. Staff understands how AI relates to institutional mission and service 

 quality. Score: ___ / 4

2. Leaders have identified repetitive processes that could be redesigned with 

 out diminishing human service. Score: ___ / 4

3. Employees participate in evaluating and redesigning workflows within  

 their areas of expertise. Score: ___ / 4

4. Professional development is tailored to specific institutional roles and re 

 sponsibilities. Score: ___ / 4

5. The university has communicated openly about potential changes to work, 

 roles, and required competencies. Score: ___ / 4

6. Staff understands when human review, approval, or judgment remains re 

 quired. Score: ___ / 4

7. Existing workload allows employees to participate in transformation   

 rather than absorb it as an additional responsibility. Score: ___ / 4

8. Managers are prepared to lead teams composed of people and AI-sup  

 ported processes. Score: ___ / 4

9. The institution measures whether AI reduces administrative burden in  

 practice. Score: ___ / 4

10. Employees have trusted channels for raising concerns, reporting failures,  

 and recommending improvements. Score: ___ / 4

11. Workforce planning considers redeployment, professional growth, and  

 role evolution rather than automation alone. Score: ___ / 4

Interpreting This Area
A low score suggests that AI may be perceived as something being 

done to employees rather than developed with them. This condition 
creates resistance, limits practical insight, and increases the likelihood that 
new systems will reproduce inefficient processes instead of improving 
them.
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A high score indicates that staff expertise is informing institutional 
design. Employees understand that the objective is not simply faster 
administration, but a shift toward work requiring stronger judgment, 
relationships, creativity, and service. 

5. Student Readiness

Students are not a uniform population. Their experience with artificial 
intelligence varies according to age, discipline, geography, previous 
education, disability, access to technology, and professional background. 
Some arrive with extensive practical experience. Others have used AI 
primarily to generate text without understanding how the systems work 
or where they fail.

A university cannot assume that regular use constitutes literacy. 
Student readiness means that learners understand how to use AI 
responsibly, critically, and transparently. It also means that they 
understand how the institution uses AI in services and decisions that affect 
their education.

Evaluate the following statements:
Readiness Assessment

1. Students receive clear institutional guidance concerning re 
 sponsible AI use. Score: ___ / 4
2. Academic expectations are communicated consistently enough  
 that students understand how policies vary by course or disci 
 pline. Score: ___ / 4
3. AI literacy is incorporated into orientation, general education,  
 professional preparation, or relevant programs. Score: ___ / 4
4. Students learn to verify generated information, evaluate   
 sources, identify uncertainty, and recognize model limitations.  
 Score: ___ / 4
5. Students understand expectations concerning disclosure, attri 
 bution, authorship, and academic integrity. Score: ___ / 4
6. The institution addresses unequal access to approved AI ser 
 vices. Score: ___ / 4



| 177

7. Accessibility is considered when selecting and deploying AI- 
 supported learning environments. Score: ___ / 4
8. Students are informed when AI contributes meaningfully to  
 advising, support, assessment, or institutional decisions. Score: 
 ___ / 4
9. Students have meaningful opportunities to contribute to gov 
 ernance and evaluation. Score: ___ / 4
10. The university provides human alternatives or escalation path 
 ways when AI-supported services are insufficient or inappro 
 priate. Score: ___ / 4
11. Student feedback is used to improve AI-supported learning  
 and services. Score: ___ / 4

Interpreting This Area
A low score indicates that students may be using AI extensively while 

receiving little structured preparation. Inconsistency can create confusion, 
inequity, and academic integrity disputes. Institutions should establish 
clear educational expectations before assuming that students are prepared 
for deeper AI-supported experiences.

A high score means that students are treated as informed participants 
rather than passive recipients. They understand both their responsibilities 
and the institution’s responsibilities, and they possess the critical judgment 
required to work with AI beyond graduation. 

6. Data, Technology, and Institutional Knowledge

Universities often possess strong enterprise systems but fragmented 
knowledge. Policies may exist in multiple versions. Procedures may be 
stored across websites, shared drives, and individual documents. Identity 
and permission structures may not correspond cleanly to how people 
actually work. Integrations may have been designed for transactional data 
rather than intelligent services.

Before expanding AI, institutions must understand whether their 
knowledge, data, and architecture are ready to support it.

Evaluate the following statements:
Readiness Assessment
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1. The university has identified authoritative sources for major  
 categories of  institutional information. Score: ___ / 4
2. Data ownership and stewardship responsibilities are clearly de 
 fined. Score: ___ / 4
3. Institutional policies, procedures, and knowledge resources are  
 current, organized, and governed. Score: ___ / 4
4. Identity and access management supports role-based permis 
 sions for people and intelligent systems. Score: ___ / 4
5. Major enterprise platforms can exchange information through  
 secure, documented integrations. Score: ___ / 4
6. The institution can distinguish public, internal, confidential, re 
 stricted, and highly sensitive information. Score: ___ / 4
7. Approved AI services can be monitored, logged, and evaluated. 
 Score: ___ / 4
8. Technology procurement considers interoperability, data porta 
 bility, vendor dependency, security, and long-term architecture.  
 Score: ___ / 4
9. The university has sufficient infrastructure, staffing, and exper 
 tise to operate AI-supported services reliably. Score: ___ / 4
10. Institutional knowledge can be updated without rebuilding en 
 tire applications or assistants. Score: ___ / 4
11. Data quality issues are identified and addressed before informa 
 tion is used for high-impact AI applications. Score: ___ / 4
12. Business continuity and incident response plans include AI- 
 supported systems. Score: ___ / 4

Interpreting This Area
A low score suggests that the institution may be ready for limited 

experimentation but not for high-impact or cross-functional AI services. 
Deploying intelligent systems on top of unreliable knowledge or weak 
permissions can magnify existing problems while making them harder to 
detect.
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A high score indicates that the university possesses a sufficiently 
governed technical and knowledge foundation to support integration, 
orchestration, and institutional memory. It does not require replacing 
existing systems. It requires connecting and governing them coherently. 

7. Governance, Ethics, and Risk

Universities need governance capable of evaluating different levels of 
risk, assigning responsibility, enforcing human oversight, reviewing 
outcomes, and responding when systems fail.

Not every AI use presents the same institutional consequences. A 
faculty member generating discussion questions creates a different risk 
from an admissions system recommending applicants for additional 
review. A tool summarizing a public report differs from one accessing 
student records. Governance should reflect these differences without 
becoming so burdensome that responsible experimentation becomes 
impossible.

Evaluate the following statements:
Readiness Statement

1. The institution has a standing governance body with defined  
 authority over AI-related policy and high-impact use cases.  
 Score: ___ / 4
2. Governance includes academic, technical, legal, ethical, opera 
 tional, accessibility, security, and student perspectives. Score:  
 ___ / 4
3. AI use cases are classified according to risk and institutional  
 impact. Score: ___ / 4
4. Human oversight requirements are clearly defined for signifi 
 cant decisions. Score: ___ / 4
5. Privacy review occurs before sensitive information is used.  
 Score: ___ / 4
6. Security assessment is integrated into procurement and imple 
 mentation. Score: ___ / 4
7. The institution evaluates potential bias and disparate impact  
 where relevant. Score: ___ / 4
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8. Transparency and disclosure expectations are established for  
 students, employees, researchers, and external stakeholders.  
 Score: ___ / 4
9. Vendor contracts address data use, retention, ownership, model 
 training, confidentiality, security, and termination. Score: ___ /  
 4
10. The institution can suspend or retire an AI system when evi 
 dence indicates harm, unreliability, or misalignment with miss 
 ion. Score: ___ / 4
11. Errors, incidents, and complaints can be reported and investi 
 gated through established procedures. Score: ___ / 4
12. Governance decisions are documented so that institutional  
 learning accumulates over time. Score: ___ / 4

Interpreting This Area
A low score indicates that the university may have principles but lacks 

operational governance. High-impact applications should not advance 
until authority, review, accountability, and escalation procedures are 
sufficiently clear.

A high score means that governance is capable of enabling responsible 
innovation. Review requirements correspond to risk, accountability 
remains visible, and the university can learn from both success and failure. 

8. Capacity for Implementation and Continuous Learning

Universities frequently underestimate the work required after a pilot 
demonstrates promise. Scaling an initiative requires technical support, 
process redesign, professional development, communication, evaluation, 
funding, and ongoing ownership. Without these capabilities, promising 
experiments remain permanently experimental or are expanded before the 
institution can support them reliably.

Readiness therefore depends upon implementation discipline. The 
university must be able to select priorities, define outcomes, operate pilots, 
learn from evidence, and make deliberate decisions about whether to 
expand, revise, or discontinue an initiative.

Evaluate the following statements: 
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Readiness Assessment

1. The institution has a standing governance body with defined  
 authority over AI-related policy and high-impact use cases.  
 Score: ___ / 4
2. Governance includes academic, technical, legal, ethical, opera 
 tional, accessibility, security, and student perspectives. Score:  
 ___ / 4
3. AI use cases are classified according to risk and institutional  
 impact. Score: ___ / 4
4. Human oversight requirements are clearly defined for signifi 
 cant decisions. Score: ___ / 4
5. Privacy review occurs before sensitive information is used.  
 Score: ___ / 4
6. Security assessment is integrated into procurement and imple 
 mentation. Score: ___ / 4
7. The institution evaluates potential bias and disparate impact  
 where relevant. Score: ___ / 4
8. Transparency and disclosure expectations are established for  
 students, employees, researchers, and external stakeholders.  
 Score: ___ / 4
9. Vendor contracts address data use, retention, ownership,  
 model training, confidentiality, security, and termination.  
 Score: ___ / 4
10. The institution can suspend or retire an AI system when evi 
 dence indicates harm, unreliability, or misalignment with mis 
 sion. Score: ___ / 4
11. Errors, incidents, and complaints can be reported and investi 
 gated through established procedures. Score: ___ / 4
12. Governance decisions are documented so that institutional  
 learning accumulates over tmentation but not sustained trans 
 formation. Leaders should strengthen project ownership, evalu 
 ation, support, and institutional learning before increasing the  
 number or scale of initiatives.
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Interpreting This Area
A low score suggests that the university may be capable of 

experimentation but not sustained transformation. Leaders should 
strengthen project ownership, evaluation, support, and institutional 
learning before increasing the number or scale of initiatives.

A high score indicates that the institution can translate ambition into 
durable practice. It knows how to learn from pilots, scale responsibly, and 
discontinue work that does not produce sufficient value. 

Readiness Profile
After completing the assessment, calculate an average score for each of 

the eight areas. The objective is not to produce one overall institutional 
number. A single score can conceal the imbalances that matter most.

Use the following ranges to interpret each area:

The resulting profile may be recorded as follows: 

Average Score Readiness Level Interpretation

1.00–1.74 Not Yet Established
Significant foundational work 
is required before broad 
expansion.

1.75–2.49 Emerging
Initial readiness exists, but 
practices remain inconsistent 
or limited.

2.50–3.24 Established
The institution can support 
meaningful expansion with 
targeted improvements.

3.25–4.00 Institutionally Ready
The area is mature enough to 
support coordinated, higher-
impact transformation.
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Readiness Patterns
The assessment becomes most useful when leaders examine patterns 

rather than isolated scores. Several recurring patterns deserve particular 
attention.

Strong Innovation, Weak Governance
Some universities possess energetic faculty, ambitious technology 

teams, and numerous pilots but limited governance. These institutions 
may appear advanced because AI activity is visible throughout the campus. 
In reality, expansion may be creating unmanaged risk, inconsistent 
student experiences, and fragmented procurement.

Readiness Area Average Score Primary 
Strength

Most Important 
Gap

Next 
Institutional 

Action

Mission and 
Strategic Purpose

Leadership and 
Institutional 
Alignment

Faculty Readiness

Staff  and 
Workforce 
Readiness

Student 
Readiness

Data, 
Technology, and 
Institutional 
Knowledge

Governance, 
Ethics, and Risk

Implementation 
and Continuous 
Learning
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The priority should not be suppressing innovation. It should be 
building a governance structure capable of supporting it responsibly.

Strong Technology, Limited Academic Alignment
An institution may possess secure platforms, well-developed 

integrations, and capable technology staff while faculty participation 
remains limited. This pattern often emerges when AI is approached 
primarily as infrastructure.

The priority should be academic leadership, faculty development, and 
identifying educational purposes that justify the technology.

Strong Strategy, Weak Implementation Capacity

Some institutions articulate impressive visions but lack the staffing, 
funding, ownership, or project discipline required to turn those visions 
into practice. The strategy may be sound while execution remains 
distributed and under-resourced.

The priority should be narrowing institutional focus, assigning 
accountable owners, and developing repeatable implementation methods.

Strong Local Practice, Weak Institutional Coherence

Individual colleges, departments, or offices may demonstrate mature 
AI use while the university as a whole remains fragmented. These local 
successes are valuable sources of learning but can create duplicated systems 
and inconsistent governance when expanded independently.

The priority should be converting local expertise into shared 
institutional capability without extinguishing the creativity that produced 
it.

Strong Compliance, Limited Trust

An institution may have comprehensive policies and technical controls 
while faculty, staff, or students remain uncertain about purpose, fairness, 
or professional implications. Formal compliance does not necessarily 
produce confidence.

The priority should be transparency, participation, communication, 
and evidence that AI is improving the lived experience of the university 
community.
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High Enthusiasm, Limited Knowledge Foundations

A university may possess strong demand for AI assistants while 
policies, documents, and institutional data remain outdated or 
contradictory. Intelligent systems built upon unreliable knowledge will 
produce unreliable support with greater speed and confidence.

The priority should be organizing institutional knowledge before 
expanding access to it.

Determining Institutional Priorities

After reviewing the readiness profile, the institution should identify 
no more than three major priorities for the next planning period. 
Attempting to improve every area simultaneously often disperses 
leadership attention and produces superficial progress.

A useful priority should satisfy four conditions. It should address a 
significant readiness gap, support an explicit institutional objective, have 
a clearly accountable owner, and be achievable within a defined period.

Examples may include:

• Establishing a standing AI governance body with defined decision 
authority.

• Developing institution-wide faculty and staff professional learning.
• Organizing authoritative policies and procedures into a governed 

knowledge system.
• Selecting a secure institutional AI platform with role-based access.
• Introducing AI literacy across the student experience.
• Redesigning one cross-functional student service rather than 

automating isolated departmental tasks.
• Creating evaluation standards for educational and administrative AI 

use cases.
• Clarifying executive ownership and institutional strategy.
• Developing a transparent workforce transition and professional 

development plan.
• Establishing consistent student disclosure and academic integrity 

expectations.
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The priorities selected will differ according to mission and maturity. A 
small liberal arts college may focus first upon faculty-led learning design 
and community trust. A large research university may prioritize secure 
scholarly infrastructure and research governance. A community college 
may emphasize advising, accessibility, adult learners, and student support. 
Readiness does not require uniformity. It requires coherence between 
institutional purpose and institutional action. 

Final Readiness Questions

Before approving a major expansion of artificial intelligence, 
institutional leaders should be able to answer the following questions with 
clarity:

1. What institutional purpose does this initiative serve?
2. Who is accountable for its outcomes?
3. Which people and communities have participated in its de-
sign?
4. What information will the system access, and why is that ac-
cess necessary?
5. What decisions may it support, and which decisions must re-
main human?
6. How will privacy, security, accessibility, transparency, and fair-
ness be protected?
7. What evidence will demonstrate that the initiative is working?
8. What will happen when the system is wrong?
9. How can users reach a qualified person when artificial intelli-
gence is insufficient?
10. How will the institution preserve what it learns from imple-
mentation?
11. Can the initiative be sustained financially and operationally af-
ter the pilot ends?
12. Does the project make the university more faithful to its mis-
sion?
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If an institution cannot answer these questions, the appropriate 
response is to recognize that additional preparation is required.

The institution prepared to become AI-native is the institution that 
possesses enough clarity of purpose, strength of governance, technical 
coherence, professional capacity, and community trust to learn responsibly 
while uncertainty remains.
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Appendix C
AI Governance Framework

Along with new capabilities in the university, AI also introduces new 
responsibilities. Every decision concerning AI is ultimately a decision 
about institutional trust. Students trust that the university will protect 
their privacy and evaluate them fairly. Faculty trust that academic freedom 
will be respected and that scholarly work will not be reduced to automated 
processes. Researchers trust that new technologies will strengthen rather 
than compromise the integrity of scientific inquiry. Staff trust that 
innovation will improve their ability to serve the institution rather than 
simply increase efficiency at the expense of professional judgment.

These responsibilities cannot be fulfilled through technology alone. 
Nor can they be addressed solely through policy. Governance exists 
because neither technical controls nor written rules are sufficient by 
themselves. A university requires a system of leadership, accountability, 
oversight, and continuous evaluation that ensures artificial intelligence 
remains aligned with institutional mission as technologies, regulations, 
and educational practices continue to evolve.

Universities have always been places where new ideas are explored, 
tested, challenged, and refined. Excessively restrictive governance can 
become just as harmful as inadequate governance because it prevents 
institutions from learning through responsible experimentation. Effective 
governance therefore creates the conditions under which innovation can 
flourish safely, transparently, and responsibly.

This framework is designed for colleges, universities, and systems of 
higher education regardless of institutional size or mission. Research 
universities, liberal arts colleges, community colleges, faith-based 
institutions, technical colleges, and online universities will inevitably 
implement AI differently. The principles presented here are intended to 
provide a common foundation while allowing each institution to develop 
governance structures appropriate to its own culture, regulatory 
environment, and strategic priorities.
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The Purpose of  AI Governance
Research involving human participants requires oversight. Financial 

operations follow established controls. Academic programs undergo 
review and accreditation. Information security is governed through 
formal policies and technical safeguards. These governance mechanisms 
provide consistency, accountability, and public confidence.

Artificial intelligence should be viewed in the same way. AI systems 
increasingly influence teaching, advising, admissions, research, 
administrative services, communications, and institutional planning. As 
their influence grows, universities must ensure that decisions involving AI 
remain understandable, accountable, and consistent with institutional 
values. Artificial intelligence may inform decisions, recommend actions, 
or automate routine processes, but institutional accountability never 
transfers from human leadership to software.

Principles of  Responsible AI Governance

Individual policies will change as technology evolves, but foundational 
principles should remain stable enough to guide future decisions that 
cannot yet be anticipated.

Mission Before Technology

Artificial intelligence should be adopted when it advances the 
educational, scholarly, research, or service mission of the university. Every 
significant implementation should begin by identifying the educational or 
operational objective being served and demonstrating how AI contributes 
meaningfully toward that objective.

Human Accountability

Faculty remain responsible for academic standards. Researchers 
remain responsible for scholarly integrity. Administrators remain 
responsible for operational decisions. Executive leaders remain 
responsible for institutional strategy. AI may assist these responsibilities, 
but it does not assume them.
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Transparency
Transparency does not require revealing proprietary algorithms or 

technical implementation details. It requires communicating clearly where 
AI is being used, what purpose it serves, what information it accesses, and 
how human oversight is maintained.

Fairness

Universities should evaluate AI systems for unintended bias, unequal 
treatment, and disparate impact wherever institutional decisions may 
affect individuals or groups differently. Fairness requires continuous 
monitoring because institutional data, student populations, and external 
technologies change over time. A system that performs appropriately 
today may require adjustment in the future.

Privacy

Information should be collected, accessed, retained, and shared only to 
the extent necessary for legitimate educational or operational purposes. 
Privacy protections should be integrated into system design rather than 
added after implementation.

Security

Identity management, access controls, encryption, monitoring, 
incident response, and technical resilience remain essential regardless of 
how advanced AI capabilities become. Intelligent systems should operate 
within the same security expectations that govern other institutional 
technologies.

Continuous Learning

Institutions should evaluate outcomes, learn from implementation, 
revise policies when necessary, and document lessons that strengthen 
future decision-making. Governance succeeds when the university 
becomes progressively wiser rather than progressively more restrictive.
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Institutional Governance Structure

Responsibility should never be concentrated entirely within 
information technology, academic affairs, legal counsel, or executive 
leadership. The governing board establishes overall institutional 
expectations concerning risk, accountability, and strategic direction. 

The president provides executive leadership and ensures that AI 
initiatives remain aligned with institutional mission. The provost 
safeguards academic quality, faculty participation, curriculum, research, 
and educational integrity. The chief information officer develops the 
technical architecture required to support secure and interoperable AI 
systems. General counsel advises on legal obligations, while privacy, 
cybersecurity, accessibility, compliance, and institutional research 
contribute specialized expertise within their respective domains.

Decisions affecting teaching, curriculum, assessment, research 
practice, and academic standards should reflect meaningful faculty 
participation. Shared governance has long been one of higher education's 
defining characteristics, and responsible AI implementation should 
strengthen rather than bypass that tradition.
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Students should also participate in governance whenever AI materially 
affects their educational experience. Their perspectives often reveal 
practical concerns that institutional leaders may overlook. 

The following structure illustrates a typical governance model.

• Governing Board: Strategic oversight and institutional 
accountability.
President and Executive Cabinet: Executive sponsorship, mis-
sion alignment, resource allocation.

• AI Governance Committee: Institution-wide policy, prioritiza-
tion, oversight, and review.

• Academic Affairs: Teaching, curriculum, assessment, faculty 
engagement.

• Information Technology: Architecture, security, identity, inter-
operability, operations.

• Research Leadership: Scholarly use, research integrity, compli-
ance.

• Legal, Privacy, and Compliance: Regulatory guidance, con-
tracts, privacy, risk management.

• Faculty Governance: Academic policy, curriculum, instruc-
tional standards.

• Student Representation: Student experience, transparency, 
feedback, trust. 

Roles and Responsibilities.

Governance becomes effective only when responsibilities are clearly 
understood. Ambiguity often produces duplicated effort, delayed 
decisions, inconsistent implementation, or uncertainty about 
accountability. Every institution should therefore define which groups 
approve initiatives, which groups provide advice, which groups 
implement decisions, and which groups evaluate outcomes.

Executive leadership is responsible for institutional direction. Faculty 
determine academic matters. Technology leaders ensure secure and 
reliable implementation. Operational leaders redesign workflows within 
their areas of responsibility. Legal, privacy, accessibility, and compliance 
professionals review institutional obligations. Internal audit or equivalent 
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oversight functions evaluate whether governance processes are operating 
as intended.

Faculty should disclose expectations for AI use within their courses. 
Staff should follow approved procedures when using institutional AI 
services. Researchers should apply scholarly standards consistently 
regardless of whether AI contributes to aspects of the research process. 
Students should understand institutional expectations concerning 
transparency, attribution, and responsible use.

Governance therefore exists at multiple levels simultaneously. Every 
member of the university community participates in sustaining 
responsible institutional practice.

Risk Classification Framework

Not every use of artificial intelligence presents the same level of 
institutional risk. Asking an AI system to summarize a publicly available 
report differs substantially from using AI to support admissions review, 
evaluate student performance, recommend financial aid interventions, or 
process confidential health information. Governance should therefore 
distinguish among use cases according to their potential impact rather 
than applying identical review requirements to every implementation.

Institutions should classify AI applications according to both the 
sensitivity of the information involved and the consequences of incorrect 
recommendations or decisions. Higher-risk applications require stronger 
governance, more extensive testing, greater transparency, and closer 
human oversight. Lower-risk applications may proceed through 
simplified review processes that encourage innovation without 
unnecessary administrative burden.

A practical classification model may resemble the following:
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Decisions involving legal rights, employment actions, disciplinary 
outcomes, protected research data, health or safety E x e c u t i v e 
oversight, comprehensive review, documented accountability, mandatory 
human decision authority 

Risk classification should remain dynamic. A system initially 
introduced for low-risk purposes may require additional governance if its 
responsibilities expand over time. Institutions should therefore review 
classifications regularly rather than assuming they remain appropriate 
indefinitely.

Human Oversight

Human oversight requires that individuals possess sufficient 
knowledge, authority, information, and time to exercise genuine 
professional judgment. It preserves the central principle that universities 
remain communities of human judgment, even as they increasingly 
collaborate with intelligent systems.

Faculty should be able to reject AI-generated instructional 
recommendations when they conflict with disciplinary standards. 
Advisors should understand why an intervention has been suggested 
before acting upon it. Admissions professionals should review 

Risk Level Typical Examples Governance Expectations

Low
Drafting communications, 
summarizing public documents, 
brainstorming ideas

Departmental approval and 
basic acceptable-use policies

Moderate Student tutoring, faculty support, 
administrative workflow assistance

Privacy review, technical 
evaluation, documented 
oversight

High

Admissions support, advising 
recommendations, financial aid 
guidance, student success 
interventions

Formal governance review, 
human approval, 
continuous monitoring

Critical

Decisions involving legal rights, 
employment actions, disciplinary 
outcomes, protected research data, 
health or safety

Executive oversight, 
comprehensive review, 
documented accountability, 
mandatory human decision 
authority
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recommendations within the broader context of institutional policy and 
applicant circumstances. Researchers should remain accountable for 
scholarly conclusions regardless of the analytical tools employed during 
the research process.

Meaningful oversight also requires escalation pathways. Every 
significant AI-supported service should include mechanisms through 
which students, employees, or external stakeholders can request review by 
an appropriately qualified person whenever automated assistance proves 
inadequate, incorrect, or inappropriate. Trust depends not only upon 
intelligent systems functioning well but also upon institutions responding 
responsibly when those systems fail.
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Appendix D
AI Operating System Reference     

   Architecture

Throughout this book, the AI Operating System has been described as 
the foundational platform upon which an AI-native university is built. 
Unlike a traditional enterprise application, it is not a single piece of 
software purchased from one vendor or deployed as an isolated system. It 
is an architectural layer that connects institutional knowledge, enterprise 
systems, intelligent agents, workflows, and people into a coherent 
operating environment.

Most universities already possess dozens of technology systems. 
Student information systems manage academic records. Learning 
management systems support teaching and learning. Customer 
relationship management platforms coordinate recruitment and 
advancement. Human resources, finance, identity management, library 
systems, research administration platforms, data warehouses, 
collaboration tools, and numerous specialized applications each perform 
important institutional functions. These systems represent decades of 
investment and remain essential to university operations.

The emergence of artificial intelligence does not eliminate the need for 
these platforms. The AI Operating System connects the institutional 
systems through a common intelligence layer that allows information, 
workflows, and specialized AI agents to collaborate securely while 
respecting existing systems of record.

The architecture presented in this appendix is intended as a reference 
model rather than a product specification. Individual institutions will 
implement different technologies according to their size, mission, 
regulatory environment, financial resources, and existing infrastructure. 
The objective is architectural coherence. Every implementation should 
support the same fundamental capabilities even when the underlying 
technologies differ.
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Architectural Principles
A successful AI Operating System should be guided by a small number 

of architectural principles that remain stable even as technology evolves. 
These principles provide the foundation upon which future components, 
vendors, models, and services can be introduced without requiring the 
university to redesign its entire environment.

Enterprise Systems Remain the System of  Record

Student records belong in the Student Information System. Course 
content belongs in the Learning Management System. Financial 
information remains within financial systems. Identity continues to be 
managed through institutional identity providers. The AI Operating 
System must properly retrieve and use that information.

Intelligence Is a Shared Institutional Service

Artificial intelligence should function as shared infrastructure rather 
than isolated departmental implementations. Individual colleges and 
administrative units may develop specialized agents, but they should 
operate within common architectural standards for identity, permissions, 
monitoring, security, governance, and interoperability.

Knowledge Must Be Governed

Policies, procedures, academic regulations, research guidance, 
employee resources, and student services information must be curated, 
reviewed, versioned, and governed before they become reliable 
knowledge sources for intelligent systems. 

Architecture Must Remain Model Independent

The architecture should allow institutions to adopt new models as they 
emerge while preserving existing workflows, agents, knowledge systems, 
and integrations. Model independence protects long-term institutional 
flexibility.
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Security Is Embedded

Security should not be treated as a separate layer. Identity 
management, authorization, encryption, auditing, monitoring, logging, 
and policy enforcement should be integrated throughout the architecture 
so that every interaction occurs within established institutional 
safeguards.

The Seven Architectural Layers

Although implementations will vary, an AI Operating System 
generally consists of seven interconnected architectural layers. Each layer 
performs a distinct function, and together they create an environment in 
which intelligent services can operate reliably across the institution.

Layer 1 — Enterprise Systems

The foundation of the architecture consists of the university's existing 
enterprise applications. These systems remain the authoritative sources 
for institutional data and operational processes. Examples typically include 
the Student Information System, Learning Management System, 
Customer Relationship Management platform, Human Resources 
Information System, Enterprise Resource Planning system, Identity 
Provider, Library Systems, Research Administration platforms, 
Collaboration tools, and institutional data repositories.

The AI Operating System allows them to work together more 
intelligently.

Layer 2 — Integration and Interoperability

The second layer connects institutional systems through secure 
interfaces. Application Programming Interfaces (APIs), event streams, 
message queues, enterprise service buses, webhooks, and standards such as 
LTI, SAML, OAuth, OpenID Connect, SCIM, and OneRoster enable 
information to move appropriately between platforms while preserving 
governance and security.

Interoperability is essential because intelligent agents rarely operate 
within a single application. Advising may require information from the 
SIS, LMS, CRM, and scheduling system simultaneously. Research support 
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may combine grant databases, institutional repositories, library resources, 
and collaboration platforms. The integration layer makes these 
interactions possible without tightly coupling every application to every 
other application.

Layer 3 — Identity, Permissions, and Trust

Every interaction within the AI Operating System should occur within 
a trusted identity framework. Users authenticate through institutional 
identity providers, while authorization determines which information, 
services, and agents each individual may access.

Role-based permissions should extend not only to people but also to 
intelligent agents. An admissions agent should not automatically receive 
access to financial aid information. A tutoring agent should not retrieve 
employee records. Permissions should reflect institutional policy, 
regulatory requirements, and the principle of least privilege.

Trust also requires comprehensive auditing. Every significant 
interaction should be traceable so that institutions can understand what 
information was accessed, what recommendations were generated, and 
how decisions were reached.

Layer 4 — Institutional Knowledge

Institutional knowledge represents one of the most important 
components of the AI Operating System. This layer organizes policies, 
procedures, regulations, curriculum, program information, research 
guidance, employee resources, governance documents, and other 
institutional content into governed knowledge collections.

Unlike traditional document repositories, knowledge systems should 
support version control, metadata, ownership, review schedules, approval 
workflows, and retrieval optimized for intelligent systems. Knowledge 
should remain authoritative, current, and explainable.

This layer transforms scattered information into institutional memory.

Layer 5 — Intelligence Services

The intelligence layer provides common AI capabilities that can be 
reused across the university. These services typically include large 
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language models, retrieval-augmented generation, embedding services, 
semantic search, speech recognition, translation, summarization, 
classification, reasoning, orchestration, and other foundational 
capabilities.

Centralizing these services reduces duplication, improves governance, 
simplifies procurement, and enables consistent monitoring. Individual 
applications no longer require separate implementations of core AI 
functionality because shared services provide common capabilities across 
the institution.

Layer 6 — Agent Ecosystem

The sixth layer consists of specialized AI agents designed to support 
specific institutional responsibilities. These agents combine institutional 
knowledge, enterprise data, workflows, and intelligence services to assist 
faculty, staff, students, researchers, and administrators.

An admissions agent may guide prospective students through 
application requirements. A faculty support agent may assist with course 
preparation. A student success agent may coordinate advising resources. A 
research assistant may help identify funding opportunities or summarize 
relevant literature. Financial, human resources, legal, compliance, 
marketing, advancement, library, accessibility, and executive leadership 
agents may each perform specialized responsibilities within clearly defined 
governance boundaries.

Agents should collaborate with one another when institutional 
workflows require cross-functional coordination. They should not 
become isolated digital employees operating independently of the broader 
institutional ecosystem.

Layer 7 — User Experience

The highest layer of the architecture consists of the interfaces through 
which people interact with the AI Operating System. These experiences 
may include web applications, mobile applications, learning management 
system integrations, conversational assistants, enterprise portals, 
collaboration platforms, voice interfaces, classroom technologies, or 
future interaction models that have not yet emerged.
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The objective is not to create one universal interface. Different 
communities interact with the university differently. Students, faculty, 
researchers, administrators, alumni, prospective students, and external 
partners require experiences appropriate to their responsibilities. The 
architecture should therefore support multiple user experiences while 
maintaining one coherent intelligence platform beneath them.

Cross-Cutting Capabilities

Certain capabilities extend across every architectural layer rather than 
belonging to only one component. These functions should be considered 
essential characteristics of the AI Operating System rather than optional 
additions.

These capabilities should be designed into the architecture from the 
beginning rather than introduced after deployment. 

Capability Purpose

Governance Policy enforcement, approvals, accountability, oversight

Security Identity, authorization, encryption, monitoring, incident 
response

Privacy Data classification, consent, retention, regulatory compliance

Observability Logging, auditing, performance monitoring, usage analytics

Reliability High availability, resilience, backup, disaster recovery

Interoperability Standards-based integration across institutional systems

Explainability Transparent recommendations, traceable sources, human 
review

Accessibility Inclusive design and compliance with accessibility standards
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Reference Architecture Overview

The following simplified model illustrates the relationship among the 
principal architectural layers.

This architecture functions as an ecosystem rather than a linear 
sequence of technologies. 

Architectural Characteristics of  an AI-Native University

An AI Operating System should be evaluated according to institutional 
capabilities rather than technical sophistication. The most advanced 
architecture will effectively support the university's educational mission 
while remaining secure, governable, and adaptable.

The architecture should preserve institutional flexibility by allowing 
models, vendors, and technologies to change without disrupting 
educational workflows. Security and governance should be embedded 
throughout every layer. Intelligent agents should collaborate through 
shared standards instead of becoming disconnected departmental 
solutions. 

The architecture should become progressively more valuable as the 
university learns. Every successful implementation, improved workflow, 

Layer Primary Components

User Experience Student, faculty, staff, researcher, executive interfaces

Agent Ecosystem Specialized institutional agents organized by function

Intelligence Services LLMs, retrieval, reasoning, search, embeddings, orchestration

Institutional Knowledge Policies, curriculum, research, procedures, institutional memory

Identity and Trust Authentication, authorization, permissions, auditing

Integration Layer APIs, events, interoperability standards, connectors
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validated knowledge source, and refined governance decision should 
strengthen the operating system itself. 

The Architecture as Institutional Infrastructure

Universities have historically invested in libraries, laboratories, 
classrooms, digital networks, enterprise systems, and research 
infrastructure because each expanded the institution's ability to pursue its 
mission. The AI Operating System should be understood within that same 
tradition. It becomes part of the university's long-term institutional 
infrastructure.

Like every important infrastructure investment, its value extends 
beyond any individual project. A well-designed architecture allows future 
innovations to emerge more quickly because common capabilities already 
exist. New agents, workflows, educational experiences, research services, 
and administrative improvements can be developed within a trusted 
environment instead of beginning from the ground up each time.

The AI-native university is defined by the quality of the architecture 
that allows those systems to work together responsibly. The AI Operating 
System provides that foundation, enabling the university to preserve its 
existing strengths while developing the institutional intelligence required 
for the next generation of higher education.
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Appendix E
The Institutional Agent Catalog

AI becomes transformative as it develops a coordinated ecosystem of 
specialized agents working together in service of the institution's mission. 
One agent cannot simultaneously become an admissions counselor, 
academic advisor, instructional designer, financial analyst, research 
assistant, compliance officer, and technical support specialist. 

Each agent has a clearly defined purpose, authorized sources of 
knowledge, appropriate permissions, governance requirements, and 
human supervisors. Some agents interact directly with students, faculty, or 
staff. Others operate entirely behind the scenes, coordinating workflows, 
monitoring systems, or assisting institutional decision-making. Together 
they form a collaborative digital workforce that complements human 
expertise.

The catalog presented in this appendix is intended as a reference model 
rather than a prescribed organizational structure. Individual institutions 
will adopt different agents according to their mission, size, governance 
model, technology environment, and strategic priorities. A small liberal 
arts college may require fewer specialized agents than a large research 
university. A community college may emphasize advising, workforce 
development, and student support, while a research-intensive institution 
may invest more heavily in research administration and sponsored 
programs. There is a breadth of possibilities available within an AI-native 
university.

For clarity, the catalog organizes agents according to major 
institutional functions. An admissions agent may communicate with 
financial aid agents. Student success agents may coordinate with faculty 
support agents. Research assistants may interact with grant 
administration and compliance agents. The true value of the AI Operating 
System emerges from agents’ ability to collaborate within a governed 
institutional ecosystem.
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Executive Leadership
Executive leaders require intelligence rather than information. These 

agents assist presidents, provosts, vice presidents, deans, and governing 
boards by synthesizing institutional knowledge, identifying emerging 
trends, modeling strategic scenarios, and supporting informed decision-
making.

Agent Primary Responsibility

President's Strategic Advisor Institutional strategy and executive briefing

Board Intelligence Agent Governing board reports and governance 
support

Provost Advisor Academic strategy and institutional planning

Institutional Planning Agent Strategic plan management

Accreditation Advisor Accreditation preparation and evidence 
collection

Institutional Risk Monitor Enterprise risk identification

Executive Briefing Agent Daily executive summaries

Policy Intelligence Agent Institutional policy analysis

Decision Support Agent Scenario planning and simulations

Institutional Benchmarking Agent Peer comparison and performance analysis
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Enrollment Management
Enrollment begins long before a student submits an application. These 

agents support recruitment, marketing, admissions, communications, 
forecasting, and enrollment planning while providing prospective 
students with timely and accurate guidance throughout their decision-
making journey.

Agent Primary Responsibility

Recruitment Advisor Prospective student engagement

Admissions Counselor Application guidance

Application Review Assistant Admissions file analysis

Enrollment Communications 
Agent Personalized communications

International Admissions Advisor International applicants

Transfer Credit Advisor Transfer evaluation support

Financial Aid Navigator Aid guidance during admissions

Scholarship Advisor Scholarship matching

Campus Visit Coordinator Visit scheduling and communications

Enrollment Forecasting Agent Enrollment modeling and prediction
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Student Success
Student success represents one of the richest opportunities for 

institutional AI. These agents provide continuous support throughout the 
learner's academic journey while ensuring that complex or high-impact 
decisions remain under human supervision. 

Agent Primary Responsibility

Personal AI Mentor Personalized learning support

Academic Advisor Degree planning

Student Success Coach Success planning

Retention Monitor Early intervention

Career Coach Career exploration

Internship Advisor Experiential learning

Wellness Navigator Student support referrals

Disability Services Assistant Accessibility guidance

Graduation Auditor Degree completion monitoring

Alumni Transition Advisor Transition to alumni engagement
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Academic Affairs
Academic Affairs agents assist faculty and academic leaders in 

curriculum planning, assessment, scheduling, program development, and 
institutional academic operations while preserving faculty authority over 
educational decisions. 

Agent Primary Responsibility

Curriculum Planner Program and curriculum development

Learning Outcomes Advisor Assessment mapping

Course Scheduling Assistant Schedule optimization

Catalog Management Agent Academic catalog support

Academic Policy Advisor Academic regulations

Program Review Assistant Academic program evaluation

Assessment Coordinator Institutional assessment

Academic Quality Monitor Continuous academic improvement

Faculty Affairs Assistant Faculty administrative support

Dean's Planning Advisor College-level planning
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Teaching and Learning
These agents work directly with faculty to enhance teaching while 

leaving instructional judgment, grading authority, and curriculum 
ownership in human hands.

Agent Primary Responsibility

Course Design Assistant Course development

Instructional Designer Learning experience design

Assessment Designer Assignment development

Rubric Builder Rubric creation

Quiz Generator Formative assessments

Discussion Facilitator Discussion support

Accessibility Reviewer Course accessibility

Multimedia Learning Designer Educational media creation

Teaching Analytics Advisor Learning analytics

Faculty Mentor Assistant Teaching improvement
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Research and Scholarship
Research agents accelerate scholarly work while supporting 

transparency, reproducibility, compliance, and research integrity.

Agent Primary Responsibility

Literature Review Assistant Scholarly discovery

Research Planning Agent Research design

Grant Discovery Advisor Funding identification

Grant Writing Assistant Proposal development

Research Compliance Advisor Compliance guidance

IRB Documentation Assistant Human subjects documentation

Data Analysis Assistant Analytical support

Research Collaboration Agent Interdisciplinary partnerships

Publication Advisor Manuscript preparation

Research Impact Analyst Citation and impact analysis
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Information Technology
Technology agents support institutional infrastructure, cybersecurity, 

operations, user support, and enterprise architecture.

Agent Primary Responsibility

IT Help Desk Assistant Technical support

Identity Management Agent Identity administration

Cybersecurity Advisor Security monitoring

Infrastructure Monitor System health

Network Operations Assistant Network support

Cloud Operations Advisor Cloud management

Software Asset Manager License management

Knowledge Base Manager Technical documentation

DevOps Assistant Development operations

Enterprise Architecture Advisor Technology planning
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Finance
Financial agents support planning, reporting, budgeting, 

procurement, and operational analysis while preserving institutional 
financial controls.

Agent Primary Responsibility

Budget Planning Assistant Budget development

Financial Analyst Financial reporting

Procurement Advisor Purchasing support

Contract Review Assistant Procurement contracts

Expense Monitoring Agent Spending analysis

Revenue Forecasting Agent Revenue planning

Accounts Payable Assistant Invoice processing support

Accounts Receivable Advisor Receivables management

Financial Compliance Agent Regulatory compliance

CFO Strategic Advisor Executive financial analysis
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Human Resources
Human Resources agents support recruitment, onboarding, 

professional development, workforce planning, and employee services.

Agent Primary Responsibility

Talent Acquisition Assistant Recruitment support

Candidate Screening Agent Initial application review

Interview Coordinator Interview scheduling

Employee Onboarding Assistant New employee support

Professional Development Advisor Employee learning

Benefits Navigator Benefits guidance

Performance Review Assistant Performance documentation

Workforce Planning Agent Staffing analysis

HR Policy Advisor Human resources policies

Employee Relations Assistant HR guidance
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Marketing and Communications
Marketing agents coordinate institutional communications, branding, 

campaigns, and public engagement.

Agent Primary Responsibility

Marketing Campaign Manager Campaign planning

Content Creation Assistant Marketing content

Social Media Advisor Social media strategy

Brand Compliance Agent Brand consistency

Website Content Assistant Website management

SEO Advisor Search optimization

Communications Planner Institutional communications

Event Promotion Assistant Event marketing

Media Relations Advisor Public relations

Analytics Reporter Marketing analytics
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Advancement
Advancement agents strengthen alumni engagement, fundraising, 

donor stewardship, and institutional advancement.

Agent Primary Responsibility

Alumni Engagement Advisor Alumni relations

Donor Intelligence Agent Donor research

Fundraising Campaign Assistant Campaign support

Stewardship Coordinator Donor stewardship

Major Gifts Advisor Major gift preparation

Event Planning Assistant Advancement events

Corporate Partnership Advisor Corporate relations

Foundation Research Agent Foundation opportunities

Advancement Analytics Agent Fundraising analytics
Development Communications 
Assistant Advancement communications
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Student Financial Services
Financial support extends well beyond awarding aid. These agents help 

students understand costs, obligations, and available resources throughout 
their academic journey.

Agent Primary Responsibility

Financial Aid Advisor Aid counseling

FAFSA Assistant FAFSA support

Loan Counseling Agent Student loans

Payment Planning Advisor Payment plans

Billing Support Assistant Student billing

Scholarship Renewal Monitor Renewal tracking

Emergency Aid Navigator Emergency assistance

Work-Study Advisor Employment opportunities

Financial Literacy Coach Financial education

Cost Planning Assistant Educational cost planning
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Institutional Operations
Operational excellence depends upon coordination across numerous 
administrative functions that rarely receive public attention but remain 
essential to institutional success.

The Institutional Agent Ecosystem
Their greatest value of agents emerges through collaboration. A 

prospective student interacting with an admissions advisor may also 
receive guidance from scholarship, financial aid, campus visit, and 
enrollment communications agents. A faculty member developing a new 
course may simultaneously collaborate with instructional design, 
accessibility, assessment, library, and curriculum planning agents. A 
researcher preparing a grant proposal may work with literature review, 
compliance, budgeting, and research administration agents without 
experiencing them as separate systems.

The AI Operating System coordinates these interactions through 
shared identity, permissions, institutional knowledge, governance, and 
workflow orchestration. Each agent contributes specialized expertise 
while remaining aware of the broader institutional context in which it 
operates. Rather than creating isolated islands of intelligence, the 

Agent Primary Responsibility

Facilities Management Advisor Facilities operations

Space Planning Assistant Space utilization

Campus Safety Coordinator Safety support

Sustainability Advisor Sustainability initiatives

Procurement Operations Agent Operational procurement

Document Management Assistant Records management

Business Process Analyst Workflow improvement

Institutional Knowledge Curator Knowledge governance

Workflow Orchestrator Cross-functional workflow coordination
Organizational Performance 
Advisor Continuous improvement
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university develops an integrated ecosystem capable of supporting 
students, faculty, staff, researchers, administrators, and institutional 
leaders throughout every stage of the university's mission.

The catalog presented here includes more than one hundred 
representative agents, yet it should not be considered exhaustive. Every 
university will discover opportunities unique to its own mission, 
disciplines, community, and strategic priorities. New agents will emerge as 
institutional needs evolve, technologies mature, and higher education 
continues its transformation. What remains constant is the architectural 
principle underlying the entire ecosystem: specialized intelligence 
working together within a governed institutional framework, always 
serving human judgment rather than replacing it.
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Appendix F
Executive Implementation Roadmap

The transition to an AI-native university should be ambitious, but not 
impulsive. Institutions that move too quickly often accumulate 
disconnected tools, inconsistent practices, and avoidable risk. Institutions 
that move too slowly may allow fragmented experimentation to become 
the permanent operating model. The challenge is to sequence institutional 
change so that strategy, governance, technology, academic practice, 
workforce readiness, and community trust develop together.

This thirty-six-month roadmap is designed for presidents, provosts, 
chief information officers, chief financial officers, deans, governing 
boards, and other institutional leaders responsible for translating the 
vision of an AI-native university into coordinated action. It does not 
assume that every institution begins from the same position. Some 
universities will already possess mature data infrastructure, active faculty 
communities, and formal governance. Others will begin with limited 
experimentation and significant foundational work. The roadmap should 
therefore be adapted according to the maturity model in Appendix A and 
the readiness assessment in Appendix B.

The roadmap is organized into four phases that correspond to the 
institutional progression described throughout this book. During the first 
phase, the university establishes direction and creates a secure foundation. 
During the second, it integrates AI into selected academic and operational 
priorities. During the third, it connects those capabilities across 
institutional boundaries. During the fourth, it begins operating as a 
continuously learning institution in which human expertise and artificial 
intelligence collaborate through a coherent institutional architecture.

The thirty-six-month period is not a promise that an institution will 
become fully AI-native within three years. No complex university 
transformation can be completed according to a universal timetable, and 
institutional maturity cannot be reduced to a calendar. The purpose of the 
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roadmap is to establish a disciplined sequence of work, create visible 
milestones, and ensure that each stage produces the capabilities required 
for the next. 

Roadmap at a Glance
Each phase contains academic, operational, technical, governance, and 

workforce components. A university that develops fewer capabilities but 
integrates them deeply into mission, culture, and architecture may be 
considerably more mature. 

Phase 1 — Establish the Foundation
Months 1–6
The first six months should be devoted to institutional direction, 

readiness, and trust. This phase creates the strategic and organizational 
foundation upon which every later implementation will depend.

The first objective is to determine why the institution is pursuing AI 
transformation, which priorities matter most, and what conditions must 
exist before broad adoption becomes responsible.

This phase should produce visible executive leadership, and faculty, 
students, staff, researchers, technology leaders, legal counsel, accessibility 
professionals, and operational experts should participate from the 

Phase Months Institutional 
Objective Primary Outcome

Phase 1 — 
Establish the 
Foundation

1–6

Define strategy, 
governance, 
architecture, and 
priorities

AI-enabled institution 
with coordinated 
direction

Phase 2 — 
Integrate 
Priority 
Capabilities

7–15

Implement selected 
academic and 
operational use 
cases

AI-integrated 
institution with 
measurable value

Phase 3 — 
Orchestrate 
Across 
Functions

16–27
Connect agents, 
knowledge, data, 
and workflows

AI-orchestrated 
institution with cross-
functional intelligence

Phase 4 — 
Institutionalize 
Continuous 
Learning

28–36

Scale, govern, 
evaluate, and 
embed AI into 
ordinary operations

Emerging AI-native 
institution capable of  
continuous adaptation
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beginning. Their involvement reaffirms the principle that AI 
transformation belongs to the institution as a whole rather than to one 
office.

Executive Leadership and Strategy
During the opening months, the president and executive cabinet 

should establish AI transformation as an institutional priority connected 
directly to mission. The university should define the educational, research, 
service, and operational outcomes it hopes to strengthen. These outcomes 
may include personalized learning, improved student persistence, 
expanded faculty capacity, stronger research support, reduced 
administrative burden, better institutional decision-making, or more 
responsive lifelong learning.

Universities should identify a small number of priorities that can be 
pursued with sufficient depth to produce institutional learning. An 
effective strategy will identify where transformation should begin, why 
those areas matter, and how success will be evaluated.
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Executive Actions

Governance and Policy
The university should establish a standing AI governance structure 

during the first phase. The governance framework should distinguish 
between low-risk experimentation and high-impact applications 
involving admissions, academic evaluation, employment, financial aid, 
health, safety, or legal rights.

Initial policy work should address approved services, confidential 
information, student and employee privacy, academic integrity, research 
use, procurement, disclosure, accessibility, security, and human oversight.

Policies should be written clearly enough to guide practice while 
remaining flexible enough to evolve as technology changes. The objective 
is not to predict every possible use case, but to establish principles and 
processes that allow the institution to evaluate new situations consistently.

Action Executive Owner Target Completion

Establish executive sponsorship 
and transformation charter President Month 1

Appoint cross-functional AI 
steering committee President and Provost Month 1

Complete institutional maturity and 
readiness assessment Steering Committee Month 2

Identify three to five mission-
aligned priorities Executive Cabinet Month 3

Approve initial investment 
framework President and CFO Month 4

Publish institutional AI strategy 
and principles President and Provost Month 5

Present strategy, risk posture, and 
investment plan to governing boardPresident Month 6
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Governance Milestones

Technology and Architecture
Technology leaders should use the first phase to establish the reference 

architecture described in Appendix D. The university should inventory 
existing platforms, integrations, identity services, knowledge repositories, 
AI tools, contracts, and data sources. This inventory should distinguish 
authoritative systems from informal repositories and identify gaps in 
interoperability, permissions, observability, and knowledge quality.

The institution should also select or define the foundational 
components of its AI Operating System. These may include model access, 
retrieval services, institutional knowledge repositories, agent 
orchestration, identity and authorization, logging, monitoring, and 
integration capabilities. Model independence should remain a guiding 
principle so that the institution can change providers without rebuilding 
every agent or workflow.

Milestone Primary Owner Target Completion

Establish AI governance 
committee

President or Provost Month 2

Adopt institutional AI 
principles

Governance Committee Month 3

Define risk classification 
model

Legal, IT, Academic Affairs Month 4

Approve initial acceptable-use 
and data-handling guidance

Governance Committee Month 4

Establish use-case review and 
approval process

Governance Committee Month 5

Define incident reporting and 
escalation procedures

IT, Legal, Risk 
Management

Month 6
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Technical Milestones

Faculty, Staff, and Student Preparation
Faculty development should address pedagogy, assessment, research, 

academic integrity, and disciplinary practice rather than focusing only on 
how to operate tools. Staff development should explain how workflows 
may evolve, where human judgment remains essential, and how 
employees will participate in redesigning their own work. Student 
preparation should establish clear expectations for responsible use and 
introduce foundational AI literacy.

These programs should create informed communities rather than 
simply enthusiastic users. Participants should know when AI can be useful, 
when it can be misleading, and when institutional policy requires human 
review or prohibits delegation.

Milestone Primary Owner
Target 

Completion

Complete enterprise 
application and AI tool 
inventory

CIO Month 2

Identify authoritative 
institutional data and 
knowledge sources

CIO and Data 
Governance Leaders Month 3

Define AI Operating System 
reference architecture

CIO and Enterprise 
Architecture Team Month 4

Select secure institutional AI 
environment

CIO and 
Procurement Month 5

Establish identity, role, and 
permission standards CIO and CISO Month 5

Implement baseline logging, 
monitoring, and audit 
requirements

CIO and CISO Month 6
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Community Preparation Milestones

Phase 1 Success Measures
By the end of Month 6, the institution should possess a clear strategy, 

formal governance, an approved architectural direction, a secure 
institutional AI environment, and a small number of prioritized use cases.

 Executive leaders should be able to explain how investment decisions 
connect to mission, and the governing board should understand both the 
opportunities and institutional responsibilities involved.

The more important evidence is that experimentation can now occur 
within a coordinated environment. The institution should know who 
approves significant use cases, what information agents may access, how 
outcomes will be measured, and how concerns will be escalated. 

Milestone Primary Owner
Target 

Completion

Launch faculty AI learning 
community

Provost and Faculty 
Development Month 2

Establish staff  role-based training 
program

HR and Operational 
Leadership Month 3

Publish student responsible-use 
guidance

Academic Affairs and 
Student Affairs Month 3

Introduce student AI literacy 
resources

Provost and Student 
Affairs Month 4

Identify faculty, staff, and student 
ambassadors Steering Committee Month 4

Complete initial communication and 
engagement cycle

Communications 
Leadership Month 6
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Phase 2 — Integrate Priority Capabilities
Months 7–15
The second phase moves the institution from preparation into 

controlled implementation. The university should begin deploying a 
limited set of high-value academic and operational capabilities aligned 
with the priorities established during Phase 1. Each initiative should have 
an accountable owner, a defined population, an evaluation plan, a support 
model, and clear governance requirements.

The objective is to prove that the institution can integrate AI into real 
educational and administrative environments while protecting trust, 
preserving human responsibility, and producing measurable value. Each 
implementation should strengthen the university's architecture and 
organizational learning rather than becoming a separate pilot that must 
later be rebuilt.

Selecting the Initial Portfolio
The first implementation portfolio should include a balance of 

academic and operational use cases. Academic initiatives demonstrate that 
AI transformation serves the educational mission, while operational 
initiatives create visible improvements in service and administrative 
capacity. Institutions should avoid beginning exclusively with back-office 
automation, because doing so may cause the broader community to 
associate AI primarily with cost reduction or workforce displacement.

A typical initial portfolio might include a personal AI mentor for 
selected courses, a faculty course design assistant, a research support agent, 
a student services navigator, an IT help desk assistant, and an institutional 
policy assistant. These use cases provide meaningful value while allowing 
the university to develop experience with knowledge governance, 
identity, permissions, escalation, accessibility, and evaluation.
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Portfolio Selection Criteria

Academic Implementation
Academic pilots should remain faculty-led. The university may 

provide platforms, design support, technical expertise, accessibility 
review, and evaluation resources, but faculty should determine how AI fits 
within curriculum, assessment, and disciplinary practice. Early 
implementations should be selected from areas where instructional leaders 
are prepared to participate actively and where learning outcomes can be 
observed clearly.

Personal AI mentors may be introduced within a limited number of 
courses or programs. Faculty course design assistants may help instructors 
organize materials, generate formative activities, or examine alignment 
among outcomes, assessments, and learning experiences. Research 
assistants may support literature discovery, synthesis, and grant 
preparation within approved scholarly environments. Each 

Criterion Institutional Question

Mission Alignment Does the use case strengthen a stated institutional 
priority?

Human Value Does it improve learning, service, research, or 
professional capacity?

Feasibility Can it be implemented with available data, 
knowledge, and integrations?

Risk Can the institutional consequences be governed 
responsibly?

Scalability Will the architecture support expansion if  the pilot 
succeeds?

Measurability Can the institution define and evaluate meaningful 
outcomes?

Equity Will benefits be accessible across relevant 
populations?

Sustainability Can the institution operate and support the 
capability beyond the pilot?



232 | The AI-Native University

implementation should define what the agent may do, what it may not do, 
and when human review is required.

Academic Milestones

Operational Implementation

Operational use cases should begin with services where information is 
frequently requested, processes are well understood, and human escalation 
can be maintained. IT help desks, policy guidance, admissions inquiries, 
human resources support, and student services navigation often provide 
suitable starting points because they involve repetitive information needs 
and can produce visible improvements in responsiveness.

Milestone Primary Owner Target Completion

Select initial academic 
programs and faculty partners Provost and Deans Month 7

Configure governed 
knowledge sources for 
academic agents

Academic Affairs and IT Month 8

Launch faculty course design 
and research support pilots Provost Month 9

Launch personal AI mentor 
pilots in selected courses

Faculty and Learning 
Technology Month 10

Conduct accessibility and 
student experience review

Accessibility and Student 
Affairs Month 11

Complete first learning 
outcomes and faculty feedback 
review

Institutional Research Month 13

Approve expansion, revision, 
or retirement decisions Academic Governance Month 15
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Operational Milestones

Knowledge and Integration Development
The second phase should strengthen institutional knowledge as much 

as it strengthens agent capabilities. Policies, procedures, program 
requirements, service information, and research guidance should be 
organized into governed collections with identifiable owners and review 
cycles.

A secure connection to the learning management system should 
support multiple future academic agents. The same principle applies to the 
student information system, CRM, human resources platform, enterprise 
resource planning system, identity provider, and research administration 
environment.

Milestone Primary Owner Target Completion

Select two to four operational 
workflows for redesign

COO or Relevant Vice 
Presidents Month 7

Document current processes 
and service baselines Process Owners Month 8

Curate authoritative 
knowledge and escalation 
procedures

Process Owners and IT Month 9

Launch operational agents 
within controlled populations Functional Leaders Month 10

Measure service quality, 
response time, workload, and 
user satisfaction

Institutional Research Months 11–13

Complete workforce and role-
impact review HR and Functional LeadersMonth 14

Approve broader deployment 
decisions Executive Cabinet Month 15
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Architecture Milestones

Phase 2 Success Measures
By the end of Month 15, the university should have several operational 

AI capabilities serving real users within governed environments. At least 
one academic and one administrative initiative should have produced 
measurable evidence regarding value, limitations, adoption, and user 
trust. Faculty and staff should be able to describe how AI has changed their 
work, while students should understand when they are interacting with 
institutional agents and how to reach human support.

The most important outcome of this phase is institutional learning. 
The university should know which use cases deserve expansion, which 
require redesign, and which should be discontinued.

Milestone Primary Owner Target Completion

Establish governed institutional 
knowledge repositories

CIO and Knowledge 
Owners Month 8

Implement reusable LMS and SIS 
integrations CIO Month 10

Implement CRM, HR, or service-
management integrations as 
required

CIO Month 12

Establish agent registry and 
ownership records

CIO and Governance 
Committee Month 12

Implement centralized evaluation 
and usage analytics

CIO and Institutional 
Research Month 13

Complete security and 
architecture review of  all active 
pilots

CISO and Enterprise 
Architecture Month 15
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Phase 3 — Orchestrate Across Functions
Months 16–27
The third phase connects previously separate capabilities across 

institutional boundaries. During Phase 2, the university proved that 
individual agents and workflows could operate responsibly within selected 
domains. Phase 3 asks whether those capabilities can collaborate to 
support complete institutional experiences rather than isolated 
departmental transactions.

For example, a question about degree progress may involve advising, 
registrar records, financial aid, course availability, and career planning 
simultaneously. A faculty member developing a new program may require 
curriculum support, market analysis, budgeting, scheduling, accreditation, 
and governance.

Cross-Functional Student Journeys
The university should select a small number of high-value student 

journeys for coordinated redesign. Appropriate examples may include the 
path from inquiry to enrollment, the first-year student experience, 
academic recovery, transfer admission, graduation planning, or transition 
into employment. Each journey should be mapped across the departments, 
systems, knowledge sources, and decisions involved.

A student success agent may identify a possible academic concern, but 
an advisor should review the context before a significant intervention. A 
graduation planning agent may detect an unmet requirement, but official 
degree certification remains the responsibility of authorized staff.
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Student Journey Milestones

Faculty and Research Ecosystems
A course development environment may combine instructional 

design, accessibility review, library resources, assessment support, and 
learning analytics. A research environment may coordinate literature 
discovery, funding identification, grant development, compliance, 
budgeting, collaboration, and publication support.

These ecosystems should reduce the need for faculty and researchers to 
transfer information manually between systems or repeat institutional 
context to multiple offices. Agents can prepare options, identify 
requirements, and coordinate administrative steps, but academic and 
scholarly decisions remain with qualified people.

Milestone Primary Owner Target Completion

Select two cross-functional 
student journeys

Provost and Student Affairs 
Leadership Month 16

Map systems, handoffs, decisions, 
and current friction Journey Design Teams Month 17

Define agent roles, permissions, 
and escalation points

Governance Committee 
and Process Owners Month 18

Implement cross-functional 
orchestration CIO and Functional Teams Months 19–21

Launch within selected student 
populations Executive Sponsors Month 22

Measure student outcomes, 
service quality, and equity Institutional Research Months 23–25

Refine and expand successful 
journeys Executive Cabinet Months 26–27
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Faculty and Research Milestones

Institutional Agent Orchestration
Each agent should have a documented purpose, institutional owner, 

permitted data sources, escalation pathway, risk classification, and 
evaluation history. Agents should communicate through governed 
protocols rather than informal connections developed separately by 
individual departments.

The university should establish rules for when one agent may call 
another, what context may be shared, and how a user remains informed 
about the resulting process. High-impact workflows should create 
auditable records of recommendations, approvals, and human decisions. 
The institution should also monitor whether orchestration introduces 
new forms of complexity or creates dependencies that users cannot 
understand.

Milestone Primary Owner Target Completion

Define integrated faculty support 
experience

Provost and Faculty 
Leaders Month 17

Define integrated research 
support experience Vice President for Research Month 18

Connect library, curriculum, 
research, and compliance 
knowledge

CIO and Knowledge 
Owners Month 20

Launch faculty and research 
orchestration pilots

Academic and Research 
Leadership Month 22

Evaluate capacity gains and 
professional experience Institutional Research Month 24

Expand validated services across 
colleges or research units

Provost and Research 
Leadership Month 27
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Orchestration Milestones

Institutional Intelligence
The third phase should also begin connecting operational data, 

academic evidence, financial information, workforce capacity, and 
strategic planning within a governed decision-support environment. 
Executive agents may prepare briefings, identify emerging risks, model 
scenarios, or reveal relationships that conventional reporting does not 
make visible. 

Institutional intelligence requires careful attention to data quality, 
interpretation, and context. Leaders should know which information 
supports a recommendation, where uncertainty remains, and what 
assumptions shape a simulation. 

Milestone Primary Owner Target Completion

Establish enterprise agent standards 
and registry

CIO and Governance 
Committee Month 17

Define agent-to-agent 
communication and permission 
rules

Enterprise Architecture 
and CISO Month 18

Implement workflow orchestration 
platform CIO Month 20

Introduce centralized monitoring 
and quality evaluation

CIO and Institutional 
Research Month 21

Establish human approval 
requirements for high-impact 
workflows

Governance Committee Month 21

Conduct adversarial, privacy, and 
bias testing

Security, Privacy, and 
Academic Experts Months 22–24

Complete first enterprise agent 
ecosystem review

Executive Cabinet and 
Governing Board Month 27
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Institutional Intelligence Milestones

Phase 3 Success Measures
By the end of Month 27, the institution should possess several cross-

functional experiences supported by coordinated agents, governed 
knowledge, secure integrations, and meaningful human oversight. 
Students, faculty, researchers, and staff should encounter fewer 
administrative boundaries because intelligent workflows coordinate work 
across them. Executive leaders should use institutional intelligence as part 
of planning while remaining aware of uncertainty and accountable for 
final decisions.

The university should also have developed the organizational habits 
required to manage a combined human and digital workforce. Agent 
ownership, lifecycle management, monitoring, escalation, and retirement 
should function as ordinary institutional practices. The central evidence of 

Milestone Primary Owner Target Completion

Identify priority executive and 
planning decisions President and Cabinet Month 18

Define authoritative data sources 
and decision rights

Institutional Research and 
Data Governance Month 19

Launch executive briefing and 
scenario-planning environment

CIO and Institutional 
Research Month 21

Introduce enrollment, finance, 
workforce, or capacity simulations

Relevant Executive 
Leaders Months 22–24

Establish validation and 
interpretation standards Institutional Research Month 24

Integrate evidence into annual 
planning and budgeting

President, Provost, and 
CFO Months 25–27



240 | The AI-Native University

progress is not that agents communicate with one another, but that the 
university itself has become more coherent. 

Phase 4 — Institutionalize Continuous Learning
Months 28–36
The final phase of the roadmap moves successful capabilities from 

transformation programs into the ordinary life of the university. The 
institution should establish durable ownership, recurring investment, 
ongoing evaluation, workforce development, and governance practices 
that allow intelligent capabilities to evolve responsibly.

This phase does not mark the completion of the AI-native university. 
It establishes the university's capacity to continue becoming AI-native. 
The institution should now be able to preserve what it learns, improve 
successful practices, retire ineffective systems, and introduce new 
capabilities without returning to the fragmented experimentation of the 
first stage.

Institutional Scaling
Scaling should be selective rather than automatic. A successful pilot 

within one course, department, or student population does not necessarily 
justify university-wide deployment. The institution should examine 
whether outcomes remain positive across disciplines, demographic 
groups, campuses, delivery models, and levels of technological access.

Expansion should also include the support structures required for 
long-term operation. Knowledge owners must maintain content. 
Technology teams must monitor integrations and models. Faculty and 
staff require continuing professional development. Users need clear 
support and escalation. Governance bodies must review significant 
changes.
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Scaling Milestones

Workforce and Organizational Development
The university should formalize the human-AI workforce model 

during the final phase. Job responsibilities, team structures, professional 
development, management practices, and performance expectations 
should reflect the presence of intelligent support. This does not require 
treating every agent as a literal employee, but it does require recognizing 
that work is now distributed across people, systems, and automated 
workflows.

Human resources leaders should identify emerging competencies and 
provide pathways for employees to develop them. Managers should learn 
how to supervise outcomes produced through combined human and AI 
processes. Faculty and staff should have opportunities to shape further 
redesign rather than being asked to adapt repeatedly to decisions made 
elsewhere.

Milestone Primary Owner Target Completion

Identify capabilities approved for 
institutional scaling Executive Cabinet Month 28

Confirm sustainable funding and 
service ownership

CFO and Functional 
Leaders Month 29

Expand validated academic and 
student support agents

Provost and Student 
Affairs Months 30–33

Expand validated operational and 
research agents Relevant Vice Presidents Months 30–33

Complete institution-wide 
accessibility and equity review

Accessibility and 
Institutional Research Month 34

Transition successful capabilities 
into permanent services Executive Cabinet Month 36
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Workforce Milestones

Governance as an Operating Capability
Governance should become embedded within institutional 

architecture and routine decision-making. Policies should translate into 
permissions, approval requirements, monitoring rules, audit records, and 
escalation pathways. The governance committee should review outcomes, 
incidents, emerging regulations, new technologies, and changes in 
institutional risk.

The university should establish a regular lifecycle review for every 
significant agent and AI-supported workflow. Reviews should consider 
accuracy, reliability, accessibility, privacy, security, equity, cost, user trust, 
educational value, and continued alignment with mission. Systems that no 
longer produce sufficient value should be revised or retired rather than 
maintained simply because they have become familiar.

Milestone Primary Owner Target Completion

Complete institution-wide role and 
competency analysis HR Month 28

Define AI-related professional 
competencies by function

HR and Functional 
Leaders Month 30

Integrate AI development into 
employee learning plans HR Month 31

Update selected roles and team 
structures

Executive and Functional 
Leaders Months 32–34

Establish management guidance 
for human-AI workflows

HR and Governance 
Committee Month 34

Publish long-term workforce 
development strategy

President and HR 
Leadership Month 36
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Governance Milestones

Institutional Learning and Evaluation

The university should create a permanent process for converting 
implementation experience into institutional knowledge. Evaluation 
findings, governance decisions, faculty practices, workflow redesigns, 
incidents, and user feedback should become part of a cumulative 
institutional record. Future teams should be able to understand why 
decisions were made rather than repeating the same debates without 
access to prior experience.

Milestone Primary Owner Target Completion

Establish annual AI governance 
review cycle Governance Committee Month 28

Implement lifecycle review 
standards for agents and workflows

Governance Committee 
and CIO Month 29

Integrate AI controls into internal 
audit and risk management

Internal Audit and Risk 
Leadership Month 31

Review all high-impact use cases 
for fairness and human oversight Governance Committee Month 33

Publish institutional transparency 
report

President or Governance 
Committee Month 35

Present three-year outcomes and 
next-stage strategy to governing 
board

President Month 36
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Evaluation should consider both intended and unintended 
consequences. An agent may reduce response times while weakening 
personal relationships. A tutoring system may improve performance for 
some students while presenting accessibility barriers to others. An 
operational workflow may save staff time but shift work elsewhere in the 
institution. Continuous learning requires the university to examine the 
entire system rather than measuring only the most convenient outcome
.

Learning and Evaluation Milestones

Phase 4 Success Measures
By the end of Month 36, AI capabilities should operate as permanent 

institutional services with accountable owners, sustainable funding, 
defined support, and regular evaluation. Governance should be embedded 
in technology and operational practice. Faculty, staff, and students should 
have continuing opportunities to shape how the institution evolves.

Milestone Primary Owner Target Completion

Establish institutional AI evaluation 
repository

Institutional Research and 
CIO Month 29

Define common outcome and trust 
measures Institutional Research Month 30

Complete longitudinal review of  
initial pilots Institutional Research Month 32

Publish faculty, staff, and student 
experience findings

Provost and Institutional 
Research Month 33

Incorporate lessons into policy, 
architecture, and training Governance Committee Month 35

Approve next thirty-six-month 
transformation agenda

Governing Board and 
President Month 36
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The university should also possess evidence that transformation has 
produced meaningful outcomes. These may include improved learning, 
stronger student persistence, reduced administrative burden, expanded 
research capacity, faster service, more accessible support, better 
institutional planning, or increased employee capacity. The precise 
measures will differ by mission, but they should extend beyond adoption 
and usage.

Executive Governance Calendar
The roadmap requires a regular leadership cadence so that 

transformation remains connected to institutional strategy. The following 
calendar provides a reference model for executive oversight throughout 
the thirty-six months.

These reviews should create disciplined opportunities for institutional 
learning. Leaders should reward evidence-based revision, including the 
decision to stop initiatives that no longer serve their intended purpose. 

Thirty-Six-Month Executive Scorecard

A concise executive scorecard can help leadership maintain balance 
across the transformation. Each category should include a small number of 
indicators connected to institutional objectives rather than a large 
inventory of technical metrics. 

Frequency Executive Activity

Monthly Review implementation progress, incidents, adoption, and 
immediate risks

Quarterly Review outcomes, budget, workforce effects, and portfolio 
priorities

Semiannually Reassess maturity, readiness, governance, and architecture

Annually Report to governing board and university community

At Major Gates Approve expansion, redesign, suspension, or retirement of  
significant capabilities
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The scorecard should be interpreted as a whole. Efficiency gains should 
not be celebrated if trust declines. High adoption should not be treated as 
success if learning outcomes remain unchanged. Strong technical 
performance should not excuse weak accessibility or governance. The AI-
native institution advances when mission, capability, trust, and 
sustainability improve together.

Decision Gates
The roadmap should contain formal decision gates at the end of each 

phase. These gates ensure that the institution does not move forward 
simply because the calendar has advanced. Leaders should examine 
evidence and determine whether foundational conditions are sufficiently 
strong to support the next level of complexity.

Gate 1 — End of Month 6

Category Representative Measures

Mission and Strategy Progress against institutional priorities, executive 
alignment, board oversight

Teaching and Learning Learning outcomes, faculty participation, student 
experience, academic integrity

Student Success Persistence, advising access, intervention effectiveness, 
service satisfaction

Research Research capacity, grant support, collaboration, 
compliance, scholarly productivity

Workforce Time redirected, employee trust, professional 
development, role evolution

Operations Service quality, processing time, error reduction, cross-
functional coordination

Technology Reliability, integration, knowledge quality, model 
flexibility, observability

Governance and Trust Incidents, human oversight, accessibility, privacy, 
transparency, fairness

Financial Sustainability Total cost, avoided duplication, operational value, long-
term funding
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The institution should proceed into broad implementation only when 
strategy, executive ownership, governance, architecture, initial policy, and 
community preparation are established. If these foundations remain 
unclear, the appropriate response is to strengthen them rather than 
expand the number of pilots.

Gate 2 — End of Month 15

The institution should proceed into orchestration only when selected 
academic and operational implementations have demonstrated value, 
governance has functioned in practice, knowledge sources are reliable, and 
technical integrations can be reused. If pilots remain isolated or outcomes 
are uncertain, additional integration work is required.

Gate 3 — End of Month 27

The institution should proceed into institutional scaling only when 
cross-functional workflows are reliable, agent collaboration is governed, 
users can reach human support, and executive decision systems are 
transparent enough to support responsible judgment.

Gate 4 — End of Month 36

The institution should consider itself prepared for the next stage when 
AI capabilities possess sustainable ownership, recurring evaluation, 
embedded governance, workforce support, and clear mission outcomes. 
The university should not declare transformation complete. It should 
demonstrate that it now possesses the capacity to continue learning and 
adapting.

Executive Responsibilities

The roadmap succeeds only when senior leaders remain personally 
engaged. The president should maintain the connection between 
transformation and mission. The provost should ensure that academic 
quality and faculty authority remain central. The CIO should protect 
architectural coherence, security, and interoperability. The CFO should 
ensure that investment is sustainable and tied to institutional value. 
Human resources, legal counsel, research leadership, student affairs, 
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communications, and institutional research should contribute 
continuously rather than entering only when problems arise.

Governing boards should provide strategic oversight without 
attempting to manage technical implementation. Their responsibility is to 
ask whether the institution understands its objectives, risks, investments, 
workforce implications, and measures of success. 

The Meaning of the Roadmap

The value of the roadmap lies not in predicting every event but in 
helping the institution respond without losing coherence.

The first six months establish direction. The next nine months prove 
that integration can create value. The following twelve months connect 
intelligence across institutional boundaries. The final nine months 
convert successful transformation into a permanent capacity for learning. 
Each phase prepares the university for the one that follows, and each 
contains decision points at which leaders may slow down, revise 
priorities, or pursue a different path.

The most successful institution will use the roadmap to preserve its 
mission, deepen trust, strengthen human capacity, and learn continuously 
from experience. After thirty-six months, the university should have 
developed the governance, architecture, culture, and institutional 
discipline required to continue building the institution of the future.
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Appendix G
Glossary of AI-Native Higher Education Terms

 The language of artificial intelligence is evolving rapidly, and 
many terms are used inconsistently across technology, business, education, 
and public policy. Universities therefore need a shared vocabulary that is 
precise enough to support governance and implementation while 
remaining understandable to faculty, staff, students, trustees, and 
institutional leaders who may not possess technical backgrounds.

This glossary defines the principal terms used throughout this book. 
The definitions are written specifically for higher education to establish a 
common institutional language through which academic, administrative, 
technical, and governance communities can discuss the transformation of 
the university with greater clarity.

Some terms describe technologies, while others describe institutional 
models, professional practices, or governance responsibilities. These 
categories inevitably overlap because the AI-native university is not 
created through technology alone. It emerges through the interaction of 
people, knowledge, systems, policies, organizational structures, and 
intelligent capabilities working together in service of the educational 
mission.

Academic Integrity

The principles and practices through which a university protects 
honesty, responsibility, fairness, and trust in teaching, learning, research, 
and assessment. In an AI-native environment, academic integrity includes 
clear expectations concerning permissible assistance, disclosure, 
attribution, authorship, verification, and the preservation of authentic 
student work. 
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Accessibility

The design of educational services, technologies, content, and 
institutional environments so that people with disabilities can participate 
fully and equitably. AI-supported services should be evaluated for 
compatibility with assistive technologies, clarity of interaction, alternative 
modes of access, and the possibility that automated systems may create 
new barriers. 

Adaptive Learning

An educational approach in which the sequence, difficulty, pacing, or 
presentation of learning activities changes in response to evidence about a 
student's progress. AI can strengthen adaptive learning by interpreting 
patterns in performance, but faculty remain responsible for educational 
objectives, academic standards, and the overall design of the learning 
experience. 

Agent

A software-based system designed to pursue a defined objective by 
interpreting information, reasoning about possible actions, using 
authorized tools, and completing tasks within established boundaries. An 
institutional agent may answer questions, retrieve knowledge, coordinate 
workflows, prepare recommendations, or communicate with other agents 
while remaining subject to human supervision and university governance. 

Agent Ecosystem

A coordinated environment in which multiple specialized agents 
collaborate across institutional functions. The ecosystem includes not only 
the agents themselves but also the identity, permissions, knowledge, 
integrations, workflows, monitoring, and governance required to ensure 
that they operate coherently.

Agent Orchestration

The coordination of multiple agents, tools, systems, and human 
approvals within a shared workflow. Orchestration determines which 
agent performs each task, what information may be exchanged, when 



| 251

human intervention is required, and how the entire process is monitored 
and documented. 

Agent Registry

An institutional record containing information about every approved 
agent, including its purpose, owner, risk classification, authorized data 
sources, permissions, model dependencies, evaluation history, and 
lifecycle status. The registry allows universities to govern agents as 
institutional capabilities rather than as informal experiments. 

Agentic AI

Artificial intelligence capable of carrying out multistep tasks, selecting 
among possible actions, using tools, and pursuing defined objectives with 
a degree of operational autonomy. Agentic AI differs from a conventional 
chatbot because it can act within systems and workflows rather than 
merely generate responses. 

AI-Enabled University

The first phase of institutional maturity in which faculty, staff, 
researchers, and departments begin experimenting with artificial 
intelligence. Activity is often innovative but remains decentralized, with 
limited integration, shared governance, or institutional coordination. 

AI Governance

The system of principles, authority, policies, review processes, 
technical controls, monitoring, and accountability through which a 
university directs the responsible use of artificial intelligence. Governance 
determines not only what is permitted but also who is responsible, how 
risks are evaluated, and how systems are improved or retired. 

AI-Integrated University

The second phase of institutional maturity in which artificial 
intelligence becomes part of strategy, professional development, selected 
workflows, and institutional systems. AI activity is increasingly supported 
through common platforms, policies, standards, and leadership. 
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AI Literacy

The knowledge and judgment required to use artificial intelligence 
responsibly and effectively. AI literacy includes understanding capabilities 
and limitations, evaluating generated information, recognizing 
uncertainty and bias, protecting privacy, verifying sources, disclosing 
appropriate use, and determining when human expertise is necessary. 

AI Maturity

The degree to which an institution has developed the strategy, culture, 
governance, workforce, knowledge, technology, and implementation 
practices required to use AI responsibly at scale. Maturity should be 
evaluated through institutional capabilities and outcomes rather than the 
number of tools adopted. 

AI-Native Curriculum

A curriculum designed around the assumption that students will learn, 
work, and create in environments where artificial intelligence is widely 
available. It develops disciplinary knowledge alongside critical judgment, 
ethical responsibility, practical AI competence, and the distinctly human 
capacities that remain essential within intelligent workplaces.

AI-Native University

An institution designed around the thoughtful collaboration of human 
expertise and artificial intelligence across teaching, learning, research, 
operations, governance, and leadership. AI is treated as a foundational 
institutional capability, while mission, academic authority, human 
accountability, and educational relationships remain central. 

AI Operating System

The institutional intelligence layer that connects enterprise systems, 
governed knowledge, identity, permissions, workflows, models, agents, 
and user experiences. It does not replace the university's core platforms 
but enables them to work together through a coherent and governed AI 
environment. 
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AI-Orchestrated University

The third phase of institutional maturity in which agents, workflows, 
knowledge systems, and human teams collaborate across organizational 
boundaries. The institution begins designing services around complete 
student, faculty, research, and administrative experiences rather than 
individual departmental transactions. 

AI Readiness

The extent to which a university possesses the conditions required to 
pursue responsible AI transformation. Readiness includes mission clarity, 
leadership alignment, faculty and staff preparation, student literacy, 
technical foundations, governed knowledge, implementation capacity, and 
community trust. 

Algorithm

A defined set of instructions or computational rules used to process 
information and produce a result. Algorithms may be simple and 
deterministic or form part of complex machine-learning systems whose 
outputs depend upon patterns learned from data. 

Algorithmic Bias

A systematic tendency within an automated system to produce 
outcomes that disadvantage or misrepresent particular individuals or 
groups. Bias may arise from training data, institutional data, design 
assumptions, labels, objectives, implementation choices, or the social 
context in which the system is used. 

Application Programming Interface

An Application Programming Interface, commonly called an API, is a 
structured method through which software systems exchange information 
or request services. APIs allow institutional agents to interact securely 
with learning platforms, student systems, financial applications, research 
tools, and other enterprise environments. 
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Artificial General Intelligence

A hypothetical form of artificial intelligence capable of performing a 
broad range of intellectual activities at or beyond human levels across 
many domains. Contemporary university AI systems are specialized 
technologies and should not be confused with artificial general 
intelligence. 

Artificial Intelligence

The broad field of developing computational systems capable of 
performing activities associated with human intelligence, including 
language processing, perception, prediction, reasoning, planning, pattern 
recognition, and decision support. In higher education, the term includes 
both generative systems and more traditional analytical or predictive 
technologies. 

Assistive Intelligence

The use of AI to expand human capability without transferring final 
authority or responsibility to the system. Assistive intelligence prepares 
information, suggests options, identifies patterns, or reduces repetitive 
work while leaving professional judgment with faculty, staff, researchers, 
advisors, or institutional leaders. 

Audit Trail

A chronological record of significant system activity, including 
information accessed, actions taken, recommendations generated, 
approvals provided, and changes made. Audit trails support accountability, 
incident investigation, regulatory compliance, and institutional learning. 

Authentication
The process of verifying the identity of a person, agent, device, or 

system before access is granted. Universities typically authenticate users 
through institutional identity providers, multifactor authentication, or 
other trusted credentials. 

Authorization
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The process of determining what an authenticated person or agent is 
permitted to access or do. Authorization should reflect institutional roles, 
legitimate purpose, data sensitivity, and the principle that access should be 
limited to what is necessary. 

Automation

The execution of a task or process with reduced human intervention. 
Automation may follow fixed rules or incorporate AI-based 
interpretation, but its use does not remove the institution's responsibility 
for outcomes. 

Autonomous Agent

An agent capable of initiating and completing actions within defined 
boundaries without requiring approval at every step. Autonomy exists by 
degree, and higher levels of autonomy require stronger permissions, 
monitoring, testing, and human accountability. 

Chatbot

A conversational software interface that responds to user messages 
through text or speech. A chatbot may rely upon scripted rules, retrieval 
systems, language models, or agents, and the conversational interface 
alone does not indicate the sophistication of the underlying system. 

Competency-Based Education

An educational model in which progress is determined by 
demonstrated mastery rather than time spent in a course or classroom. AI 
may assist with personalized support, evidence collection, and formative 
feedback, while faculty and academic governance retain authority over 
competencies and standards. 

Context Window

The amount of information a language model can consider during a 
single interaction or task. The context window may contain instructions, 
conversation history, retrieved documents, system data, and other 
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information, but information outside that window is not automatically 
available to the model. 

Continuous Assessment
The ongoing collection and interpretation of evidence about student 

learning rather than reliance upon a small number of high-stakes 
evaluations. AI can support frequent feedback and pattern recognition, 
but continuous assessment should remain transparent, educationally 
justified, and subject to faculty judgment. 

Copilot

An AI assistant designed to work alongside a person within a particular 
task or professional environment. A copilot may help draft, analyze, 
organize, retrieve, or recommend, but it usually depends upon the human 
user to direct the work and make final decisions. 

Data Classification

The process of organizing institutional information according to its 
sensitivity and handling requirements. Typical classifications include 
public, internal, confidential, restricted, and highly sensitive information, 
with increasingly strong controls applied at higher levels. 

Data Governance

The institutional system through which data ownership, stewardship, 
quality, access, use, retention, and accountability are defined. Effective 
data governance is essential because AI systems can amplify errors, 
inconsistencies, and inappropriate access when the underlying data 
environment is weak.

Data Minimization

The practice of collecting, accessing, processing, and retaining only the 
information necessary for a legitimate purpose. Data minimization 
reduces privacy and security risks while requiring institutions to justify 
why each category of information is needed. 
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Decision Intelligence

The coordinated use of data, analysis, institutional knowledge, 
modeling, and AI to improve organizational decisions. Decision 
intelligence supports human judgment by clarifying evidence, 
assumptions, alternatives, risks, and possible consequences. 

Deep Learning

A form of machine learning that uses multilayered neural networks to 
recognize complex patterns in large quantities of data. Deep learning 
underlies many contemporary systems for language, images, speech, 
scientific analysis, and prediction. 

Digital Workforce

The collection of software agents, automated workflows, and 
intelligent services that perform or assist institutional work. The digital 
workforce should be governed as part of the broader organization and 
should operate under clearly assigned human ownership. 

Embedding

A numerical representation of language, images, or other information 
that captures meaningful relationships among items. Embeddings allow 
systems to identify semantic similarity and are commonly used in search, 
retrieval, recommendation, and knowledge systems. 

Enterprise Architecture

The organized design of an institution's technology systems, data, 
integrations, standards, security, and operating models. Enterprise 
architecture ensures that individual implementations contribute to a 
coherent institutional environment rather than creating new forms of 
fragmentation. 

Explainability

The degree to which people can understand the basis, sources, 
assumptions, or reasoning associated with an AI-supported output. The 
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appropriate level of explainability depends upon the consequences of the 
use case, with higher-impact applications requiring stronger transparency. 

Foundation Model

A large machine-learning model trained on broad datasets and capable 
of supporting many different applications. Language models, multimodal 
models, and other general-purpose systems may serve as foundation 
models upon which institutions build specialized tools and agents. 

Generative AI

Artificial intelligence designed to produce new content, including text, 
images, audio, video, software code, simulations, and other forms of 
output. Generative AI creates responses by interpreting patterns learned 
from data rather than retrieving only fixed, prewritten material. 

Guardrail

A technical or procedural control intended to constrain AI behavior 
and reduce inappropriate actions or outputs. Guardrails may include 
content restrictions, permission rules, required approvals, retrieval 
boundaries, disclosure requirements, and escalation procedures. 

Hallucination

An output generated by an AI system that appears plausible but is 
unsupported, inaccurate, misleading, or invented. Hallucinations make 
verification, source citation, governed knowledge, and human review 
essential in educational and institutional settings. 

High-Impact AI System

An AI application whose outputs may materially influence access, 
academic standing, financial support, employment, discipline, legal rights, 
health, safety, or other consequential outcomes. High-impact systems 
require formal review, documented accountability, meaningful human 
oversight, and continuing evaluation. 
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Human Accountability

The principle that responsibility for institutional actions and decisions 
remains with identifiable people even when artificial intelligence 
contributes to the process. Human accountability cannot be transferred to 
a model, vendor, algorithm, or automated workflow. 

Human-in-the-Loop

A design in which a person reviews, approves, corrects, or completes 
part of an AI-supported process. Meaningful human participation requires 
more than symbolic approval because the reviewer must possess the 
authority, context, competence, and time needed to exercise genuine 
judgment. 

Human-on-the-Loop
A form of oversight in which a system operates with some autonomy 

while people monitor performance and retain the ability to intervene. 
This model may be appropriate for lower-risk, high-volume processes 
when clear boundaries, observability, and escalation mechanisms exist. 

Human–AI Collaboration

The coordinated performance of work by people and intelligent 
systems, with each contributing different strengths. Effective 
collaboration assigns AI tasks involving speed, retrieval, pattern 
recognition, or repetition while preserving human responsibility for 
relationships, judgment, ethics, creativity, and consequential decisions. 

Institutional Intelligence

The university's capacity to connect data, knowledge, experience, and 
analysis across departments in support of better planning and decision-
making. Institutional intelligence extends beyond dashboards by helping 
leaders interpret conditions, explore scenarios, and understand 
relationships across the organization. 

Institutional Knowledge

The policies, procedures, academic regulations, program information, 
research guidance, historical decisions, professional expertise, and 
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operational understanding through which a university functions. 
Institutional knowledge may be explicit within documents or implicit 
within the experience of faculty and staff. 

Institutional Memory

The durable preservation of what the university has learned through 
decisions, implementations, research, policy development, and 
organizational experience. Institutional memory allows future leaders and 
agents to build upon prior understanding instead of repeatedly beginning 
from the same point. 

Intelligent Workflow

A coordinated process in which AI interprets information, 
recommends actions, routes tasks, or uses institutional tools while 
following defined permissions and approval requirements. Intelligent 
workflows combine automation with judgment rather than assuming that 
every process should become fully autonomous. 

Interoperability

The ability of different technologies, systems, agents, and data 
environments to exchange information and work together through shared 
standards. Interoperability allows universities to evolve without 
becoming dependent upon one vendor or rebuilding every connection 
separately. 

Large Language Model

A machine-learning model trained to recognize and generate patterns 
in human language. Large language models can draft, summarize, 
translate, classify, retrieve, reason, and converse, but their outputs remain 
probabilistic and may be inaccurate or unsupported. 

Learning Analytics

The collection and analysis of information concerning learners and 
educational environments for the purpose of understanding and 
improving learning. Learning analytics should be used transparently, 
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interpreted carefully, and governed in ways that protect privacy and avoid 
reducing students to numerical profiles. 

Learning Companion

An AI-supported service that accompanies a learner across courses or 
educational experiences by providing explanations, practice, reflection, 
organization, and guidance. A learning companion supplements faculty, 
peers, advisors, and educational communities rather than replacing them. 

Machine Learning

A branch of artificial intelligence in which computational systems 
identify patterns from data and use those patterns to classify, predict, 
recommend, or generate outputs. Machine-learning systems may change 
in performance as their training data, institutional data, or operating 
context changes. 

Mastery Pathway

A sequence of learning experiences organized around demonstrated 
understanding or competence. AI may help learners identify gaps, select 
practice, and navigate alternatives, while faculty determine what 
constitutes mastery and how it should be assessed. 

Model

A computational system trained or designed to produce predictions, 
classifications, recommendations, or generated content. The term may 
refer to a foundation model, a specialized institutional model, or another 
statistical or machine-learning system. 

Model-Agnostic Architecture

An architecture designed so that an institution can use, compare, 
replace, or combine different AI models without rebuilding its entire 
environment. Model independence protects institutional flexibility and 
reduces long-term dependence upon one provider. 
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Model Drift

A decline or change in system performance caused by shifts in data, 
user behavior, institutional conditions, or the external environment. 
Continuous monitoring is necessary because a system that performed well 
during initial evaluation may become less reliable over time. 

Model Evaluation

The systematic assessment of an AI model or application according to 
criteria such as accuracy, reliability, safety, bias, privacy, cost, latency, 
educational value, and user experience. Evaluation should reflect the 
actual institutional context in which the system will operate. 

Model Routing

The process of directing a task to the model most appropriate for its 
requirements. Routing may consider capability, sensitivity, cost, speed, 
language, modality, institutional policy, or the need to use a locally hosted 
model. 

Multimodal AI

Artificial intelligence capable of interpreting or generating more than 
one form of information, such as text, images, audio, video, or structured 
data. Multimodal systems may support accessibility, laboratory analysis, 
media creation, language learning, and other educational applications. 

Natural Language Processing

The field of artificial intelligence concerned with the interpretation, 
analysis, and generation of human language. Natural language processing 
supports search, translation, summarization, classification, conversation, 
and many other capabilities used in higher education. 

Neural Network

A machine-learning structure inspired loosely by interconnected 
biological neurons. Neural networks learn complex patterns by adjusting 
numerical relationships during training and form the foundation of many 
contemporary AI systems.
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Observability

The capacity to understand how an AI-supported environment is 
operating through logs, metrics, traces, evaluations, alerts, and user 
feedback. Observability allows institutions to identify errors, monitor 
performance, investigate incidents, and improve systems over time. 

Personal AI Mentor

An institutionally governed learning companion that provides 
personalized explanations, practice, feedback, organization, and 
encouragement across a student's educational journey. The personal AI 
mentor supplements faculty and advisors while operating within 
approved knowledge, permissions, and educational boundaries. 

Personalized Learning
An educational approach that adapts support, pace, sequence, 

examples, or resources to the needs and progress of an individual learner. 
Personalization should expand opportunity without isolating students 
from faculty, peers, common standards, and the shared intellectual life of 
the university.

Predictive Analytics
The use of historical and current information to estimate the 

likelihood of future events or outcomes. Predictive analytics may support 
planning or early intervention, but predictions should not be treated as 
certainty or allowed to determine a student's future without context and 
human judgment. 

Prompt

The instruction, question, context, or information provided to an AI 
model to guide its response. Prompts may be written by users, generated 
by systems, or embedded within institutional applications.

Prompt Engineering

The practice of designing and refining instructions, examples, context, 
and constraints so that an AI system produces more useful and reliable 
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outputs. Within an institutional environment, prompt design should be 
combined with governed knowledge, permissions, evaluation, and 
workflow controls. 

Retrieval-Augmented Generation
An approach commonly abbreviated as RAG in which an AI system 

retrieves relevant information from approved sources before generating a 
response. Retrieval-augmented generation can improve accuracy and 
institutional relevance, but it remains dependent upon the quality, 
authority, and currency of the underlying knowledge. 

Responsible AI
The design, deployment, and use of artificial intelligence in ways that 

protect human dignity, fairness, privacy, security, accessibility, 
transparency, accountability, and institutional mission. Responsible AI is 
an ongoing practice rather than a certification achieved once. 

Risk Classification
The process of assigning an AI use case to a level of institutional risk 

according to the sensitivity of information involved, the significance of 
potential consequences, the degree of autonomy, and the possibility of 
harm. Risk classification determines the depth of review, testing, 
oversight, and monitoring required. 

Role-Based Access Control

A method of authorization in which access is granted according to an 
individual's or agent's institutional role. Role-based access control helps 
ensure that people and systems receive only the permissions required for 
their legitimate responsibilities. 

Semantic Search

A method of retrieving information according to meaning and 
conceptual similarity rather than exact keyword matching alone. Semantic 
search can make institutional knowledge more accessible, although 
retrieved results still require authoritative sources and appropriate 
permissions. 
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Small Language Model

A language model designed with fewer parameters or a narrower scope 
than the largest foundation models. Small language models may offer 
lower cost, faster operation, local deployment, stronger specialization, or 
improved control for particular institutional applications. 

System of Record

The authoritative institutional platform responsible for maintaining a 
particular category of information. Examples include the student 
information system for academic records, the learning management 
system for course activity, and the human resources system for employee 
records. 

Synthetic Content

Text, images, audio, video, code, or other material generated wholly or 
partly through artificial intelligence. Institutions may establish disclosure, 
attribution, verification, or provenance requirements according to the 
context in which synthetic content is used. 

Token

A unit of text processed by a language model, representing a word, part 
of a word, punctuation mark, or other textual element. Token usage 
influences context capacity, processing cost, and the amount of 
information a model can consider. 

Training Data

The information used to develop a machine-learning model by 
allowing it to identify patterns and adjust its internal parameters. 
Institutions should distinguish between the data used to train a provider's 
underlying model and the institutional information supplied later during 
normal operation. 

Transparency

The practice of communicating clearly when AI is used, what role it 
performs, what information it accesses, what limitations exist, and where 
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human responsibility remains. The level of transparency should increase 
with the potential consequences of the system. 

Trustworthy AI

Artificial intelligence that performs reliably within its intended 
purpose and is governed through appropriate security, privacy, fairness, 
transparency, accessibility, and human accountability. Trustworthiness 
depends upon the entire institutional environment rather than the 
technical model alone. 

Use Case
 A defined institutional application of artificial intelligence 

addressing a specific educational, research, administrative, or strategic 
need. A complete use case identifies the intended users, purpose, 
information sources, permissions, risks, owner, expected outcomes, and 
human oversight requirements. 

Vector Database

A system designed to store and retrieve embeddings according to 
semantic similarity. Vector databases are commonly used within retrieval-
augmented generation and institutional knowledge environments, but 
they do not determine whether the underlying information is accurate or 
authorized. 

Vendor Lock-In

A condition in which an institution becomes excessively dependent 
upon one provider because data, workflows, agents, integrations, or 
knowledge cannot be moved easily to another platform. Interoperability, 
model independence, contractual protections, and data portability reduce 
this risk. 

Workflow Automation

The use of technology to perform or coordinate recurring steps within 
an institutional process. AI-supported workflow automation may 
interpret unstructured information and handle exceptions, but high-
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impact actions should remain governed by permissions, auditability, and 
human oversight.
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About ibl.ai

ibl.ai is an Agentic AI Operating System that organizations deploy on 
their own infrastructure with full source code and data ownership. It 
supports any LLM, any cloud, and 160+ AI agent templates — at 85% 
lower cost than per-seat alternatives. Used by 1.6M+ users at 400+ 
organizations, including NVIDIA, Google, MIT, Syracuse University, and 
George Washington University, across higher education, enterprise, 
government, K-12, legal, financial services, and healthcare.

ibl.ai eliminates vendor lock-in. Organizations choose any LLM 
provider, deploy on any infrastructure, and pay only for what they use — 
not per seat. Self-serve plans run on rechargeable credits — a budget cap 
you set, pooled across every user, model, and agent, with no per-seat fees 
and auto-refill opt-in. Enterprise engagements are one-time, not 
subscriptions: a pilot starting at $15K, full integration and deployment at 
$25K–$80K, or a six-figure codebase transfer that hands you the full 
source code under a perpetual license with complete data sovereignty. 
Unlike ChatGPT, Copilot, or Gemini licenses at $20-60/user/month 
locked to one vendor, ibl.ai costs a fraction at any scale — and you own 
everything you run.

At the center of the platform is Agentic OS — the flagship and single 
most important product, the core AI operating system on which every 
other ibl.ai product is built. It unifies organizational data via MCP-based 
interoperability, powers the AI agents, and provides the shared per-user 
memory, model-agnostic LLM routing, identity/SSO, and governance 
layer that the rest of the products run on top of as modules: app 
development (Agentic Vibe), learning management (Agentic LMS), 
course design (Agentic Course), video production (Agentic Video), and 
verifiable credentials (Agentic Wallet). Professional services include AI 
transformation, forward-deployed engineering, Claude agent 
development, AI NYC studio production, and faculty enablement.

Family-owned, based in New York. SOC 2 Type II certified, FERPA-
compliant, COPPA-compliant for K-12, and NIST 800-53-aligned for 
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government. Deployable on any cloud, on-premises, GovCloud, or air-
gapped environments.
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